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ABSTRACT

Thisarticledescribeshowwidespreadadoptionofmobiletechnologyinhealthcareisaninnovationthat
isinevitabletodayinbothdevelopedandemergingmarketsaroundtheworld.Mobilehealthservices
(m-Health)actasaneffective,accessibleandaffordablemeansofprovidinghealthcareknowledge
tousersdirectlyfromproviders.Despitesuchbenefitsofm-Healthservices,rapidadoptionisnot
yetoccurring,particularlyinemergingmarkets.Themainbarrierismostlythecynicalbehaviorof
usersregardingthismediumofhealthcareservices.Theaimofthisarticleistoexamineunderlying
factorsthatcaninfluencefutureuseintentionsofm-Healthservices.Conceptualmodelofthestudy
identifiesservicequalitieslikereliability,privacy,responsiveness,empathyandinformationquality
alongwithfacilitatingconditions,trust,effortexpectancyandperformanceexpectancyassignificant
constructsthatinfluencesusers’overallperceptionsofm-Healthservices,alongwithmoderating
effectsofageandgender.Limitationsandimplicationsforpracticeandresearcharealsodiscussed.
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INTRodUCTIoN

Informationandcommunicationtechnology(ICT)hastheabilitytooffergreatpotentialforimproving
thequalityofservicesprovidedalongwiththeefficiencyandeffectivenessinhealthcaresectors.
AccordingtoSayyahgilanietal.(2014),itcanalsoreducetheorganizationalexpensesbyreducing
processingtimeandhumanresource.Internet-whichisthefastestgrowingaspectofICTinhistory,
actuallyservesasatoolwithahugepotentialforhealthcareorganizationstodeliverqualityand
cost-effectivecaretogeographicallydispersedpopulations(Jung,2008).

Today, m-Health is a new paradigm for healthcare systems, covering both processing and
telecommunicationtechnologies.TheGlobalObservatoryfore-Health(GOe)oftheWorldHealth
Organization(WHO)definedm-Healthasthemedicalandpublichealthpracticesupportedbymobile
devices,suchasmobilephones,patientmonitoringdevices,personaldigitalassistants(PDAs)and
otherwirelessdevices.Them-Healthapplicationgenerallyprovidespatientmonitoring,sendstext
messagesremindingpatientstotakeneededmedicationsandofferssuggestionsformaintaininghealth
whilepregnant,eveninwar-ravagedplaces(Nishaetal.,2015).Themainadvantagesofusingmobile
phonesforhealthcareservicesarethatthesedevicesarepersonal,intelligent,connected,andalways
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withpeople.Therefore,m-Healthcanservepatientsbothineverydaylifeandduringhospitalization,
aswellashealthcareprovidersduringemergencyandeveninroutinevisits.

Asanemergingmarket,Bangladeshisexperiencingsignificantadvancesanddevelopmentin
healthcaresectorsinrecentyears.ThegovernmenthasdevelopedaHealthManagementInformation
System(MIS)departmentundertheDirectorateGeneralofHealthServices(DGHS).Thepurposeof
thisdepartmentistoensurethebestuseofICTtobuildandmaintainnationwidehealthinformation
systemofBangladesh(DGHS,2014).Thisworksasthebackboneofthee-Healthservicenetwork
ofBangladeshandm-Healthserviceisrenderedusingthenationalwidemobilephonenetwork.The
healthprofessionalsprovidebasichealthadvicesandinitialdiagnosiswhentheservicerecipients’
contactsthroughspecialized24/7callcenters.Ithasestablishedfreetele-consultationwithgovernment
doctors,SMSservicesforpatientmanagementandcommunicationwithstaff,etc.Thesecellphone
numbersarecirculatedamongthesurroundingcommunity.Assuch,peopleresidingin therural
areascanbeincontactwiththehealthprofessionalsthroughthisnetwork.Moreover,web-camera
hasbeengivenineachsub-district,district,medicalcollegeandpost-graduateinstitutehospitalsin
Bangladesh.Thesehospitals,therefore,cangivetelemedicineservicesusingSkype(freevoiceover
internetproviderserviceandinstantmessagingclient)oranyothervideoconferencingplatform.Many
mobilephonecompaniesarealsoprovidingmedicaladviceandprescriptionstomillionsofcallers
intheirnetworksatnominalfees,alleviatingsomeoftheaccessandtimelinessrelatedchallengesin
theprovisionofhealthcareservicesinBangladesh(Rashidee,2013).

However,m-HealthservicedoesnotyethaveawidecoverageinBangladesh.Acrosstheentire
country,m-Healthservicesarebeingextensivelyprovidedinonlyruralareas,whichshowthatthe
capitalcityofDhakaremainsdeprivedoftheavailabilityofsuchservicestilltoday.Assuch,this
paperisfocusingontheacceptance,use,futureprospectandnecessityofm-Healthservicesamong
thedwellersofDhakacityinBangladesh.

Forthispaper,theunifiedtheoryofacceptanceanduseoftechnology(UTAUT)modelwith
ageandgenderasmoderatingeffectshasbeenused.Thisstudyemployedproposedconstructsof
systemquality(systemreliability,systemefficiency,systemprivacy),informationquality,interaction
quality(responsiveness,assurance,empathy),personalinnovativeness,anxiety,perceivedcredibility,
perceivedself-efficacy,perceivedfinancialcost,health-careknowledgeandtrust, toexaminethe
factorsthatcaninfluenceusers’intentiontousem-HealthservicesinBangladesh.Moreover,this
studyhasboththeoreticalandmanagerialimplications.Theoretically,drawinguponrelevantliterature,
thisstudyaimstoprovideamodelthatiscapableofunderstandingthedeterminantsbehindthefuture
adoptionofm-Healthservicesamongcity-dwellersinBangladesh.Fromamanagerialperspective,the
findingsofthisresearchshouldprovidefurtherinsightsintounderstandingandmanagingpotential
m-Healthusers,particularlyhailingfromthecapitalcityofthecountry.Thisstudycanalsoassist
variouspublicandprivatehospitalsinDhakacity,alongwithvarioustelecommunicationnetworks
toconsidertheideaofprovidingm-HealthservicestotheurbanpeopleofBangladesh.

LITeRATURe ReVIew

Followingglobalization,therehasbeenanever-increasingneedfordigitalization–asaresultof
which,differenttechnology-basedproductsandservicesarebeinggloballyofferedtotheconsumers.
However,modern-dayconsumersactively seek informationabout the technology-basedproduct/
servicepriortomakingapurchasedecisioninordertomakethebestdecisionpossible(Khatwani
andSrivastava,2015a).

Ithasbeenobservedthatconsumersgothroughfivestagesinthebuyingprocess,namely,need
recognition, pre-purchase, evaluation of alternatives, purchase and post-purchase (Khatwani and
Srivastava,2015b).AccordingtoCrotts(1999),consumersmaysearchforproducts/servicesinthe
pre-purchasephasebasedoneithertheirpastexperiences(internalinformation)orvariousattributes
oftheproducts/servicesandcharacteristicsoftheusersthemselves(externalinformation).Incasethe
product/serviceistechnology-basedandifthecontentissensitivelikehealthcareprovisions,search
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foritmostlydependsuponindividualacceptanceanduseofinformationtechnologyaccordingto
manyliteratures.

Initially,researchersweremorefocusedondevelopingideasfromtheoriesinpsychologyand
sociology rather thanusing technology acceptance andusage as thebasis of their studies.Over
time,thefocusshiftedtowardstechnologyacceptanceanduse,whereintheTechnologyAcceptance
Model(TAM)waswidelyemployedinmanypaststudieslikeDavis(1989)andDavisetal.(1989).
BasedonTAMsynthesisofpriortechnologyacceptanceresearch,Venkateshetal.(2003)developed
theunifiedtheoryofacceptanceanduseoftechnology(UTAUT)model.Thefactorsincludedin
UTAUT(performanceexpectancy,effortexpectancy,socialinfluenceandfacilitatingconditions)
hasbeenprimarilyusedtopredictthebehavioralintentiontouseatechnologyandtechnologyusein
organizationalcontexts,moderatedbyindividualdifferencevariableslikeage,gender,experienceand
voluntariness.Inbothorganizationalandnon-organizationalsettings,UTAUThasrepeatedlyserved
asabaselinemodeltostudyavarietyoftechnologies.However,giventhenumberoftechnology
devices,applicationsandservicesthataretargetedatconsumersinrecenttimes,itbecamenecessary
to identify the factors thatcan influenceconsumeradoptionanduseof technologies (Stofega&
Llamas,2009).ThisledtotheintroductionoftheUTAUT2modelbyVenkateshetal.(2012).In
UTAUT2,Venkateshetal. (2012)adapted the fourkeyconstructs (i.e.performanceexpectancy,
effortexpectancy,socialinfluenceandfacilitatingconditions)thatinfluencebehavioralintentionto
useatechnologyandtechnologyusefromtheoriginalUTAUTmodelandcustomizedittofitthe
consumercontext.Inaddition,Venkateshetal.(2012)addedthreenewconstructstotheUTAUT2
model-hedonicmotivation,pricevalueandhabitandincludedonlythreemoderatingvariablesof
age,genderandexperiencetomakethemodelapplicabletotheconsumerusecontext.Venkateshetal.
(2012)furtherclaimedthattheadditionofsuchnewconstructsinaconsumercontextcancontribute
totheexpansionofthetheoreticalhorizonsoftheUTAUTmodel.

Animpressivebodyofacademicresearch(e.g.DeLoneandMcLean,2003;Nelsonetal.,2005;
Lallmahamood,2007;Jung,2008;LeeandChung,2009;Lin,2011;Lauetal.,2013)thereforeadapted
variousformsofqualitydimensionsinordertoinvestigateusers’qualityperceptionsregardinga
technology-basedproduct/service.Kahnetal.(2010),Fox(2011)andKumaretal.(2013)suggested
thatinformationqualitycansignificantlypredictusers’perceptionregardingm-Healthservicesif
informationabouthealthcareservicesiscomplete,accurateandup-to-date.Freeetal.(2013)and
Nishaetal.(2016)furtherstatedthatthepresenceofsuchcharacteristicsinhealthcareinformation
willultimatelyresultintotheenhancementofinformationquality.SomelateststudieslikeSunyaevet
al.(2014),Hoqueetal.(2015)andJamesetal.(2015)arguedthatreliability,efficiencyandprivacy
areothermajordimensionsofqualitythatshouldbeinspectedinthecontextofsensitivemobile-
basedtechnologieslikehealthcareservices.Moreover,findingsbyHuangetal.(2015),Washington
etal.(2015)andYinetal.(2016)claimedthatfactorslikeresponsiveness,assuranceandempathy
alsorepresentqualitydimensionsthataffectsuser’sloyaltyindirectlyanddirectlytowardstheuseof
mobiletechnologylikem-Healthservices.

AccordingtoKhatwaniandSrivastava(2015b),theconsiderationofconsumer’spersonalfactors
by service providers can fully utilize the potential of services provided over internet or mobile
channels.Assuch,personaltraitslikeinnovativeness,anxiety,knowledgeandself-efficacyhavebeen
investigatedinthecontextofm-Healthservicesinthisstudy.ResearcherslikeEvansetal.(2012),
Sieverdesetal.(2013)andMaddisonetal.(2014)claimedthatthejudgmentofone’sabilitytouse
healthservicesoverthemobileplatformisanimportantdeterminantandacausalrelationshipbetween
perceived self-efficacy and behavioral intention of consumers exists towards m-Health services.
Meanwhile,PutzerandPark(2012),West(2012)andJacksonetal.(2013)arguedthatconsumerswith
innovativenessgenerallyshowcaseapositivebehaviortowardstheadoptionofnewtechnology-based
services.Additionally,Gagnonetal.(2015)andTownsendetal.(2015)statedthattheprobabilityof
consumersseekingm-Healthservicesisdependentontheirpriorknowledgeonsuch.Thisimplies
whenknowledgeishandybyothermeans,insteadofseekingtheserviceelsewhereconsumersprefer
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usinghealthcareservicesoverthemobileplatform.However,findingsofBrianandBen-Zeev(2014),
Cairneyetal.(2014)andDengetal.(2014)claimedthatacertainleveloftechnologyanxietyamong
userscanactasaresistancetowardsm-Healthservices,forminganunfavorableattitudeandless
willingnesstousesuchatechnologyfortheirhealthcareneeds.

Some more important driving factors towards the adoption of m-Health services have been
identifiedinliteratureasthefinancialcost,trustandcredibilityrelatedtotheuseofsuchservices
anditsproviders.PaststudiesbyTamratandKachnowski(2012),Kumaretal.(2013)andSilvaetal.
(2015)arguedthattheconstructofperceivedfinancialcosthasanegativeimpactuponthebehavioral
intentionofconsumerstousem-Healthservices.Incontrast,trusthasbeenfoundtohaveadirect,
positiveeffectonusageintentionsinvarioustechnology-basedstudies.ResearcherslikeAkteret
al. (2013),Dengetal. (2014)andVedderetal. (2014) investigated trustandrevealedapositive
relationshipbetweentheleveloftrust insystemsofcareandtheircareproviderandconsumers’
useofhealthcareservices.Alongthesameline,findingsofBoudreauxetal.(2014),Agarwaletal.
(2015)andNishaetal.(2015)relatescredibilitytotheprocessofgeneratingtrustinmobilebased
technologicalserviceslikem-Health–thereby,statingthatthecredibilityofthehealthcareservice
providercancreatetrustamongconsumersandhaveanindirectinfluenceuponconsumers’useof
technology-basedhealthservices.

Followingthesuit,thecurrentstudyhasselectedtheoriginalUTAUTandUTAUT2modelas
atheoreticalfoundationtodevelopaproposedresearchmodelforthedomainofhealthcarefromthe
consumers’perspective.Crucialdimensionsthatcanhaveanimpactupontheacceptanceanduseof
m-Healthserviceshasbeengatheredfromtheexistingliterature–makingthisstudyathoroughand
anexhaustiveone.Apartfromcontributionstotheliteratureasafar-reachingstudyinm-Health,itwill
assistserviceproviderstocomprehendthefactorsthatcaninfluenceconsumers’behaviorsothatthey
canfullyutilizethepotentialoftechnology-basedproductsandserviceslikem-Healthapplications.

ReSeARCH ModeL ANd HyPoTHeSeS

Theproposedresearchmodelusedtoaddresstheinfluencingfactorsforhealthcaretechnologieshas
beenpresentedinFigure1.Inaddition,allthevariableshypothesizedinthisstudyandtheirlikely
relationshipstowardsconsumeracceptanceanduseofm-HealthservicesinBangladeshhasbeen
discussednext.

System Quality
Systemqualityisanoverallmeasureoftheinformationprocessingsystemitself.Thethreemost
significantdimensionofsystemqualityarediscussedbelow.

System Reliability
Systemreliabilitymeasurestheextenttowhichasystemisdependentovertime(Varshney,2005).It
explainstheaccuracyofthetechnicalfunctioningofthesystemandalsothetruthfulnessofservice
promises(Parasuramanetal.,2005).AccordingtoNelsonetal.(2005),itcanbedefinedobjectively
asthetechnicalavailabilityofthesystemortheabilityofthesystemtoprovideerrorfreeservices.
Asaresult,itcanbeeasilyandcorrectlymeasuredbymetricslikeuptime,downtimeormeantime
betweenfailures(Nelsonetal.,2005).However,sometimesindividualperceptionsofreliabilitycan
depictatotallydifferentpicturefromthemeasuredreliability.Thus,oftenconsumers’perceptionof
systemreliabilityplaysavitalroleincapturingconsumers’perceptionsofm-Healthservices(Akter
etal.,2010).

System Efficiency
Fromaconsumerperspective,anefficientsystemistheonethatissimpletouse,structuredproperly,
andrequiresminimuminformationtobeinputbyindividual(Parasuramanetal.,2005).Itmeasures
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easeofuse,easeofaccess,serviceprocessingtime,ubiquity,simplicityandstructure(Akteratal.,
2010).Threeveryimportantattributesofsystemefficiencygenerallyareaccessibility,flexibility
andresponsetime.Therefore,howquicklyconsumerscanreachthesystemwhenneeded,howfast
thesystemcanbeacclimatizedtoavarietyofuserneedsandchangingconditionsandhowquickly
ortimelythesystemrespondstorequestsforinformationoraction–alldefinesystemefficiency
(Akteretal.,2010).Thesethreeattributesusuallyhaveastronginfluenceonperformanceexpectancy
ofm-Healthservicesastheyguidetheperceptionsofsystemqualityandultimatelyaffecttheusage
intentionofpeople.Nelsonetal. (2005)andAkteretal. (2010) furtherclaimed thatconsumers
withmorepositivebeliefsaboutaccessibility,flexibilityandresponsetimearemorewillingtouse
m-Healthservices.

System Privacy
According to Angst and Agarwal (2009), concern over privacy and security of personal health
informationisoneofthereasonsthatheldconsumersfromusingm-Healthservicesindeveloping
countries. Perceived privacy of consumer can be defined as the users’ perception of protection
againstsecuritythreatsandcontroloftheirpersonalhealthcareinformationinanonlineenvironment
(Lallmahmood,2007).Itmeasuresthedegreetowhichtheuserbelievesthesystemissafefrom
intrusionandpersonalinformationisprotected(Akteretal.,2010).Asdevelopingcountrieslikes
Bangladesharenotthatmuchrichintermsoftechnology,usersoftenobjecttotransmitpersonal
information.However,thisobjectioncanreducewithmaturetechnologyandsecuresystemwhich
willultimatelyaffectperformanceexpectancyofm-Healthpositively.

Hence,thisstudyproposesthefollowinghypothesesfromsystemquality:

H1A:Systemreliabilitypositivelyinfluencesperformanceexpectancyofm-Healthservices.
H1B:Systemefficiencypositivelyinfluencesperformanceexpectancyofm-Healthservices.
H1C:Systemprivacypositivelyinfluencesperformanceexpectancyofm-Healthservices.

Information Quality
Informationquality(IQ)playsacriticalroleinbuildingusersatisfactionandcustomerloyaltyfor
mobileinternetservices(Jung,2008).LeeandChung(2009)suggestedthatinformationqualitycan
significantlypredictusers’perceptionregardingtheuseofmobilebasedtechnologyinsensitiveareas
likebankingorhealthcare.Generally,thethreemostimportantindicatorsofinformationqualityare
completeness,accuracyandcurrency(Masreketal.,2012).Accuracyhasbeendefinedastheextent
towhichtheinformationiscorrect,unambiguous,objectiveandmeaningfulorbelievable(Wand
andWang,1996).Ontheotherhand,completenessreferstotheextenttowhichallpossiblestates
relevanttotheuserpopulationareavailableinthestoredinformation(Nelsonetal.,2005).Inorderto
overcomeanyambiguityofcompleteness,researcherhasidentifiedcurrencyofinformationasanother
dimensionofinformationquality.AccordingtoNelsonetal.(2005),currencycanbedefinedasthe
degreetowhichinformationisuptodate,orthedegreetowhichtheinformationpreciselyreflects
thecurrentstateoftheworld.EvenKhatwaniandSrivastava(2015a)supportedthecharacteristic
ofupdatedpaceasawaytoimproveinformationquality.Together,allthesethreeattributescapture
thekeyelementsofinformationqualityanddirectusers’perceptionregardingm-Healthservices.
Assuch,informationqualitymighthaveasignificantlypositiveeffectonperformanceexpectancy,
whichinturncanimpactthebehavioralintentionofconsumerstowardsm-Health.Thus,thestudy
hypothesizesthat:

H2:Informationqualitypositivelyinfluencesperformanceexpectancyofm-Healthservices.
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Interaction Quality
Lin(2011)claimedthatinteractionqualityintheformofresponsiveness,assuranceandempathy
affectsusers’loyaltyindirectlyanddirectlytowardmobileinternettechnology.Allthesethreefactors
arethereforediscussedbelow.

Responsiveness
Responsivenessisthemostimportantindicatorofinteractionquality(Lauetal.,2013).Itcanbe
definedasthewillingnesstohelpusersandtoprovidepromptservices(Akteretal.,2010).Itcan
furtherbeexplainedbytheproviders’abilitytounderstandtheusers’problemsandtoprovideprecise
services.Lauetal.(2013)foundpositiverelationshipbetweenresponsivenessandconsumerloyalty.
Basedonthisevidence,thisstudyusedresponsivenessasafactorthatwillguideconsumersregarding
m-Healthserviceadoption.

Assurance
Assurancemeasuresknowledge,competencyandcourtesyoftheproviderthatgenerateusers’trust
andconfidenceinthesystem(Akteretal.,2010).Itisthesecondmostimportantfactorofinteraction
qualitythatinspiresconsumerloyalty(Lauetal.,2013).Theserviceprovider’sabilitytoprovide
theirpromisedandaccurateservicesandtheirtendencyofkeepingcommitmentscanonlyassure
usersregardingtheadoptionofmobilebasedtechnology.AspastevidencesfromLin(2011)andLau
etal.(2013)foundpositiverelationshipbetweenassuranceandconsumers’acceptanceofmobile
technology,ithasbeenperceivedasaninfluencingfactorinthecontextofm-Healthinthisstudy.

Empathy
Thefinaldimensionofinteractionqualityisempathythatreferstotheunderstandingabilityofthe
users’needsandabilitytoprovidepersonalizedattention(Akteretal.,2010).Consumersalways
appreciateafriendlyandconsiderateenvironment.Hence, if theserviceprovidershowsgenuine
interest,enthusiasmandseriousnesstowardtheusers’needs,itwillautomaticallyleadconsumers
towardsusageofthatservice.Infact,Lauetal.(2013)foundthehighestcorrelationbetweenempathy
andcustomersatisfaction.Thisstudythusproposesthatempathycanpositivelyinfluenceperformance
expectancy,whichinturncanleadtothebehavioralintentionofconsumerstowardsm-Health.

Thisstudyhypothesizesthefollowingfrominteractionquality:

H3A:Responsivenesspositivelyinfluencesperformanceexpectancyofm-Healthservices.
H3B:Assurancepositivelyinfluencesperformanceexpectancyofm-Healthservices.
H3C:Empathypositivelyinfluencesperformanceexpectancyofm-Healthservices.

Personal Innovativeness
Innovativenessisthewillingnesstoadoptaninnovativetechnologyorinotherwords,itisthedegree
ofinterestintryinganewthing,newconceptoraninnovativeproductorservice(Rogers,1995).As
perKhatwaniandSrivastava(2015a),itistheinterestintechnologicalproductsthatdefinespersonal
innovativeness.Ithasbeentestedandprovedasasignificantconstructthataffectstechnologyusage
intentionveryoftenbyresearcherslikeAgarwalandPrasad(1998),Hungetal.(2003)andYang
(2005). According to innovation diffusion theory (IDT), people react differently towards a new
technology due to differences in personal innovativeness, which is an inclined tendency toward
adoptinganinnovation(Rogers,2005).Thistheoryalsostatedasetofinnovationattributesthatmay
affectadoptiondecisionslikerelativeadvantage,easeofuse,complexity,compatibility,observability
andtrialability(Ami-NarhandWilliams,2012).Manyempiricalevidencesalsoprovedthatrelative
advantageandeaseofusearethekeyconstructsofperformanceexpectancyandeffortexpectancy
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respectivelyintheUTAUTmodel(Venkateshetal.,2003).SinceRaietal.(2013)showedpositive
relationship between personal innovativeness and adoption of m-Health technology, in order to
emphasizethisrelationshipfurther,thisstudyhypothesizesthat:

H4A:Personalinnovativenesspositivelyinfluencesperformanceexpectancyofm-Healthservices.
H4B:Personalinnovativenesspositivelyinfluenceseffortexpectancyofm-Healthservices.

Anxiety
AccordingtoKohnkeetal.(2014),anxietycanbedefinedastheparticipants’self-reportedhesitation
whileadoptinganewtechnology.Venkateshetal.(2003)showedanxietyasanindependentand
indirectdeterminantofintentionofadoptingatechnology.However,Akteretal.(2013),Kohnkeet
al.(2014)andSilvaetal.(2015)statedthatwhenapatientformsanegativeattitudetowardsusing
aninternet-basedtechnologytosolvehisproblems,heviewsitasasourceofanxietyandasaresult,
thepatienthaslowintentiontousethattechnology.IndevelopingcountrieslikeBangladesh,where
literacyrateislowpeoplemightperceiveatechnologylikem-Healthtobecomplexandfeelanxious
regardingtheuseofit.Ascomplexityisthedegreetowhichasystemisperceivedasrelativelydifficult
tounderstandanduse,Venkateshetal.(2003)stateditasoneoftheconstructsofeffortexpectancy
whichshapesbehavioralintentionfortheuseofatechnology.Therefore,thefollowinghypothesis
hasbeenconceivedforthisstudy:

H5:Anxietynegativelyinfluenceseffortexpectancyofm-Healthservices.

Performance expectancy
Performanceexpectancygenerallydepictsausers’viewoftheusefulnessofadoptingatechnology.
AccordingtoVenkateshetal.(2003),performanceexpectancyisparticularlyidenticaltoperceived
usefulnessfactoroftheoriginalTAMmodel,whichclaimedthatwhenauserperceivesatechnology
useful,thelikelihoodofadoptingthattechnologyincreases.Moreover,Sunetal.(2013)claimed
thatinthecontextofm-Healthservices,theusefulnesscanonlybecapturedbytheextenttowhich
itcanhelpuserstosolvetheirhealth-relatedissues.Ifusersbelievethatusingm-Healthservicescan
helpthemtosolvetheirproblems,theyaremorelikelytoadoptthistechnology(Nishaetal.,2016).
Hence,thehypothesisis:

H6:Performanceexpectancysignificantlyaffectsindividualintentiontousem-Healthservices.

effort expectancy
Effortexpectancyisconsideredtobedirectlyrelatedwiththeeaseofusingaparticulartechnology
(PhichitchaisopaandNaenna,2013).Theeffort-orientedconstructsactasmoresignificantfactors
duringtheearlystagesofadoptinganewtechnology.KhatwaniandSrivastava(2015a)statedthatto
promotetheuseofaparticulartechnology,designandstructureofthetechnologicalserviceneedsto
beuser-friendly.Thisisbecauseonlymobileandinternettechnologiescanfundamentallydifferentiate
anelectronicservicefromtheconventionalones.SeveralstudieslikeMoores(2012)andSunetal.
(2013)claimedthatuserfriendliness,perceivedeaseofuseoreffortexpectancyhasconsiderable
impactsonattitudetowardstheadoptionofm-Healthoranyotherhealthcarerelatedtechnology.As
aresult,thefollowinghypothesisisproposed:

H7:Effortexpectancysignificantlyaffectsindividualintentiontousem-Healthservices.
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Social Influence
Socialinfluencereferstothedegreetowhichanindividualperceivesthatimportantothersbelieve
heorsheshouldusethenewsystemortechnology(Venkateshetal.,2003).AccordingtoKhatwani
andSrivastava(2015b),oneoftheprominentexternalinformationsearchchannelsfortechnology-
relatedserviceuserstendstobepersonallikeadvicefromfriendsorrelativesusingsocialmedia
channels.Theideabehindsocialinfluenceisthateventhoughanindividualmaynotbeinfavour
ofadoptinganewtechnology,theyintendtouseitashe/shebelievesitwillenhancehis/herimage
amonghis/herfamilyandpeers(VenkateshandDavis,2000).ManystudieslikeJung(2008)and
Sunetal.(2013)indicatedapositiverelationshipbetweensocialinfluenceandbehaviouralintention
towardsm-Healthtechnology.Thus,theproposedhypothesisis:

H8:Socialinfluencesignificantlyaffectsindividualintentiontousem-Healthservices.

Facilitating Conditions
Facilitatingconditionsrefertotheresourcesandtechnicalinfrastructurethatauserbelievesexists
tosupporttheadoptionofaparticulartechnology.Inotherwords,facilitatingconditionsindicates
theprospectiveconditionsthatmayrestrainorfacilitateadoptingatechnology(Sunetal.,2013).
According to Khatwani and Srivastava (2015a), unique characteristics like access speed, access
scopeandinteractiveassistanceassociatedwithmobileandinternetsignificantlyimpactstheusage
ofatechnologicalservice.PaststudiesbyVenkateshandZhang(2010)andVenkateshetal.(2012)
claimedthataconsumerwithalowerleveloffacilitatingconditionsmayhavealowerintentionto
useaparticulartechnology.Moreover,researcherslikeBoontarigetal.(2012),Phichitchaisopaand
Naenna(2013)andSunetal.(2013)showedthatthereisapositivesignificantrelationshipbetween
facilitatingconditionsandhealthcaretechnologies.Basedonthesefindings,thisstudyhypothesizes
that:

H9:Facilitatingconditionssignificantlyaffectsindividualintentiontousem-Healthservices.

Perceived Self-efficacy
Self-efficacyreferstotheusers’judgmentoftheirabilitytoperformaparticularbehaviour(Compeau
andHiggins,1995).Theconceptofself-efficacyis identical toperceivedbehavioralcontroland
according toSunet al. (2013),perceivedbehavioralcontrol in thecontextofm-Health services
canbedefinedastheusers’abilitytolearnandusemobilehealthservices.Ifauserisconfident
enoughregardinghisabilitytoadoptatechnologylikem-Health,he/sheismorelikelytoadoptthat
technology.Infact,Wuetal.(2007),Burneretal.(2013)andSunetal.(2013)empiricallyprovedthat
self-efficacyisadeterminantoftheintentionandusagebehaviorofm-Healthservices.Accordingly,
thefollowinghypothesishasbeenconceived:

H10:Perceivedself-efficacysignificantlyaffectsindividualintentiontousem-Healthservices.

Perceived Financial Cost
Even though researchersgenerally investigateuser adoptionof a technology frompsychological
andsociologicaltheories,ithasbeenprovedbyYu(2012)andSunetal.(2013)thattechnology
acceptanceisinfluencedbyeconomicfactorsaswell.Financialcostisthusaverycrucialpredictor
oftheacceptancebehavioroftechnologicalservicesasitreferstothecostorresources(money)
associatedwiththelearningandusingofthattechnology.AccordingtoYang(2009)andDegliseet
al.(2012),ifauserneedstospendconsiderableamountofmoneytopayfortheservicestolearnorto
usethetechnology,he/shewillbeunwillingtouseit,demonstratinganegativerelationshipbetween



Journal of Global Information Management
Volume 27 • Issue 1 • January-March 2019

27

financialcostandbehavioralintention.Moreover,KhatwaniandSrivastava(2015a)statedthatmobile
technologyhelpsorganizationsinreducingcost,whichfurtherlowersthefinancialburdenonusers
resultinginmoreusageofthattechnologicalservice.Hence,thehypothesisis:

H11:Perceivedfinancialcostsignificantlyaffectsindividualintentiontousem-Healthservices.

Health Care Knowledge
KhatwaniandSrivastava(2015a)statedthatproductknowledgeisverycrucialininfluencingthe
adoptionoftechnologicalproducts.Therefore,users’knowledgeregardinghealthcarecanactasan
importantpredictorofm-Healthadoption.Thisisrelativelyalessinvestigatedconstructandwas
developedtomeasuretheusers’extentofknowledgeandunderstandingofpersonalhealthproblems
(WilsonandLankton,2004).Givenalltheresourcesandnecessaryinfrastructure,peoplemaytendto
useinternet-basedhealthtechnologiestogaininformationregardingahealthissueandincreasetheir
knowledge.Thisindicatesthatuserswhofeelthattheyhaverelativelylittleknowledgeabouthealthcare
aremorelikelytoadopthealthcaretechnologies.However,whenDomínguez-Mayoetal.(2015)and
Hasanainetal.(2015)investigatedthisconstructagainstthebackdropofe-Healthtechnologythey
founditinsignificantasapredictorofbehavioralintention.Tofocusonthisrelationshipfurther,this
studyhypothesizesthat:

H12:Healthcareknowledgesignificantlyaffectsindividualintentiontousem-Healthservices.

Perceived Credibility
Perceivedcredibilitycanbedefinedas theextent towhichanindividualperceives them-Health
serviceprovidertohavetherequiredexpertisetoperformeffectivelyandreliably.Inthecontextof
healthcare,theissueofthecredibilityoftheserviceproviderisimperative.Itisevenmorefactual
foronlineenvironment,whereuncertaintyregardingtheserviceproviderexits.Ifauserbelievesthat
them-Healthserviceproviderisnotcredible,he/shewillnottrusttheserviceandasaresult,there
willbeunwillingnesstoadoptthetechnology.SeveralresearcherslikeKoenig-Lewisetal.(2010),
Dasgupta et al. (2011) and Yu (2012) investigated this construct and found significant positive
relationship between credibility and trust, followed by a resulting positive effect on technology
adoption.Moreover,Korp(2006)andJung(2008)supportedtheclaimbyprovidingevidencethat
highperceivedcredibilitygeneratetrustforinternet-basedhealthservices,whichinturnaffectsthe
behaviouralintentionofadoptingsuchtechnologies.Inordertocompletelyascertainthisrelationship,
thisstudyproposesthat:

H13:Perceivedcredibilitypositivelyinfluencesindividualtrustform-Healthservices.

Trust
Asmentionedabove,perceivedcredibilityplaysanimportantroleincreatingtrustandsomeresearchers
likeWatzdorfetal.(2010)furtherclaimedthatpastexperienceswithatechnologyhavethebiggest
impactontrust.KhatwaniandSrivastava(2015b)statedthatneutralsourceslikediscussionforums
andinformationblogsandexperientialsourceslikeonlinedemooftechnologicalproductsthrough
reviewwebsitescancontributetothecreationoftrust.AccordingtoRousseauetal.(1998),trustcan
bedefinedasapsychologicalstatecomprisingtheintentionstoacceptvulnerabilitybasedonpositive
expectationsofthebehaviourofanother.Itisasocialandpersonalfactorthathasbeeninvestigated
byLin(2011)andEl-Wajeehetal.(2014)invariousdimensionssuchaspersonality-basedtrust,
knowledge-basedtrust,etc.PriorempiricalstudieslikeMohamedetal.(2011)andEl-Wajeehet
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al.(2014)haveparticularlyemployedtheconstructoftrustinthecontextofinternet-basedhealth
servicesandfoundthattrusthasadirectsignificantinfluenceonbehaviouralintentiontouseboth
e-healthandm-Healthservices.Thus,thefollowinghypothesishasbeenconceived:

H14:Trustsignificantlyaffectsindividualintentiontousem-Healthservices.

Behavioral Intention
Behavioralintention,whichreferstotheintentiontouseasystem,isthemajordeterminantofthe
actual behaviour. Researchers like Venkatesh and Zhang (2010) and Yu (2012) have repeatedly
emphasized the strengthof theconstructofbehavioral intentiononusagebehaviour.Thesepast
studiesclaimthatindividualbehaviorispredictableandcanbeinfluencedbyindividualintention
that,inturn,canhaveasignificantinfluenceontechnologyusage.Moreover,VenkateshandDavis
(2000)foundsignificantpositivecorrelationofbehavioralintentionandactualuse.Inthecontext
ofm-Healthservices,Jung(2008)andSunetal.(2013)investigatedandempiricallyprovedthat
behaviouraloradoptionintentionofthetechnologypositivelyaffectsitsusage.Followingthelead,
thisstudynexthypothesizesthat:

H15:Behavioralintentionsignificantlyaffectsindividualbehaviorofusingm-Healthservices.

Moderators
Moderatorsaredemographicalcharacteristicsorothersituationalvariablesthathaveaprofoundimpact
onuseradoption(Jung,2008).Sincethisstudyisnotalongitudinalstudy,onlyageandgenderhas
beenusedinthisstudyasmoderatorstoinvestigatetheeffectsoftheproposedresearchstructure
onthebehavioralintentiontoadoptm-Healthservicesandindividualbehaviorofusingm-Health.

Moderator Effects – Age
PastempiricalstudieslikeVenkateshetal.(2003)andGilbertetal.(2004)claimedthatagehasa
strongmoderatingimpactontechnologyadoption.AccordingtoJung(2008),youngergeneration
ismoreeager toadopta technologylikem-Healthservices thanoldergeneration,sinceyounger
peopletendtobemoretech-savvy,theycanadoptanytechnologyquickly.Inaddition,duetohigh
perceived accessibility, credibility, personal innovativeness and compatibility all internet-based
healthtechnologiesgowellwiththelifestyleofyoungpeople,whichinturnleadsthemtoacceptthe
technology.However,LeeandRho(2013)arguethatmiddle-agedpeopledisplaymoreenthusiasm
towards adopting m-Health technology than the younger people. As a result of this conflicting
evidence,thefollowinghypothesesareproposed:

H16:Influenceofperformanceexpectancyonindividualintentionwillbemoderatedbyage.
H17:Influenceofeffortexpectancyonindividualintentionwillbemoderatedbyage.
H18:Influenceofsocialinfluenceonindividualintentionwillbemoderatedbyage.
H19:Influenceoffacilitatingconditionsonindividualintentionwillbemoderatedbyage.
H20:Influenceofperceivedself-efficacyonindividualintentionwillbemoderatedbyage.
H21:Influenceofperceivedfinancialcostonindividualintentionwillbemoderatedbyage.
H22:Influenceofhealthcareknowledgeonindividualintentionwillbemoderatedbyage.
H23:Influenceoftrustonindividualintentionwillbemoderatedbyage.

Moderator Effects - Gender
SeveralresearcherslikeLaukkanenandPasanen(2008)andCruzetal.(2010)claimedthatwomen
arenaturallyriskaverseandpassiveusersoftechnologywhichmakesthemlesswillingtospendmore
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effortassociatedwithadoptinganewsystem.Ontheotherhand,theseempiricalstudiesprovedmen
beingmoreconcernedaboutthecostrelatedtoaparticulartechnology.VenkateshandMorris(2000)
foundperformanceexpectancytobemoreimportantconstructformenwhileconstructsthatrelateto
technicalabilitiessuchaseffortexpectancyappearedtobemoresalientforwomen.Venkateshetal.
(2003)furtherclaimedthatsocialinfluencesactasastrongerpredictoroftechnologyadoptionfor
womenthanmen.However,Jung(2008)andLeeandRho(2013)claimedthatwomenareusually
moreconcernedabouthealth-relatedissues,whichinturnmakesthemtoadoptinternet-basedhealth
technologies.Thus,thisstudyhypothesizesthat:

H24:Influenceofperformanceexpectancyonindividualintentionwillbemoderatedbygender.
H25:Influenceofeffortexpectancyonindividualintentionwillbemoderatedbygender.
H26:Influenceofsocialinfluenceonindividualintentionwillbemoderatedbygender.
H27:Influenceoffacilitatingconditionsonindividualintentionwillbemoderatedbygender.
H28:Influenceofperceivedself-efficacyonindividualintentionwillbemoderatedbygender.
H29:Influenceofperceivedfinancialcostonindividualintentionwillbemoderatedbygender.
H30:Influenceofhealthcareknowledgeonindividualintentionwillbemoderatedbygender.
H31:Influenceoftrustonindividualintentionwillbemoderatedbygender.

ReSeARCH MeTHod

data Collection
Thepredominantexistenceofm-Healthservicesintheruralareashasinadvertentlydeprivedurban
people of the use of such services. In addition, the absence of city hospitals as the provider of
m-Healthserviceshasmadeitimperativetoexaminetheacceptanceanduseofm-Healthservices
amongthecitydwellersofBangladesh.Assuch,thepopulationselectedforthisstudyonlyrepresents
urbanpeoplewhoarecurrentlyexposedtotheuseofmobilephonesandcantherebyavailm-Health
servicesinthefuture.

Dataforthisstudyiscollectedbyconductingasurveythroughpaper-basedquestionnairesona
sampleof1000respondentsinthecapitalcityofBangladesh–Dhaka.Byusingprobabilitysampling
andastratifiedrandomsamplingmethod,respondentsarethenselectedforthesample.Theuseof
thisparticularsamplingmethodallowsustoavoidbiasnessindataandprovideequalopportunityfor
allcitydwellerswhocanbethepotentialusersofm-HealthservicesinBangladesh.

Measurement
Alltheitemsusedtomeasuretheresearchvariablesofthesurveyareadaptedfrompreviousstudies
oninformationandtechnologicaladvancements,e-healthservicesandm-Healthservices-withminor
changesinwordingtotailorthemtothecontextofBangladesh.Thisensuresthecontentvalidityof
thequestionnaireusedtoassesseachconstructsdepictedinFigure1.

Thequantitativesurveycontains62statementsinordertoevaluatetheeightconstructsofthe
UTAUTmodelandtheelevennewconstructsproposedforthemodel,aslistedinTable 1.Thescales
fortheUTAUTconstructs(performanceexpectancy,effortexpectancy,socialinfluence,facilitating
conditions,perceived self-efficacy,perceived financial cost,perceivedcredibilityandbehavioral
intention)areadaptedfromJung(2008),VenkateshandZhang(2010),andSunetal.(2013).The
scalesforsystemquality(reliability,efficiencyandprivacy),informationqualityandinteractionquality
(responsiveness,assuranceandempathy)aredrawnfromLeeandChung(2009),Lin(2011),Lauet
al.(2013)andNishaetal.(2016).Ontheotherhand,theitemsusedtoassesspersonalinnovativeness,
anxiety,trustandhealthcareknowledgearebasedonWuetal.(2011),Nishaetal.(2015)andNisha
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etal.(2016).Alltheseitemsaremeasuredusingafive-pointLikertscale,rangingfrom“strongly
disagree”to“stronglyagree”.

Thequestionnaireincludestwodemographicquestionsofgenderandageaswell.Whileage
ismeasured inyears,gender iscodedas1or2dummyvariable -where2 represent the female
respondents.Afterafour-weeksurvey,927completedandusableresponsesareobtainedfromthe
structuredquestionnaires.Table2representsthedemographicinformationofrespondentsinterms
ofgenderandage.

dATA ANALySIS ANd ReSULTS

Theresearchmodelistestedusingthestructuralequationmodeling(SEM)facilitatesofSmartPLS
(version2.0).Themethodofpartialleastsquares(PLS)ismainlychosentoconductthisanalysis
sinceanumberofinteractiontermsareincludedintheresearchmodelandPLSiscapableoftesting

Figure 1. The Proposed Research Structure
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Table 1. Constructs and Corresponding Items

Constructs Corresponding Items

SystemReliability (SR1)Ibelievem-Healthservicesoperatereliably
(SR2)Ibelievem-Healthservicesperformreliably
(SR3)Ibelievetheoperationofm-Healthservicesisdependable

SystemEfficiency (SE1)Ifeelm-Healthservicesmakehealthinformationeasytoaccess
(SE2)Ifeelm-Healthservicesprovidehealthinformationinatimelyfashion
(SE3)Ifeelm-Healthtakestoolongtorespondtomyhealthcareproblems

SystemPrivacy (SP1)Itrusttheabilityofm-Healthservicestoprotectmyprivacy
(SP2)IfeelsafewhenIreleasehealthinformationtom-Healthservices
(SP3)Ifeelmattersonsecurityhasnoinfluenceinusingm-Healthservices

InformationQuality (IQ1)Ibelievem-Healthservicesprovidecompleteinformation
(IQ2)Ibelievem-Healthservicesprovideup-to-dateinformation
(IQ3)Ibelievem-Healthservicesproviderelevantinformation

Responsiveness (R1)Ithinkm-Healthprovidesprecisehealthcareservices
(R2)Ithinkm-Healthhastheabilitytounderstandmyhealthcareneeds
(R3)Ithinkm-Healthservicesarehelpful

Assurance (As1)Ithinkm-Healthprovideshealthcareservicesaspromised
(As2)Ithinkm-Healthprovidesaccuratehealthcareservices
(As3)Ithinkm-Healthserviceswillkeeptheircommitments

Empathy (E1)Ithinkm-Healthhastheknowledgetosolvemyhealthcareproblems
(E2)Ithinkm-Healthhastheenthusiasmtounderstandmyhealthcareneeds
(E3)Ithinkm-Healthserviceswillputmyhealthcareneedsinthefirstplace

PersonalInnovativeness (PI1)Iamcuriousaboutnewhealthtechnologies
(PI2)Iamusuallyamongthefirsttotrynewhealthtechnologies
(PI3)Iliketoexperimentwithnewhealthtechnologies
(PI4)Iliketokeepupdatedwithnewhealthtechnologies

Anxiety (A1)Ifeelapprehensiveaboutusingnewhealthtechnologies
(A2)I’mscaredofinformationlossduetomistakesinnewhealthtechnologies
(A3)Ihesitatetousenewhealthtechnologiesforfearofmakingmistakes
(A4)Ifeelintimidatedtousenewhealthtechnologies

PerformanceExpectancy (PE1)Usingm-Healthserviceswillimprovemylifequality
(PE2)Usingm-Healthserviceswillmakemylifemoreconvenient
(PE3)Usingm-Healthserviceswillmakememoreeffectiveinmylife
(PE4)Overall,Ifindm-Healthservicestobeusefulinmylife

EffortExpectancy (EE1)Learningtousem-Healthservicesiseasyforme
(EE2)Becomingskillfulatusingm-Healthservicesiseasyforme
(EE3)Interactionwithm-Healthservicesiseasyforme
(EE4)Overall,Ithinkm-Healthservicesareeasytouse

SocialInfluence (SI1)PeoplewhoareimportanttomethinkthatIshouldusem-Healthservices
(SI2)PeoplewhoarefamiliarwithmethinkthatIshouldusem-Healthservices
(SI3)PeoplewhoinfluencemethinkthatIshouldusem-Healthservices
(SI4)Mostpeoplesurroundingmeusem-Healthservices

FacilitatingConditions (FC1)Usingm-Healthservicessuitsmylivingenvironment
(FC2)Usingm-Healthservicesfitsintomyworkingstyle
(FC3)Usingm-Healthservicesiscompatiblewithmylife
(FC4)HelpisavailableifIhaveproblemsinusingm-Healthservices

PerceivedSelf-Efficacy (PSE1)Itiseasyformetousem-Healthservices
(PSE2)Ihavethecapabilitytousem-Healthservices
(PSE3)Iamabletousem-Healthserviceswithoutmucheffort

PerceivedFinancialCost (PFC1)Thecostofusingm-Healthservicesishigherthanotherhealthchannels
(PFC2)Theinternetchargesrequiredtousem-Healthservicesareexpensive
(PFC3)Themobiledevicesrequiredtousem-Healthservicesareexpensive
(PFC4)Usingm-Healthservicescanbeacostburdentome

HealthCareKnowledge (HCK1)Iamveryknowledgeableregardingcareformyhealthproblems
(HCK2)Iunderstandmyhealthproblemsandhowtocareforthem

PerceivedCredibility (PC1)Ibelievem-Healthserviceswillkeepmyinformationconfidential
(PC2)Ibelievethatusingm-Healthserviceswillbesecure
(PC3)Ibelievethatusingm-Healthserviceswillbesafe

Trust (T1)Ibelievem-Healthservicestobetrustworthy
(T2)Ibelievem-Healthservicestobecredible

BehavioralIntention (BI1)Iprefertousem-Healthservices
(BI2)Iintendtousem-Healthservices
(BI3)Iplantousem-Healthservices
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theseeffects(Chinetal.,2003).Assuch,themeasurementmodelisexaminedfirsttoassessthe
reliabilityandvalidityoftheconstructsandthen,thestructuralmodelisanalyzedtoexaminethe
relationshipshypothesizedintheresearchmodel.

Measurement Model
Totestthevalidityofthemeasurementmodel,aconformityanalysistesthasbeenconductedwhich
includesbothconvergentvalidityanddiscriminantvalidity(CampbellandFiske,1959).Convergent
validitymeasureswhethertheitemseffectivelyreflecttheirrespectiveconstructs,whereasdiscriminant
validityshowswhethertheconstructsarestatisticallydifferentfromeachother.

Theconvergentvalidityhasbeencheckedthroughfactorloadings,averagevarianceextracted
(AVE)andcompositereliability(CR)oftheitemsandconstructs.Thevaluesforthemeasurement
modelaregivenbelowinTable3.Forthisstudy,theminimumcut-offlevelforthevaluesofitem
loadingshasbeenconsideredas0.70,asrecommendedbyNunnallyandBernstein(1994).ForAVE,
0.50hasbeenconsideredastheminimumcut-offlevelfollowingFornellandLarcker(1981).Results
indicatethatAVEvaluesoftheconstructsofthisstudyiswellabove0.50inallcasesandgreaterthan
eachsquarecorrelation.ForCR,0.70hasbeenconsideredastheminimumcut-offvalue,assuggested
byChinetal.(2003).Sincethecompositereliabilitiesoftheconstructsrangebetween0.731and
1.000,itsuggestsinternalconsistencyfortheproposedmodel.Evaluationofallthesevaluessuggest
thattheitemssurveyedundertheproposedmodelofthisstudyeffectivelyreflecttheirrespective
constructsandtherebyposesasatisfactorylevelofinternalconsistency.

In order to test the discriminant validity, two measures have been adopted: Fornell-Larcker
criterionandthecross-loadings.UndertheFornell-Larckercriterion,itissuggestedthatthatsquare
rootofAVEofeachconstructshouldbegreaterthanitshighestlatentvariablecorrelation(Fornell
andLarcker,1981).Table4provesthattheconstructsusedinthisstudysatisfytheFornell-Larcker
criterion,asrepresentedbythesquarerootofAVEofeachconstructoflatentvariablesandalllatent
variablecorrelations.Observationssuggest that thesquare rootofAVEofeachconstructstands
highestamongthevaluesoftheirlatentvariablecoefficients.Thisfurthersuggeststhattheresultof
theFornell-Larckercriterionissatisfactoryandhencethemodelposesgooddiscriminantvalidity.
Moreover,theinternalconsistencyreliabilities(ICRs)ofmulti-itemscalesmodeledwithreflective
indicatorsis0.75orgreater,suggestingadequatereliability.

Thesecondmeasurethathasbeenadoptedformeasuringdiscriminantvalidityisthecross-loading
matrix. In thiscase, it isexpected that the itemsdemonstratehigher loadings in their respective
constructs (Chin,1998). InTable5, thecross loadingmatrix isvisibleand from there it canbe
observedthattheitemshavehigherloadingvalueintheirrespectiveconstructs-whichsuggests

Table 2. Demographic Profile of Respondents

Demographics Frequency Percentage (%)

Gender

Male 546 58.9

Female 381 41.1

Age

20 or below 158 17.0

21 – 30 476 51.3

31 – 40 145 15.6

41-50 94 10.1

Above 50 54 5.8
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thesatisfactionofdiscriminantvalidityofthisproperty.Thepatternofloadingsandcross-loadings
alsosupportinternalconsistencyanddiscriminantvalidity,withsomeexceptions:oneitemfrom
eachconstructofinformationquality,empathy(interactionquality),personalinnovativeness,social
influence,facilitatingconditions,perceivedfinancialcost,healthcareknowledge,twoitemsfrom
systemreliability(systemquality)andsystemefficiency(systemquality)andthreeitemsfromanxiety
aredeletedduetotheirlowloadingsandhighcross-loadings.

Structural Model
ThebootstrappingmethodfromPLSpathmodelingapproachhasbeenusedinthisstudytoexamine
thestructuralpathsof theproposed researchmodel.For thepurposeofanalysis, theconfidence
intervalsandR2valueisemployedtovalidatethestructuralpathsoftheconceptualmodel.

Priorstudiessuggestthatitisgoingtobemorevitaltoreporttheconfidenceintervalsrather
thanjustreportingthesignificanceoftheconstructs(Henseleretal.,2009).Hence,thet-statistics
arecalculatedusingthepathcoefficientsoftheconstructsandtheirbootstrappedstandarderrors,
aspresentedinTable6.

Amongthethreeconstructsofsystemquality,systemreliability(0.240,p<0.05)andsystem
privacy(0.120,p<0.05)showssignificantandpositivepathtowardsperformanceexpectancy,while
systemefficiency(0.084,p>0.05)reportsaninsignificantpath.Thefactorofinformationquality
(0.100,p<0.05)alsodisplayssignificantandpositivepathtowardsperformanceexpectancy.On
theotherhand,responsiveness(0.135,p<0.05)andempathy(0.072,p<0.05)underinteraction
qualityhassignificantandpositivepathtowardsperformanceexpectancy,butassurance(0.070,p>
0.05)showsaninsignificantpath.

Theconstructofpersonalinnovativenesshasaninsignificantpathtowardsbothperformance
expectancy(0.069,p>0.05)andeffortexpectancy(0.419,p>0.05).Also,anxiety(0.034,p>0.05)
showsaninsignificantpathtowardseffortexpectancy.Alongthesameline,thefactorofperceived
credibility(0.258,p>0.05)reportsaninsignificantpathtowardstheconstructoftrustinthemodel.

Amongotherfactors,facilitatingconditions(0.235,p<0.05),trust(0.199,p<0.05),effort
expectancy(0.169,p<0.05)andperformanceexpectancy(0.155,p<0.05)showssignificantand
positivepathstothebehavioralintentionofusingm-Healthservices,intheirorderofinfluencing
strength.However,theconstructsofperceivedself-efficacy(0.247,p>0.05),socialinfluence(0.134,
p>0.05),healthcareknowledge(-0.024,p>0.05)andperceivedfinancialcost(-0.066,p>0.05)
reportsaninsignificantpathtowardstheindividualbehaviorofusingm-Healthservices.

Therefore,allhypotheses(exceptH1B,H3B,H4A,H4B,H5,H8,H10,H11,H12andH13)dealing
withbehavioralintentiontousem-Healthservicesaresupported.Subsequently,thehypothesized
relationshipbetweenbehavioral intentionandusage(0.251,p<0.05) isfoundtobestatistically
significant,therebysupportinghypothesisH15.

Furthermore,thenomologicalvalidityoftheproposedmodelofthisstudyisexplainedwith
theR2(coefficientofdetermination)valuesofallendogenouslatentvariables.Anexampleofthe
onlyendogenouslatentvariablehereisbehavioralintention(BI).Henseleretal.(2009)suggests
thatinordertobeacceptable,itisimportantthattheR2valueissubstantialwhenanendogenous
latentvariabledependsonseveralexogenouslatentvariables.TheR2valueforBIis0.66,which
issubstantialfollowingChin(1998).Thismeansthattheconceptualmodelofthisstudyexplains
66%ofthevarianceofthebehavioralintentiontoadoptm-Healthservicesandthisresultisquite
significant.Hence, itcanbestated that theproposedmodel isnomologicallyvalidandso is the
structuralmodelresultsofthisstudy.Thepathcoefficientsandsignificancelevelsinthestructural
modelarealsopresentedinFigure2.

Moderator effects
ThePLSresultsofthemoderatingeffectsofageandgenderontheeightconstructstowardbehavioral
intentionareshowninTable 7.Resultsindicatethatgendersignificantlymoderatestheeffectof
perceivedfinancialcost,trustandeffortexpectancytobehavioralintentionofusingm-Healthservices.
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Table 3. Factor Loadings, Composite Reliability and AVEs

Constructs Items Factor Loadings Composite Reliability AVE

SystemReliability SR1 1.000 1.000 1.000

SystemEfficiency SE1 1.000 1.000 1.000

SystemPrivacy SP1 0.755 0.789 0.555

SP2 0.731

SP3 0.749

InformationQuality IQ1 0.908 0.887 0.797

IQ2 0.876

Responsiveness R1 0.801 0.844 0.643

R2 0.858

R3 0.743

Assurance As1 0.825 0.881 0.711

As2 0.849

As3 0.855

Empathy E2 0.833 0.875 0.778

E3 0.928

PersonalInnovativeness PI1 0.853 0.876 0.702

PI3 0.825

PI4 0.835

Anxiety A1 1.000 1.000 1.000

PerformanceExpectancy PE1 0.807 0.889 0.668

PE2 0.847

PE3 0.850

PE4 0.761

EffortExpectancy EE1 0.822 0.895 0.680

EE2 0.834

EE3 0.840

EE4 0.802

SocialInfluence SI1 0.867 0.891 0.732

SI2 0.876

SI3 0.823

FacilitatingConditions FC1 0.776 0.864 0.680

FC2 0.877

FC3 0.818

PerceivedSelf-Efficacy PSE1 0.790 0.860 0.672

PSE2 0.835

PSE3 0.833

PerceivedFinancialCost PFC2 0.889 0.842 0.642

PFC3 0.764

PFC4 0.743

HealthCareKnowledge HCK2 1.000 1.000 1.000

PerceivedCredibility PC1 0.806 0.881 0.712

PC2 0.882

PC3 0.841

Trust T1 0.915 0.815 0.691

T2 0.737

BehavioralIntention BI1 0.868 0.891 0.731

BI2 0.873

BI3 0.823
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Analysisrevealsthatmalerespondentsperceivemoreeffortexpectancyinusingm-Healthservices
andareusuallymoreconcernedabout theperceived financial cost than the female respondents.
However,thetrustfactorismorecrucialforthefemalerespondentsthanthemalecounterpartswith
regardtom-Healthservices.Ontheotherhand,themoderatingeffectofagesignificantlyreports
fortheconstructsofeffortexpectancy,facilitatingconditions,performanceexpectancyandsocial
influencetowardsbehavioralintention.Furtheranalysisrevealsthattheconstructofeffortexpectancy
playsanimportantroleforrespondentsagedbetween41-50years,whilefacilitatingconditionsand
performanceexpectancyaremoresalienttorespondentsagedbetween31-40years.However,the
constructofsocialinfluencetendstohavemoreimpactonrespondentsagedbetween21-30years.

FINdINGS ANd IMPLICATIoNS

Thisstudyhasrevealedquiteafewunderstandingsonthebackstagepossibilitiesofthepotential
usageofm-HealthservicesamongtheurbanpopulationofBangladesh.Theinclinedreasonsbehind
thefindingsarequiteobviousandmostofsuchareshapedbythelocalcultureandinfrastructureof
thecountry.

Facilitatingconditionsisfoundasthestrongestdirectdeterminantininfluencingrespondents’
behavioralintentionofm-Healthservices.ThisfindingisconsistenttoPhichitchaisopaandNaenna
(2013),Sunetal.(2013)andNishaetal.(2015).Thepenetrationofmobilephonesisacomparatively
newconcept inBangladeshandparticularly,whensuchdevicesarebeingusedasaplatformof
commutingothererrandssuchasreceivinginstanthealthcareadvices,ensuringfacilitatingconditions
hasastrongroletoplay.Therefore,thefirstbusinessimplicationisthat,beyondofferingease-of-
useandusefulm-Healthservices,providerscanemphasizeonthecompatibilitybetweentheoffered

Table 4. Measurement Model Estimations

ICRs A As BI E EE FC HCK IQ PC PE PFC PI PSE R SE SI SP SR T

A 1.0 Single-Item Construct

As 0.8 0.2 0.8

BI 0.8 0.2 0.3 0.9

E 0.8 0.1 0.1 0.0 0.9

EE 0.8 0.2 0.3 0.5 0.0 0.8

FC 0.8 0.2 0.3 0.5 0.0 0.4 0.8

HCK 1.0 0.2 0.0 0.1 0.0 0.1 0.1 Single-Item Construct

IQ 0.8 0.2 0.3 0.5 0.0 0.4 0.8 0.1 0.9

PC 0.8 0.2 0.3 0.4 -0.1 0.8 0.4 0.1 0.4 0.8

PE 0.8 0.2 0.3 0.4 0.0 0.6 0.4 0.1 0.4 0.5 0.8

PFC 0.8 0.1 0.1 0.0 0.8 -0.1 0.0 0.1 0.0 -0.1 0.0 0.8

PI 0.8 0.4 0.3 0.5 0.0 0.4 0.3 0.1 0.3 0.4 0.4 0.0 0.8

PSE 0.8 0.2 0.2 0.4 0.1 0.2 0.3 0.2 0.3 0.2 0.3 0.1 0.3 0.8

R 0.8 0.2 0.2 0.4 0.1 0.3 0.3 0.1 0.3 0.3 0.3 0.1 0.3 0.7 0.8

SE 1.0 0.2 0.8 0.2 0.1 0.3 0.3 0.1 0.3 0.3 0.3 0.1 0.2 0.2 0.2 Single-Item Construct

SI 0.8 0.3 0.3 0.4 0.1 0.4 0.3 0.2 0.3 0.4 0.3 0.1 0.3 0.3 0.2 0.2 0.9

SP 0.8 0.3 0.3 0.5 0.1 0.4 0.7 0.2 0.7 0.4 0.4 0.1 0.4 0.3 0.3 0.3 0.7 0.7

SR 1.0 0.3 0.2 0.4 0.0 0.4 0.3 0.1 0.3 0.4 0.4 0.0 0.8 0.2 0.3 0.2 0.2 0.3 Single-Item 
Construct

T 0.8 0.3 0.3 0.3 0.1 0.3 0.3 0.2 0.3 0.3 0.2 0.1 0.3 0.2 0.2 0.2 0.8 0.7 0.2 0.8

Notes:
1. A (Anxiety); As (Assurance); BI (Behavioral Intention); E (Empathy); EE (Effort Expectancy); FC (Facilitating Conditions); HCK (Health Care Knowl-

edge); IQ (Information Quality); PC (Perceived Credibility); PE (Performance Expectancy); PFC (Perceived Financial Cost); PI (Personal Innovativeness); 
PSE (Perceived Self-Efficacy); R (Responsiveness); SE (System Efficiency); SI (Social Influence); SP (System Privacy); SR (System Reliability); T (Trust).

2. Diagonal elements represent the AVEs, while off-diagonal elements represent the square correlations.
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Table 5. Cross Loading Matrix

A As BI E EE FC HCK IQ PC PE PFC PI PSE R SE SI SP SR T

A1 1.00 0.26 -0.01 0.35 0.19 0.15 0.24 0.32 0.16 0.19 0.11 0.38 0.17 0.29 0.23 0.25 0.26 0.35 0.17

As1 0.20 0.83 0.30 0.17 0.30 0.19 0.21 0.18 0.31 0.39 -0.08 0.43 0.40 0.34 0.35 0.30 0.27 0.19 0.30

As2 0.23 0.85 0.36 0.19 0.27 0.17 0.24 0.28 0.28 0.39 0.00 0.40 0.35 0.32 0.32 0.29 0.27 0.15 0.19

As3 0.26 0.86 0.24 0.11 0.47 0.17 0.35 0.30 0.25 0.36 -0.04 0.35 0.30 0.27 0.28 0.23 0.26 0.24 0.21

BI1 0.32 0.32 0.87 0.14 0.46 0.18 0.37 0.30 0.28 0.53 -0.01 0.34 0.19 0.23 0.30 0.26 0.30 0.32 0.18

BI2 0.27 0.28 0.87 0.23 0.47 0.15 0.37 0.34 0.28 0.45 -0.05 0.33 0.22 0.26 0.20 0.24 0.21 0.29 0.26

BI3 0.23 0.30 0.82 0.25 0.48 0.11 0.37 0.34 0.31 0.43 -0.01 0.37 0.19 0.29 0.02 0.06 0.09 0.27 0.25

E2 0.26 0.20 0.19 0.83 -0.04 0.11 -0.05 -0.03 0.31 0.48 -0.11 0.38 0.18 0.35 0.26 0.30 0.27 0.15 0.37

E3 0.29 0.02 0.22 0.93 -0.03 0.07 -0.02 0.04 0.24 0.31 0.09 0.23 0.17 0.21 0.16 0.19 0.11 0.38 0.17

EE1 0.47 0.17 0.35 0.53 0.82 0.20 0.23 0.26 0.30 0.35 0.00 0.30 0.24 0.27 0.31 0.39 -0.08 0.43 0.40

EE2 0.46 0.18 0.37 0.45 0.83 0.09 0.26 0.24 0.32 0.31 -0.04 0.30 0.22 0.26 0.28 0.39 0.00 0.40 0.35

EE3 0.47 0.15 0.37 0.31 0.84 0.14 0.24 0.47 0.30 0.25 0.17 0.33 0.10 0.34 0.25 0.36 -0.04 0.35 0.30

EE4 0.48 0.11 0.37 0.35 0.80 0.23 0.30 0.46 0.30 0.24 0.40 0.40 0.17 0.41 0.28 0.53 -0.01 0.34 0.19

FC1 0.35 0.00 0.30 0.24 0.27 0.78 0.31 0.47 0.34 0.30 0.35 0.38 0.21 0.41 0.28 0.45 -0.05 0.33 0.22

FC2 0.31 -0.04 0.30 0.22 0.26 0.88 0.14 0.48 0.34 0.31 0.30 0.29 0.11 0.30 0.29 0.25 0.30 0.17 0.29

FC3 0.28 0.07 0.28 0.21 0.33 0.82 0.07 0.17 0.20 0.10 0.19 0.32 0.10 0.26 0.27 0.26 0.27 0.40 0.34

HCK2 0.25 0.04 0.22 0.17 0.26 0.27 1.00 0.20 0.22 0.09 0.22 0.27 0.15 0.24 0.39 0.00 0.40 0.35 0.32

IQ1 0.24 0.09 0.22 0.15 0.24 -0.02 -0.03 0.91 0.06 -0.10 0.19 0.27 0.17 0.24 0.36 -0.04 0.35 0.30 0.27

IQ2 0.29 0.11 0.23 0.18 0.24 -0.03 -0.07 0.88 0.09 -0.07 0.18 0.47 0.17 0.35 0.53 -0.01 0.34 0.19 0.23

PC1 0.19 0.17 0.30 0.21 0.18 0.26 0.06 -0.02 0.81 0.00 0.17 0.46 0.18 0.37 0.45 -0.05 0.33 0.22 0.26

PC2 0.15 0.11 0.31 0.18 0.17 0.20 0.10 -0.03 0.88 0.04 0.24 0.47 0.15 0.37 0.31 0.09 0.23 0.17 0.21

PC3 0.24 0.14 0.39 0.23 0.20 0.22 0.09 -0.05 0.84 -0.01 0.22 0.48 0.11 0.37 0.35 0.00 0.30 0.24 0.27

PE1 0.32 0.23 0.35 0.28 0.30 0.20 0.02 0.27 0.26 0.81 0.21 -0.04 0.11 -0.05 0.31 -0.04 0.30 0.22 0.26

PE2 0.29 0.25 0.30 0.23 0.26 0.24 0.06 0.00 0.35 0.85 0.17 -0.03 0.07 -0.02 0.28 0.07 0.28 0.21 0.33

PE3 0.27 0.26 0.27 0.26 0.30 0.21 0.09 -0.04 0.30 0.85 0.15 -0.07 0.08 -0.03 0.25 0.04 0.22 0.17 0.26

PE4 0.40 0.39 0.00 0.35 0.32 0.10 0.26 -0.01 0.19 0.76 0.18 0.39 0.30 0.41 0.24 0.09 0.22 0.15 0.24

PFC2 0.35 0.36 -0.04 0.30 0.27 0.15 0.24 0.30 0.39 0.34 0.89 0.34 0.30 0.39 0.29 0.11 0.23 0.18 0.24

PFC3 0.34 0.53 -0.01 0.19 0.23 0.17 0.24 0.36 0.36 0.35 0.76 0.20 0.09 0.27 0.81 -0.10 0.39 0.20 0.20

PFC4 0.33 0.45 -0.05 0.22 0.26 0.17 0.35 0.17 0.30 0.19 0.74 0.20 0.26 0.32 0.47 0.30 0.25 0.23 0.26

PI1 0.25 0.04 0.31 0.29 0.79 0.18 0.37 0.11 0.31 0.15 0.11 0.85 0.24 0.27 0.46 0.30 0.24 0.35 0.20

PI3 -0.01 -0.05 0.09 0.00 -0.04 0.07 0.04 0.09 -0.01 0.37 0.17 0.82 0.24 0.27 0.47 0.34 0.30 0.32 0.22

PI4 0.26 0.20 0.22 0.21 0.23 0.35 0.32 0.28 -0.11 0.38 0.11 0.84 0.35 0.47 0.48 0.34 0.31 0.28 0.21

PSE1 0.17 0.21 0.11 0.10 0.15 0.17 0.17 0.18 0.15 0.11 0.11 0.07 0.79 0.43 -0.01 0.37 0.19 0.29 0.87

PSE2 0.41 0.41 0.30 0.26 0.24 0.24 0.35 0.37 0.37 0.37 -0.05 -0.02 0.84 0.48 -0.11 0.38 0.18 0.35 0.87

PSE3 0.26 0.20 0.22 0.21 0.87 0.87 0.82 0.10 0.19 0.18 0.17 0.24 0.83 0.19 0.11 0.38 0.17 0.29 0.82

R1 0.30 0.23 0.26 0.24 0.06 0.35 0.36 -0.04 0.30 0.27 0.15 0.25 0.25 0.80 0.27 0.15 0.24 0.27 0.10

R2 0.27 0.26 0.30 0.21 0.09 0.34 0.53 -0.01 0.19 0.23 0.17 0.28 0.26 0.86 0.18 0.06 0.27 0.00 -0.04

R3 0.00 0.35 0.32 0.10 0.26 0.33 0.45 -0.05 0.22 0.26 0.17 0.23 0.39 0.74 0.20 0.10 0.26 0.35 0.30

SE1 -0.04 0.30 0.27 0.15 0.24 0.25 0.04 0.31 0.29 0.79 0.18 0.79 0.28 0.07 1.00 0.09 0.30 0.32 0.27

SI1 0.11 -0.05 -0.04 -0.03 0.14 -0.02 0.23 0.35 0.32 0.28 0.30 0.20 0.47 0.17 0.35 0.87 0.30 0.29 0.23

SI2 0.07 -0.02 -0.03 0.04 0.07 -0.03 0.25 0.30 0.29 0.23 0.26 0.24 0.46 0.18 0.37 0.88 0.27 0.27 0.26

SI3 0.08 -0.03 -0.07 0.06 0.00 -0.05 0.26 0.27 0.27 0.26 0.30 0.21 0.47 0.15 0.37 0.82 0.20 0.18 0.14

SP1 0.30 0.41 0.39 0.31 0.25 0.44 0.19 0.39 0.39 0.36 0.53 0.45 0.43 0.48 0.31 0.35 0.75 -0.02 0.26

SP2 0.30 0.39 0.34 0.26 0.28 0.29 0.11 -0.08 0.00 -0.04 -0.01 -0.05 -0.01 -0.11 0.09 0.00 0.73 -0.03 0.20

SP3 0.36 0.36 0.35 0.27 0.23 0.34 0.23 0.35 0.32 0.28 0.30 0.20 0.02 0.26 0.28 0.45 0.75 0.41 0.22

SR1 0.17 0.30 0.19 0.21 0.18 0.26 0.25 0.30 0.29 0.23 0.26 0.24 0.06 0.30 0.31 0.43 -0.01 1.00 0.21

T1 0.11 0.31 0.15 0.18 0.17 0.20 0.26 0.27 0.27 0.26 0.30 0.21 0.09 0.27 0.22 0.26 0.19 0.23 0.92

T2 0.14 0.39 0.24 0.23 0.20 0.22 0.20 0.20 0.18 0.14 0.15 0.18 0.17 0.10 0.17 0.21 0.23 0.26 0.74
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servicesandtheworking/livingstylesoftheirtargetcustomers.Thatis,puttingeffortsindesigning
suitableservicesandinfrastructurestomeetspecificneedsofdifferentcustomersegments.Both
governmentandprivatesectorhospitalsandclinicsarealreadyshowingalotofinterestsandconcerns
inthisregard.However,cityhospitalsneedtoworkmoretowardsthedevelopmentofsuchconditions
forthecitydwellers.Strongandcorrectcomprehensiononavailablefacilitatingconditionsisimportant
toensuretobuildtherightperceptioninthemindofthetargetmarketbyshowingrepeatedlythat
alltheyneedisamobilephoneofanytypeandamobileconnectionmainlytotakethebenefitsof
m-Healthservices.

Trustisanotherimportantconstructthatcaninfluencebehavioralintentionofm-Healthservices
asperthefindingsofthisstudyandthisissimilartoMohamedetal.(2011),El-Wajeehetal.(2014)
andNishaetal.(2015).Acruciallinktotrustistheperceivedcredibilityofsuchservices,whichis
whypotentialusersaremorelikelytotrusttheserviceiftheyareconvincedwiththecredibilityof
theservicesandoftheproviders.However,inthecurrentstudythisresultisoppositetothefindings
ofKoenig-Lewisetal.(2010),Dasguptaetal.(2011)andYu(2012).Marketerscanusethisinsight
andfocusondevelopingpositiveexperiencesamongtheearlyadopters.Oncetheearlyadoptersare
convincedandtrustisbuiltandspreadinthemarket,earlymajorityandlatemajoritywillbenetted
accordingly.Tobuildtrust,successfulcasesmaybecommunicatedintheformoftestimonialstoreach
boththeexternalandinternalinformationsearchsources.Expertsandcelebrityendorsementswith

Table 6. Path Coefficients, t-statistics and Hypotheses Results

Path Coefficients Standard 
Deviation

Standard 
Error

T Statistics Results

A -> EE 0.034 0.032046 0.032046 1.074575 NotSupported

As -> PE 0.070 0.059241 0.059241 1.188886 NotSupported

BI -> UB 0.251 0.028826 0.028826 8.718895 Supported

E -> PE 0.072 0.035365 0.035365 2.039735 Supported

EE -> BI 0.169 0.039409 0.039409 4.276606 Supported

FC -> BI 0.235 0.033624 0.033624 6.993609 Supported

HCK -> BI -0.024 0.026923 0.026923 0.885092 NotSupported

IQ -> PE 0.100 0.03468 0.03468 2.897375 Supported

PC -> T 0.258 0.033036 0.033036 1.796164 NotSupported

PE -> BI 0.155 0.039446 0.039446 3.923490 Supported

PFC -> BI -0.066 0.036704 0.036704 1.802751 NotSupported

PI -> EE 0.419 0.032311 0.032311 1.560968 NotSupported

PI -> PE 0.069 0.056968 0.056968 1.218481 NotSupported

PSE -> BI 0.247 0.033171 0.033171 1.440385 NotSupported

R -> PE 0.135 0.031652 0.031652 4.264635 Supported

SE -> PE 0.084 0.052828 0.052828 1.588044 NotSupported

SI -> BI 0.134 0.050458 0.050458 1.663493 NotSupported

SP -> PE 0.120 0.036754 0.036754 3.267334 Supported

SR -> PE 0.240 0.053026 0.053026 4.517725 Supported

T -> BI 0.199 0.43757 0.43757 2.112540 Supported
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assuranceindifferentcommunicationsmayalsobeused.NGOs,whoalreadyhavebuiltatrust,may
playanimportantroletocommunicatetheassuranceofsuchservicestotheurbanmarketsaswell.

Thestudydrillsthatmostofthecurrentandpotentialusersofm-Healthservicestendtojudgethe
importanceoftheservicebasedontherequiredeffortexpectancyforit.Respondentswhoexpectless
effortinputintheserviceconsumingprocess,especiallyattheadoptionstagelikethatofm-Health
services inBangladesh,aremore likely to showpositiveattitude inembracing the service.This
findingisconsistentwiththeevidenceprovidedbyMoores(2012),Sunetal.(2013)andNishaetal.
(2016).Bymakingsurethatthetargetmarketperceivestheeffortsneededtoavailtheseservicesasan
ease,companiescannetapositiveattitudetowardstheseservices.Communicationsoftheproviders,
particularlyofthecityhospitals,shouldfocusmoreontheactualhandinessofsuchservices.

Performanceexpectancyisthenextmostimportantconstructaccordingtotheresearchfindings
of thisstudy.Sustainablerelativeadvantagesofm-Healthservicesuchassaving time, receiving
immediateandaccuratehealthcareadvices,etc.playanimportantroleinshapingbehaviorinterms

Figure 2. Results of Structural Equation Modeling
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ofadoptingsuchnewtechnologies.Sunetal.(2013)andNishaetal.(2016)alsofoundsuchsimilar
resultsintheirstudies.Theunderlyingcausebehindsuchresultisthenoveltyofsuchtechnologyin
thecultureofBangladesh,wheremostoftheerrandsarepreferredtobeservedinatraditionalmanner
fromphysicallocations.Takeawayformarketersfromthisfindingistoensurealotofconfidence
among theusersbyhighlighting thevaluepropositionsofsuchservicewith their importance in
theirdailylifethroughthemarketingmixofthecompanies.Clinchingbenefitssuchasthequality
ofsystemandofinformation,highresponsivenesswithempathy,easeofusingm-Healthservices
andtherelativeconveniences(outcomes)thatareattachedwithsuchusagesshouldbeusedasthe
majorsellingideasoftheircommunicationcampaignstobuildastrongpositivecomprehensionin
theresponseprocessofthetargetmarket.Theprovidersmustalsoensurealotofempathyandahigh
levelofresponsivenesswhileprovidingtheaccurateinformationthroughthecallcenterpersonnelto
theusers.Theymustkeepinmindthatonenegativecaseintermsofaccurateandquickresponsewith
empathymayleadtodecreasingbrandequityandhence,hospitalsandclinicsshouldtrainthefront
linersaccordingly.Developingasustainablesystemwhichensuresprivacyandefficiencytosupport
theclinchingbenefitsofm-Healthservicesisadditionallyimportanttoencouragetheconsumption
ofsuchservicesamongthecitydwellersofBangladesh.

In terms of the moderating consequences of age and gender, this study indicates that age
significantly moderates the effect of effort expectancy, facilitating conditions, performance
expectancyandsocialinfluencetowardsbehavioralintentionformobilehealthservices.Thisresult
isanoutcomeofthetimeofthepenetrationofthistechnologyinBangladesh.People,ingeneral,
todayaremoreexperiencedinusingtechnologicalproducts/servicesthantheywereseveralyears
agoandsincem-Health isanewconceptfor the localcitizens,suchfindingsarenotsurprising.

Table 7. PLS results with moderators

Dependent Variable

Behavioral Intention Usage Behavior

R2 0.409 0.632

R2adjusted 0.409 0.632

PerformanceExpectancy(PE) 0.155*

EffortExpectancy(EE) 0.169*

SocialInfluence(SI) 0.134*

FacilitatingConditions(FC) 0.235*

PerceivedSelf-Efficacy(PSE) 0.247*

Trust(T) 0.199*

Gender 0.050*

PExAge 0.048*

EExAge 0.059*

SIxAge 0.017*

FCxAge 0.060*

EExGender 0.051*

PFCxGender 0.051*

TxGender 0.032*

BehavioralIntention(BI) 0.251*

*significant at 0.05
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Localolderpeoplearealreadyusedtoandarecomfortableusingtraditionalandphysicalsources
forhealthcareservicesandtheyarenotverymuchexposedorusedtomobilephonesandinternet
technologycomparedtothenewgeneration.Thissituationisjustanotherconsequenceoftherecent
globalizationandaffordabilityoftechnologyacrosstheworld.Similarresultswerealsoidentified
byGilbertetal.(2004)andJung(2008)intheirstudies.Theimplicationhereforbusinessisthat,
insteadofdevelopingm-Healthservicesfromtheholisticviewpoint,marketersmaycustomizetheir
servicestoallowmaturecustomerstochooseasimplem-Healthversion.

Moreover,gendertoohasanimportantroletoplayintermsofshapingbehavioralintentionofcity
dwellerstowardstheuseofmobilehealthservicesinBangladesh.Asperthisstudy,malerespondents
arefoundtobemorepricesensitivethanfemalerespondentswithahighereffortexpectancyrate.
ThisfindingispartiallyconsistenttoLaukkanenandPasanen(2008)andCruzetal.(2010)interms
ofpricesensitivity.However,itopposesthefindingsofVenkateshandMorris(2000)withregardto
effortexpectancy.Ontheotherhand,femalerespondentsarefoundtobemoreconcernedaboutthetrust
factorrelatedtomobilehealthservicesthantheirmalecounterparts.Implicationsformanagerswill
betocreateamessagefortheircommunicationinawaythatshowcasesthetrustfactorusingfemale
expertsasthesourceofcommunicationsothatfemaleviewersmaybeabletorelatethemselveswith
thestorycommunicated.Toboosttheadoptionrateofm-Healthservicesforthemalecitydwellers,a
favorablepriceappealmaybeusedtoaddressthepricesensitivityissueandspecialdemonstrations,
trainings,articlesorfreetrialsregardingm-Healthservicesmayalsohelp.

As such, marketers can capitalize on these evidences in order to bag more people towards
m-HealthservicesinBangladesh.

LIMITATIoNS ANd FUTURe ReSeARCH dIReCTIoNS

Thisstudyhasseverallimitationslikeotherempiricalpaststudiesontechnologyacceptance.First,
theconclusionsdrawnfromthisstudyarebasedsolelyontheurbanpopulation,specificallypeople
residinginDhakacityofBangladesh.Futureresearchcanexplorethebehavioralintentionofpeople
ofothermajorcitiesoreventheruralareasofthecountry.Asimilarresearchcanalsobedoneto
examinetheantecedentsandconsequencesoftheacceptanceanduseofm-Healthservicesfordifferent
countriesaroundtheworld.Second,alongitudinalstudycanbeadoptedinfutureworkstoexamine
andcomparetheresearchmodelindifferenttimeperiods,therebyprovidingabetterinsightintothe
adoptionofm-HealthservicesinBangladesh.Third,otherthantheconstructsusedinthisstudy,there
canbevariousotherfactorsthatcaninfluencetheacceptanceanduseofm-Healthservices.Further
researchconsideringdifferentconstructscanenhancetheunderstandingofprecisedeterminantsfor
m-HealthservicesinBangladesh.Finally,futureresearcheffortscanusealternatemodelstoexplore
additionalconstructsthatcanshapethebehavioralintentionfortheuseofm-Healthservices.
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