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ABSTRACT

This study investigates organizations’ intention to use the industrial metaverse. The unified theory 
of acceptance and use of technology (UTAUT) is used as an underpinning theory to examine the 
impact of performance expectancy, effort expectancy, social influence, and facilitation condition 
on the intention to use the industrial metaverse. The results of this study reveal that performance 
expectancy, social influence, and facilitating conditions significantly influence the intention to use the 
industrial metaverse. Moreover, the intention to use the industrial metaverse significantly influences 
organizational agility and firm performance. Further, the results of moderation hypotheses indicate 
that the impact of both performance expectancy and social influence on intention to use the industrial 
metaverse varies at high and low levels of firm innovativeness. The study’s findings will enrich the 
metaverse literature. Further, it provides a deeper understanding of industrial metaverse adoption from 
a B2B perspective using the underpinnings of UTAUT. The study helps organizations understand the 
enablers of industrial metaverse usage intention.
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1. INTROdUCTION

Recent technology developments have undeniably had a profound impact on the way individuals 
think and behave (Kumar & Shankar, 2023). Consumers have become more receptive to adopting 
new technologies (Shankar et al., 2023; Kumari & Kumar, 2023). Consumers today are generally 
more comfortable and familiar with technology than in the past (Lashitew, 2023). One of the biggest 
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reasons for the same is the increasing internet and digital device penetration that has created a 
tech-savvy consumer base (Srivastava et al., 2023). Consumers increasingly expect personalized 
experiences from emerging technologies (Flavián et al., 2019). They seek products and services 
that cater to their unique preferences and lifestyles (Tom Dieck & Han, 2022). Therefore, emerging 
technologies such as artificial intelligence (AI), machine learning, big data analytics, virtual reality, 
augmented reality, and mixed reality enable companies to gather and analyze consumer data to deliver 
personalized recommendations that offer consumers immersive and interactive experiences (Ameen 
et al., 2021; Chylinski et al., 2020; Flavián et al., 2019; Holmlund et al., 2020). One such upcoming 
immersive technology is the metaverse. The metaverse has gained recognition as the upcoming 
era of social interactions, offering a unique environment where individuals can “exist” within the 
framework established by its creator (Hwang & Chien, 2022). This concept encompasses a world 
that can be entirely or partially virtual (Avila, 2017). It could take the form of a fully immersive 
virtual reality system or incorporate augmented reality elements within real-world settings (Kozinets, 
2022). Within the metaverse, people have the opportunity to participate in a range of social activities 
(Allam et al., 2022). However, several reports suggest that the metaverse’s real potential and use cases 
lie in the industrial setting (B2B) rather than the consumer setting (B2C) (Financial Times, 2023). 
The industrial version of the metaverse is the industrial or enterprise metaverse. The industrial or 
enterprise metaverse is a technologically advanced virtual ecosystem tailored for industrial applications 
by merging data, AI, and digital representations of physical assets and processes (Kshetri, 2023; 
McKinsey & Company, 2022a).

According to ABI Research, the industrial metaverse market is set to reach a significant size 
of $100 billion by 2030. This figure surpasses the combined market value of both the consumer 
metaverse ($50 billion) and the enterprise metaverse ($30 billion) (VentureBeat, 2022). Moreover, 
other projections indicate an even more significant economic impact, with Microsoft’s COO, Judson 
Althoff, stating that the industrial metaverse’s market opportunity could exceed $200 billion by 2030 
(SdxCentral, 2022). Lastly, a survey conducted by McKinsey & Company (2022b) revealed that 
about 57% of the organizations aware of metaverse say they will adopt the technology in the near 
future. The above statistics clearly reveal the positive intent the organizations are keeping towards 
the industrial metaverse.

Despite the growing interest in the concept of the industrial metaverse and its potential impact 
in the B2B context, there remains a notable literature gap in research specifically focused on 
the adoption of the metaverse in businesses and its influence on organizational agility and firm 
performance. One prominent research gap pertains to the lack of comprehensive studies that delve 
into the specific factors influencing the adoption of the industrial metaverse across diverse sectors. 
Furthermore, exploring user experiences and perceptions of the industrial metaverse remains relatively 
unexplored. While some studies have explored the adoption of social media (Ahmad et al., 2019), 
business intelligence systems (Popovič et al., 2019), AI-CRM (Chatterjee et al., 2022), retail 4.0 
(Sakrabani & Teoh, 2021) and e-procurement systems (Chang & Wong, 2010) in isolation, there is 
a scarcity of comprehensive research that systematically investigates the metaverse’s integration in 
the organization and its subsequent effects on organizational outcomes. Moreover, the intention to 
use the industrial metaverse may enable the firms to quickly detect and respond to opportunities and 
threats, which acts as a critical antecedent to organizational agility. Therefore, agile organizations 
can effectively align and integrate digital capabilities to embrace metaverse technologies and enhance 
their overall performance (Ciampi et al., 2022). For instance, a report reveals that enterprises that 
have implemented industrial metaverse applications are witnessing significant advantages in terms 
of curbing capital expenditures (15%), enhancing sustainability (10%), and elevating safety standards 
(9%) in comparison to their competitors (ET Telecom, 2023).

Therefore, the authors believe that it is a timely effort to examine how the industrial metaverse can 
enhance firm performance using the underpinnings of UTAUT. Further, this research also attempts 
to understand the adoption intention towards the industrial metaverse in the business-to-business 
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(B2B) context. The above arguments highlight a significant literature gap. Therefore, this research 
answers the following research questions:

RQ1. What factors are responsible for the intention to use the industrial metaverse?
RQ2. How does the intention to use the industrial metaverse influence firm performance?
RQ3. Does firm innovativeness play a critical role in the intention to use the industrial metaverse?
RQ4. What are the most important variables responsible for the intention to use the industrial 

metaverse?

The study offers several theoretical and practical implications. Theoretically, the study enriches 
the industrial or enterprise metaverse literature. The study examines the influence of metaverse 
adoption on organizational agility and firm performance, thereby contributing to the agility and 
firm performance literature. The study also contributes to the literature pertaining to the UTAUT 
framework. Practically, this study provides a roadmap to the organizations for inducing the metaverse 
technology into their organizational setup. Also, the study will be helpful for top leadership managers 
in understanding what are the crucial variables that may influence the acceptance towards industrial 
metaverse technology. The remainder of the article is organized as follows. Section 2 highlights the 
underpinnings theory, followed by a literature review and hypotheses development in Section 3. 
Sections 4–5 focus on methodology and results. Further, Section 6 and 7 highlights the discussion 
and implication section. Finally, Section 8 elaborates on limitations and future research directions.

2. UNdERPINNING THEORy

UTAUT is a comprehensive framework in the field of technology adoption (Venkatesh et al., 2003). 
Developed by Venkatesh et al. (2003), the UTAUT synthesizes and extends existing technology 
acceptance theories, such as the Technology Acceptance Model (Davis, 1986), the Theory of 
Reasoned Action (Fishbein, 1979), and the Theory of Planned Behavior (Ajzen, 1991). The UTAUT 
framework aims to explain and predict individuals’ intentions to use a particular technology (Chatterjee 
et al., 2021). The UTAUT framework comprises four critical antecedents of technology adoption: 
performance expectancy, effort expectancy, social influence, and facilitating conditions, which 
collectively influence users’ behavioural intentions and actual technology usage (Venkatesh et al., 
2003). UTAUT has been used to investigate behavioural intentions towards upcoming technologies 
in various contexts, such as e-learning systems (Abbad, 2021), mobile payments (Al-Saedi et al., 
2020), virtual reality (Huang, 2023), e-health (Arfi et al., 2021), AI-CRM systems (Chatterjee et al., 
2021), wearable devices (Wang et al., 2020), mobile banking (Jadil et al., 2021), and electric vehicles 
adoption (Jain et al., 2022). Therefore, this study also adopts the UTAUT framework to examine the 
behavioural intentions towards the industrial metaverse (see figure 1), as UTAUT has successfully 
provided consistent results with context to other emerging technologies.

3. LITERATURE REVIEw ANd HyPOTHESES dEVELOPMENT

3.1. Industrial Metaverse 
The concept of the industrial metaverse pertains to a sector within the metaverse framework that 
emulates and replicates real-world machinery, factories, urban areas, transportation systems, and 
intricate systems (Kshetri, 2023). This segment will provide participants with completely engrossing, 
up-to-the-moment, interactive, continuous, and synchronized portrayals and simulations of the actual 
world (MIT Technology Review, 2023). This novel realm will be constructed using existing and 
evolving technologies such as digital twins, artificial intelligence, machine learning, extended reality, 
blockchain, as well as cloud and edge computing (Wang & Zhao, 2022). These components will 
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amalgamate to establish a robust interface that bridges the gap between the physical and the digital 
realm, resulting in an outcome surpassing its individual constituents’ collective impact (Bhattacharya 
et al., 2023). The industrial metaverse is poised to transform conventional work methodologies while 
concurrently introducing substantial novel value to businesses and societies at large (Ricci et al., 
2023). However, despite the potential industrial metaverse holds, there have been very few attempts 
in the literature to examine the phenomenon. Further, as per the author’s knowledge, this study is 
one of the pioneers in empirically understanding organizational sentiments towards the industrial 
metaverse. Therefore, the authors believe that understanding the organizational perspective towards 
the industrial metaverse using the UTAUT framework (performance expectancy, effort expectancy, 
social influence and facilitating conditions) enriches the literature as no study, as per the author’s 
knowledge, examined the behavioural outcomes towards the industrial metaverse.

3.2. Hypotheses development
3.2.1. Performance Expectancy
Performance expectancy refers to the user’s belief and perception regarding the extent to which 
adopting and using a particular technology will enhance their overall performance and productivity 
(Tamilmani et al., 2021; Venkatesh et al., 2003). The literature suggests that performance expectancy 
significantly affects organizational behaviour and their decision-making processes (Chaudhary & 
Suri, 2018). Positive perceptions about the technology’s potential benefits drive the organization’s 
willingness to explore and invest in its implementation (Arpaci et al., 2022; Kwateng et al., 2018). 
For instance, Arpaci et al. (2022) revealed that performance expectancy has a positive influence on 
behavioural intention towards the metaverse. A technology with high-performance expectancy is more 
likely to gain alignment and support from various organizational departments and stakeholders, which 
leads to its adoption (Duarte & Pinho, 2019). Hence, the authors propose the following hypotheses:

H1: Performance expectancy significantly influences the intention to use industrial metaverse

3.2.2 Effort Expectancy
Effort expectancy refers to the user’s perception of the ease and simplicity with which they can use 
a particular technology to accomplish their tasks or goals (Venkatesh et al., 2003). Researchers and 
practitioners recognize the critical role of effort expectancy in shaping technology adoption rates 
and usage behaviour (Arpaci et al., 2022; Gupta & Arora, 2020). Users who find technology easy 
to use and less complicated are more likely to express a higher intention to adopt it (Gursoy et al., 
2019). The perceived simplicity and convenience encourage users to explore and adopt the technology 
(Do Nam Hung et al., 2019). On the other hand, if users perceive technology as difficult to use or 
requiring a steep learning curve, it may result in resistance to change and lower intentions to adopt 
the technology (Rahi et al., 2019). Hence, the authors propose the following hypotheses:

H2: Effort expectancy significantly influences the intention to use industrial metaverse

3.2.3. Social Influence
Social influence refers to the impact of social factors and the influence of others on an individual’s 
decision to adopt and use a particular technology (Garone et al., 2019; Venkatesh et al., 2003). Social 
influence can create a sense of peer pressure, where individuals may feel compelled to adopt the 
technology to fit in with their social group or maintain social connections (Joa & Magsamen-Conrad, 
2022). Social influence shapes perceived norms about technology adoption within a social group 
(Malik, 2022). If the technology is widely accepted and used by competitors, it can create a social norm 
that encourages other organizations to adopt that particular technology (Abbad, 2021). The prevailing 
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organizational culture and social norms regarding technology adoption can influence employees’ 
behavioural intentions (Chen et al., 2023). Hence, the authors propose the following hypotheses:

H3: Social influence significantly influences the intention to use industrial metaverse

3.2.4. Facilitating Conditions
Facilitating conditions refer to the extent of support and resources available to users within their 
organizational and technological environment that facilitate adopting and using a specific technology 
(Arpaci et al., 2022; Venkatesh et al., 2003). The literature highlights facilitating conditions as one of 
the crucial variables in understanding organizational intentions to adopt and utilize new technology 
(Abbad, 2021; Congo & Choi, 2022). High facilitating conditions signal to employees that the 
organization is prepared and committed to supporting the technology adoption process (Chatterjee et 
al., 2020). This readiness fosters a positive attitude among employees and encourages them to adopt 
the new technology (Duarte & Pinho, 2019). Further, a supportive infrastructure and facilitating 
conditions can enhance overall organizational efficiency (Vairetti et al., 2019). Hence, the authors 
propose the following hypotheses:

H4: Facilitating conditions significantly influence the intention to use industrial metaverse

3.2.5. Organizational Agility
Organizational agility is the ability of a company to handle fast and unpredictable changes and 
flourish in a competitive and ever-changing environment (Wamba, 2022; Cheng et al., 2020). Agile 
organizations are adept at thriving in dynamic and complex situations (Darvishmotevali et al., 2020). 
They can quickly adapt by introducing new methods and even restructuring when needed (Bi et 
al., 2014). Organizational agility focuses on meeting customer demands, innovating new products, 
forming strategic partnerships, and making tough decisions about existing alliances (Arsawan et al., 
2022). It involves understanding the organizational environment to seize opportunities that arise 
(Xie et al., 2022). Agile organizations’ willingness to experiment and take risks can lead to the early 
adoption of innovative technologies, providing them with a competitive advantage and staying ahead 
in the market (Darvishmotevali et al., 2020). Further, agile organizations quickly adapt to changing 
market conditions and customer needs (Al-Omoush et al., 2020). Also, agile organizations position 
themselves for long-term success and sustainability in dynamic and evolving markets, enhancing firm 
performance. Therefore, the industrial metaverse has the potential to create a sense of organizational 
agility, which may enhance the firm performance. Hence, the authors propose the following hypotheses:

H5: Intention to use industrial metaverse significantly influences the organizational agility of the firm
H6: The organizational agility of the firm significantly influences the firm performance

3.2.6. Firm Performance
Firm performance refers to evaluating how effectively a company utilizes and integrates a specific 
technology into its operations and processes (Hoque et al., 2023; Lin et al., 2020). Firm performance 
is measured by how much the technology contributes to achieving the company’s strategic objectives 
and enhances its overall performance (Quan, 2008). Therefore, adopting the right technologies can 
streamline and automate processes, which leads to increased efficiency and productivity (Nugroho et 
al., 2022; Lin et al., 2020). This automation can help reduce manual tasks, which would help optimize 
the workflow (Sheel & Nath, 2019). Various studies have shown that technology can improve business 
processes and performance (Hasani et al., 2023; Chang & Wong, 2010; McWilliams & Siegel, 
2000). Similarly, the industrial metaverse can also enhance firm performance by providing access 
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to real-time data and analytics, enabling informed decision-making. Hence, the authors propose the 
following hypotheses:

H7: Intention to use industrial metaverse significantly influences the firm performance

3.2.7 Moderating Role of Firm Innovativeness
In an organization, firm innovativeness is a critical factor that drives innovation at the organizational 
level (Geng et al., 2022; Tsai & Yang, 2013). It refers to the organization’s openness and willingness 
to embrace new ideas and promote innovation within its culture (Chatman & Cha, 2003). Firm 
innovativeness reflects the organization’s innovative culture, encouraging employees to generate 
fresh ideas (Menguc & Auh, 2006). While prior literature defines firm innovativeness based on the 
outcomes of innovation, this study highlights that it is more about fostering a culture that inspires 
employees to experiment (Yousaf et al., 2020). An innovative firm motivates employees to explore 
new possibilities, take bold actions, and drive progress through continuous innovation (Geng et al., 
2022). Therefore, highly innovative organizations are more likely to proactively adopt and embrace 
new technologies (Augusto & Coelho, 2009). Hence, the authors propose the following hypotheses:

H8: Firm innovativeness significantly moderates the effect of a) performance expectancy, b) effort 
expectancy, c) social influence, d) facilitating conditions on intention to use industrial metaverse

4. RESEARCH METHOd

4.1. Measures development
The questionnaire was developed using items obtained from previous literature, however, we ensure 
that the items suit the context of the study. Specifically, the variables and the sources of items used 
to measure them were performance expectancy (four items), effort expectancy (four items), social 
influence (three items), facilitating conditions (four items), intention to use (three items) from 
Venkatesh et al. (2012); organizational agility (six items) from Wamba (2022); firm performance 
(six items) from Wamba (2022) and Sheel & Nath (2019); and firm innovativeness from Tsai & 
Yang (2013). The participants were asked to express their level of agreement or disagreement with 

Figure 1. Proposed framework
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statements that assessed the variables in the research model. This was done using a 5-point Likert 
scale, where “Strongly agree” was assigned a value of 5 and “Strongly disagree” was assigned a 
value of 1. A panel of subject matter experts, consisting of two professors of information systems 
and two professors of marketing area, has chosen to conduct content testing on the survey instrument. 
Additionally, a pilot survey with 40 participants was conducted. Minor changes to the questionnaire 
were made after receiving feedback from the pilot study and expert group.

4.2. Sampling and Questionnaire Administration
An online structured survey was created on Qualtrics (See Appendix 1). We have approached a 
market research agency for the list of production and operation managers with their email details. 
A list of 3000 production and operation managers was received, and systematic random sampling 
for approaching every 5th manager through email from the list received. A reminder mail was sent 
after one week to fill in the responses. To guarantee the sample’s relevance to our study, a screening 
question was asked: “Are you aware of industrial metaverse?” and “Is your organization willing 
to use industrial metaverse in future?” Participants who responded affirmatively to the screening 
question were allowed to continue with the remaining survey sections. The questionnaire was sent to 
600 respondents, and 352 responses were received. Further, we discarded 47 incomplete responses. 
Therefore, we discarded those responses and were left with 305 (39.6% female) for further analysis. 
Most respondents belong to the 35-45 age group (39%), following the 25-35 age group (26%). 
Approximately 18% of responses belong to the 45-55 age group, and the rest of the respondents 
belong to above 55 years and below 25 age groups.

5. RESULTS

5.1. Reliability and Validity of the Measurement Model
We conducted a confirmatory factor analysis (CFA) for all the considered variables, resulting in 
a satisfactory model fit (χ2 /df = 2.62, Tucker–Lewis Index= 0.92, comparative fit index = 0.96, 
goodness-of-fit index = 0.97, and the RMSEA= 0.06). All items showed sufficient reliability, such 
as composite reliability (CR) values greater than the standard threshold of 0.70 (Hair et al., 2010). 
Convergent validity was demonstrated by all items with mean extraction (AVE) values greater than 
the recommended threshold of 0.50 (Fornell & Larcker, 1981). Furthermore, the discriminatory 
validity of each construct was maintained, as all individual construct correlation values were less 
than 0.8 with other constructs (Fornell & Larcker, 1981). Notably, the correlation values between 
the constructs are less than the square root of the AVE values for each construct, demonstrating 
discriminant validity (see Tables 1 and 2).

5.2. Common Method Bias (CMB) 
We used various methods to check common method bias. One of the methods included items assessing 
a marker variable conceptually unrelated to other variables in the survey (Lindell & Whitney, 2001). 
The marker variable had a poor correlation with the other constructs in the research, but the correlation 
matrix between the marker and the other variables was statistically significant after controlling for 
CMB. Consequently, CMB cannot explain the outcomes. Further, Harman’s one-factor test (HFT) was 
used to assess the presence of common method bias. The findings of HFT revealed that one-factor 
items explained less than the recommended threshold value of 50% of the variation, i.e., 32.71%. 
This indicates that the study shows no risk of CMB.

5.3 Hypothesis Testing
The structural equation model (CB-SEM) using AMOS 25 was conducted to evaluate the relationship 
proposed in the research framework. The result of path analysis (see Table 3) indicates that performance 
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Table 1. Measurement model

Variables and items FL ALPHA AVE CR
Performance expectancy (Venkatesh et al., 2012) 0.851 0.629 0.865

PE1 0.594

PE2 0.565

PE3 0.969

PE4 0.953

Effort expectancy (Venkatesh et al., 2012) 0.938 0.788 0.936

EE1 0.792

EE2 0.985

EE3 0.775

EE4 0.978

Social influence (Venkatesh et al., 2012) 0.750 0.521 0.761

SI1 0.807

SI2 0.775

SI3 0.558

Facilitating conditions (Venkatesh et al., 2012) 0.914 0.727 0.914

FC1 0.894

FC2 0.873

FC3 0.828

FC4 0.814

Intention to use industrial metaverse (Venkatesh et al., 2012) 0.784 0.548 0.784

INT1 0.721

INT2 0.729

INT3 0.771

Organizational agility (Wamba, 2022) 0.881 0.555 0.881

OA1 0.805

OA2 0.786

OA3 0.821

OA4 0.694

OA5 0.688

OA6 0.662

Firm performance (Wamba, 2022; Sheel & Nath, 2019) 0.963 0.745 0.945

FP1 0.805

FP2 0.994

FP3 0.787

FP4 0.796

FP5 0.991

FP6 0.776

Firm innovativeness (Tsai & Yang, 2013) 0.844 0.717 0.883

FI1 0.839

FI2 0.826

FI3 0.875

Notes: AVE= Average variance extracted, CR= Composite reliability, FL= Factor loading
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expectancy (Effect= 0.410, p<0.001), social influence (Effect= 0.164, p<0.01) and facilitating 
conditions (Effect= 0.221, p<0.01) are significantly associated with intention to use industrial 
metaverse. Therefore, H1, H3, and H4 are supported. Moreover, the intention to use industrial 
metaverse is significantly associated with organizational agility (Effect= 0.368, p<0.001) and firm 
performance (Effect= 0.234, p<0.01). Therefore, H5 and H7 are supported. However, the association 
between effort expectancy (Effect= -0.084, p˃0.05) and intention to use the industrial metaverse is not 
significant. Therefore, H2 was not supported. Also, the relationship between organizational agility 
(Effect= -0.017, p˃0.05) and intention to use the industrial metaverse was not significant. Hence, 
H6 was not supported. The R2 value for intention to use the industrial metaverse is 0.248, indicating 
that the predictor variables adequately explain the proposed conceptual model. The goodness-of-fit 
indices indicate that the model fit is acceptable (CMIN/DF = 2.58 (p<0.001), CFI= .91, GFI= .94, 
TLI= .92, RMSEA= .06) (Hair et al., 2010).

5.4 Moderation Analysis
To test the moderation hypotheses, we used bootstrap estimates from 5000 samples using Model 
1 in Process Macro (Hayes, 2013). Table 4 shows that the influence of performance expectancy 
(Effect= 0.113; LLCI= 0.045, ULCI= 0.182) and social influence (Effect= -0.094; LLCI= -0.182, 
ULCI= -0.006) towards intention to use the industrial metaverse is significantly moderated by firm 
innovativeness, thereby supporting H8a and H8c. However, the influence of effort expectancy 
(Effect= -0.058; LLCI= -0.131, ULCI= 0.015) and facilitating conditions (Effect= -0.016; LLCI= 

Table 2. Discriminant validity

Variables 1 2 3 4 5 6 7 8

1. Performance expectancy 0.793

2. Effort expectancy 0.290 0.888

3. Social influence 0.174 0.136 0.722

4. Facilitating conditions 0.266 0.310 0.196 0.853

5. Intention to use industrial metaverse 0.414 0.136 -0.048 0.255 0.740

6. Organizational agility 0.285 0.165 -0.005 0.376 0.329 0.745

7. Firm performance 0.175 0.022 -0.046 0.121 0.208 0.069 0.863

8. Firm innovativeness 0.321 0.281 0.136 0.439 0.406 0.247 0.136 0.847

Notes: Diagonal value represents √AVE

Table 3. Direct relationship

Path Beta SE

Performance expectancy → Intention to use industrial metaverse 0.410*** 0.071

Effort expectancy → Intention to use industrial metaverse -0.018ns 0.051

Social influence → Intention to use industrial metaverse 0.164** 0.059

Facilitating conditions → Intention to use industrial metaverse 0.221** 0.052

Intention to use industrial metaverse → Organizational agility 0.368*** 0.102

Organizational agility → Firm performance -0.017ns 0.071

Intention to use industrial metaverse → Firm performance 0.234** 0.111

Note: *** implies p is less than 0.001; ** implies p is less than 0.01; * implies p is less than 0.05; ns implies not significant
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-0.095, ULCI= 0.064) towards intention to use the industrial metaverse is not significantly moderated 
by firm innovativeness. Hence, rejecting H8b and H8d. Table 5 highlights the high and low levels 
of moderation results.

5.5. Artificial Neural Network (ANN) Analysis
Further, based on SEM, we ranked the normalised relevance of the crucial predictors using artificial 
neural networks (ANN). In the following step, the input neurons for the ANN model were derived 
from the significant variables identified in the CB-SEM path analysis (see Figure 2). IBM SPSS was 
used to perform ANN. ANN has the capability to identify the non-linear relationships in the model 
with the help of a “black box” solution. A sensitivity analysis was conducted to assess the predictive 
capacity of each input neuron by normalizing the relative weight of each neuron to its maximum 
value and expressing the outcome as a percentage. The findings in Table 6 reveal that performance 
expectancy (100%) is the most important predictor of intention to use the industrial metaverse. Further, 
the normalised importance of independent variables is followed by facilitating conditions (34.4%) 
and social influence (20.6%), respectively.

6. dISCUSSION

The present paper attempted to investigate the association between UTAUT variables and the intention 
to use the industrial metaverse. Prior literature has examined the effect of UTUAT variables on various 
behavioural outcomes (Arfi et al., 2021; Chatterjee et al., 2021; Jadil et al., 2021). Nevertheless, scant 

Table 4. Moderation analysis (Firm innovativeness)

Path (Moderating effect of firm innovativeness) Effect SE LLCI ULCI

Performance expectancy → Intention to use industrial metaverse 0.113 0.035 0.045 0.182

Effort expectancy → Intention to use industrial metaverse -0.058 0.037 -0.131 0.015

Social influence → Intention to use industrial metaverse -0.094 0.045 -0.182 -0.006

Facilitating conditions → Intention to use industrial metaverse -0.016 0.040 -0.095 0.064

Table 5. Moderation effects at low and high levels

Path (Moderating effect of firm innovativeness) Level Effect SE LLCI ULCI

Performance expectancy → Intention to use industrial metaverse Low 0.168 0.052 0.065 0.271

High 0.394 0.055 0.286 0.502

Social influence → Intention to use industrial metaverse Low 0.128 0.069 -0.007 0.263

High -0.060 0.069 -0.197 0.076

Table 6. Sensitivity analysis

Variable Importance Normalized Importance

Performance expectancy 0.654 100.0%

Facilitating conditions 0.212 32.4%

Social influence 0.135 20.6%
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efforts were made to examine the empirical linkage between UTAUT variables and industrial metaverse 
adoption intention. Therefore, this research proposed to address this gap using the UTAUT framework.

The findings of this study reveal that performance expectancy, social influence and facilitating 
conditions are significant predictors of intention to use the industrial metaverse, which is consistent 
with the prior literature in other contexts (Chatterjee et al., 2021; Jadil et al., 2021).

A few probable reasons for the above results may be that organizations perceive that using the 
industrial metaverse will have a visible and measurable impact on their job performance, enhancing 
their overall productivity (Sjakir et al., 2015). Therefore, organizations believe that the industrial 
metaverse will enable them to achieve tasks more effectively and deliver higher-quality results. Further, 
many organizations are already investing billions into their metaverse space, which creates a sense 
of pressure to adopt the technology as soon as possible (McKinsey & Company, 2022a). Finally, 
organizations feel confident they have the competence to use the industrial metaverse effectively. 
Organizations find it convenient to adopt the technology as it fits naturally into their workflow. Further, 
contrary to the prior literature in other contexts (Al-Saedi et al., 2020; Wang et al., 2020; Venkatesh et 
al., 2003), effort expectancy does not significantly influence intention to use the industrial metaverse. 
One of the probable reasons for this result may be attributed to the adequate training and ongoing 
support provided to users during the adoption process, which mitigated the perceived challenges or 
complexities of using metaverse.

The study results have highlighted that intention to use the industrial metaverse was a statistically 
significant predictor of organizational agility and firm performance. Embracing the industrial 
metaverse indicates a proactive approach to innovation and adaptability, leading to improved 
organizational agility. Technology integration likely enhances operational efficiency, contributing to 
organizational responsiveness (Wamba, 2022). Furthermore, leveraging the metaverse’s capabilities 
may improve productivity which may positively impact overall firm performance. This strong 

Figure 2. Artificial neural network diagram
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relationship underscores the importance of industrial metaverse adoption in driving organizational 
success. Moreover, the results revealed that organizational agility was not associated with firm 
performance. One probable reason for this result could be the newness of the technology, and the true 
potential may have yet to be realized. Therefore, although organizations embrace agility in adopting 
the technology, the overall impact on firm performance may not be fully evident.

Similarly, consistent with prior literature (Ranjan & Nayak, 2023; Rahman et al., 2020), the 
moderating effect of firm innovativeness was found to be significant. In addition, the effect of 
performance expectancy and social influence on intention to use the industrial metaverse varies at high 
and low levels of firm innovativeness. Therefore, firms with a high degree of innovation culture within 
their organizations are likelier to adopt the industrial metaverse than those with low innovativeness.

7. IMPLICATIONS

7.1. Theoretical Implications
The study offers many theoretical implications. The current study is pioneering research examining 
behavioural intentions towards the industrial metaverse. The findings shed light on the key determinants 
that shape employees’ attitudes and behaviours towards adopting this cutting-edge technology. Overall, 
the results contribute valuable insights to the field of technology acceptance and provide practical 
implications for organizations aiming to harness the potential of the industrial metaverse. The results of 
this research enrich the existing literature on UTAUT by providing empirical evidence that supports the 
framework. The UTAUT framework brings together crucial determinants influencing an individual’s 
intention to adopt and use technology (Venkatesh et al., 2003). UTAUT has been extended and adapted 
to different contexts, making it a foundational model for researchers and practitioners to investigate 
and understand the factors that drive technology acceptance and usage among consumers (Arpaci 
et al., 2022; Duarte & Pinho, 2019; Chaudhary & Suri, 2018; Kwateng et al., 2018). Therefore, the 
findings of this study show that performance expectancy, social influence and facilitating conditions 
are significant factors that enhance the intention to use the industrial metaverse. Further, as per the 
authors’ knowledge, no study identified the significant variables associated with the intention to use 
the industrial metaverse. Therefore, this study contributes significantly to the literature by investigating 
a novel phenomenon. The study also contributes to the technology adoption literature. Finally, this 
study contributes to the firm innovativeness literature by investigating the moderating effect of firm 
innovativeness in the B2B context.

7.2. Practical Implications
The present research also offers several managerial implications. The findings of this study will 
help managers and organizations’ leadership understand the factors associated with the intention 
to use the industrial metaverse. The findings of this study reveal performance expectancy, social 
influence and facilitating conditions to be the significant predictors of intention to use the industrial 
metaverse. To enhance the influence of performance expectancy, organizations should run small-
scale pilot projects to demonstrate tangible outcomes and success stories of the industrial metaverse. 
Further, the achievements and positive results achieved through using the industrial metaverse could 
be highlighted in front of the employees. To enhance social influence, organizations should identify 
and encourage “champions” and early adopters of the technology within their organizations. These 
individuals can act as advocates and help influence their peers positively. Also, organizations should 
allocate adequate resources to build technology infrastructure to successfully adopt the industrial 
metaverse. Organizations should implement effective data management practices to handle the vast 
amount of data generated within the metaverse. This includes data storage, security, and analytics 
capabilities. This would also help organizations address data privacy concerns by implementing 
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robust security measures. Also, organizations should ensure compliance with relevant regulations to 
safeguard sensitive information within the metaverse.

Finally, the intention to use the industrial metaverse positively influences organizational agility and 
firm performance. Therefore, organizations should ensure that the technology supports and enhances 
agility initiatives which contribute directly to improving firm performance (Al-Omoush et al., 2020). 
Further, organizations should implement virtual product development and prototyping processes 
within the metaverse. This can significantly reduce development timelines and costs, which leads to 
enhancing overall firm performance. The study results also reveal firm innovativeness as a significant 
moderator. Therefore, organizations should inculcate a culture of innovation within the firm (Tsai 
& Yang, 2013). Further, collaboration across departments and teams is encouraged to foster diverse 
perspectives and ideas. Finally, organizations should ensure that top leadership actively supports 
and participates in innovation initiatives by allocating resources and budgets for innovation projects.

8. LIMITATIONS ANd FUTURE RESEARCH dIRECTIONS

Despite the implications provided by the present study, this research suffers from a few limitations. This 
study uses cross-sectional data. However, future researchers could use longitudinal data to examine 
the proposed framework of pre-adoption and post-adoption of the industrial metaverse. The present 
study examines the intention to use the industrial metaverse using the UTAUT framework; however, 
future researchers could also include status quo bias theory into the framework to see which factors 
could act as a resistance to the adoption behaviour. Future researchers could also extend the given 
framework by using the dual-factor model theory, which would help the researchers to identify the 
trade-off between benefits and risks while adopting the industrial metaverse in their organizations. 
Finally, the present study was performed in the B2B context, and future researchers could examine 
the same framework in the B2C context.



Journal of Global Information Management
Volume 31 • Issue 8

14

REFERENCES

Abbad, M. M. (2021). Using the UTAUT model to understand students’ usage of e-learning systems in developing 
countries. Education and Information Technologies, 26(6), 7205–7224. doi:10.1007/s10639-021-10573-5 
PMID:34025204

Ahmad, S. Z., Abu Bakar, A. R., & Ahmad, N. (2019). Social media adoption and its impact on firm performance: 
The case of the UAE. International Journal of Entrepreneurial Behaviour & Research, 25(1), 84–111. 
doi:10.1108/IJEBR-08-2017-0299

Ajzen, I. (1991). The theory of planned behavior. Organizational Behavior and Human Decision Processes, 
50(2), 179–211. doi:10.1016/0749-5978(91)90020-T

Al-Omoush, K. S., Simón-Moya, V., & Sendra-García, J. (2020). The impact of social capital and collaborative 
knowledge creation on e-business proactiveness and organizational agility in responding to the COVID-19 crisis. 
Journal of Innovation & Knowledge, 5(4), 279–288. doi:10.1016/j.jik.2020.10.002

Al-Saedi, K., Al-Emran, M., Ramayah, T., & Abusham, E. (2020). Developing a general extended UTAUT model 
for M-payment adoption. Technology in Society, 62, 101293. doi:10.1016/j.techsoc.2020.101293

Allam, Z., Sharifi, A., Bibri, S. E., Jones, D. S., & Krogstie, J. (2022). The metaverse as a virtual form of smart 
cities: Opportunities and challenges for environmental, economic, and social sustainability in urban futures. 
Smart Cities, 5(3), 771–801. doi:10.3390/smartcities5030040

Ameen, N., Tarhini, A., Reppel, A., & Anand, A. (2021). Customer experiences in the age of artificial intelligence. 
Computers in Human Behavior, 114, 106548. doi:10.1016/j.chb.2020.106548 PMID:32905175

Arfi, W. B., Nasr, I. B., Kondrateva, G., & Hikkerova, L. (2021). The role of trust in intention to use the IoT 
in eHealth: Application of the modified UTAUT in a consumer context. Technological Forecasting and Social 
Change, 167, 120688. doi:10.1016/j.techfore.2021.120688

Arpaci, I., Karatas, K., Kusci, I., & Al-Emran, M. (2022). Understanding the social sustainability of the Metaverse 
by integrating UTAUT2 and big five personality traits: A hybrid SEM-ANN approach. Technology in Society, 
71, 102120. doi:10.1016/j.techsoc.2022.102120

Arsawan, I. W. E., De Hariyanti, N. K., Atmaja, I. M. A. D. S., Suhartanto, D., & Koval, V. (2022). Developing 
organizational agility in SMEs: An investigation of innovation’s roles and strategic flexibility. Journal of Open 
Innovation, 8(3), 149. doi:10.3390/joitmc8030149

Augusto, M., & Coelho, F. (2009). Market orientation and new-to-the-world products: Exploring the moderating 
effects of innovativeness, competitive strength, and environmental forces. Industrial Marketing Management, 
38(1), 94–108. doi:10.1016/j.indmarman.2007.09.007

Avila, S. (2017). Implementing augmented reality in academic libraries. Public Services Quarterly, 13(3), 
190–199. doi:10.1080/15228959.2017.1338541

Bhattacharya, P., Saraswat, D., Savaliya, D., Sanghavi, S., Verma, A., Sakariya, V., Tanwar, S., Sharma, R., 
Raboaca, M. S., & Manea, D. L. (2023). Towards future internet: The metaverse perspective for diverse industrial 
applications. Mathematics, 11(4), 941. doi:10.3390/math11040941

Bi, R., Davidson, R., Kam, B., & Smyrnios, K. (2013). Developing organizational agility through IT and 
supply chain capability. [JGIM]. Journal of Global Information Management, 21(4), 38–55. doi:10.4018/
jgim.2013100103

Chang, H. H., & Wong, K. H. (2010). Adoption of e-procurement and participation of e-marketplace on firm 
performance: Trust as a moderator. Information & Management, 47(5-6), 262–270. doi:10.1016/j.im.2010.05.002

Chatman, J. A., & Cha, S. E. (2003). Leading by leveraging culture. California Management Review, 45(4), 
20–34. doi:10.2307/41166186

Chatterjee, S., Chaudhuri, R., & Vrontis, D. (2022). AI and digitalization in relationship management: 
Impact of adopting AI-embedded CRM system. Journal of Business Research, 150, 437–450. doi:10.1016/j.
jbusres.2022.06.033

http://dx.doi.org/10.1007/s10639-021-10573-5
http://www.ncbi.nlm.nih.gov/pubmed/34025204
http://dx.doi.org/10.1108/IJEBR-08-2017-0299
http://dx.doi.org/10.1016/0749-5978(91)90020-T
http://dx.doi.org/10.1016/j.jik.2020.10.002
http://dx.doi.org/10.1016/j.techsoc.2020.101293
http://dx.doi.org/10.3390/smartcities5030040
http://dx.doi.org/10.1016/j.chb.2020.106548
http://www.ncbi.nlm.nih.gov/pubmed/32905175
http://dx.doi.org/10.1016/j.techfore.2021.120688
http://dx.doi.org/10.1016/j.techsoc.2022.102120
http://dx.doi.org/10.3390/joitmc8030149
http://dx.doi.org/10.1016/j.indmarman.2007.09.007
http://dx.doi.org/10.1080/15228959.2017.1338541
http://dx.doi.org/10.3390/math11040941
http://dx.doi.org/10.4018/jgim.2013100103
http://dx.doi.org/10.4018/jgim.2013100103
http://dx.doi.org/10.1016/j.im.2010.05.002
http://dx.doi.org/10.2307/41166186
http://dx.doi.org/10.1016/j.jbusres.2022.06.033
http://dx.doi.org/10.1016/j.jbusres.2022.06.033


Journal of Global Information Management
Volume 31 • Issue 8

15

Chatterjee, S., Rana, N. P., Khorana, S., Mikalef, P., & Sharma, A. (2021). Assessing organizational users’ 
intentions and behavior to AI integrated CRM systems: A meta-UTAUT approach. Information Systems 
Frontiers, 1–15.

Chatterjee, S., Tamilmani, K., Rana, N. P., & Dwivedi, Y. K. (2020). Employees’ acceptance of AI integrated 
CRM system: Development of a conceptual model. In Re-imagining Diffusion and Adoption of Information 
Technology and Systems: A Continuing Conversation: IFIP WG 8.6 International Conference on Transfer and 
Diffusion of IT, TDIT 2020, Tiruchirappalli, India, December 18–19, 2020, Proceedings, Part II (pp. 679-687). 
Springer International Publishing.

Chaudhary, S., & Suri, P. K. (2018). Adoption of B2B E-Commerce in India: A Theoretical Framework. BULMIM 
Journal of Management and Research, 3(2), 55–63. doi:10.5958/2455-3298.2018.00008.9

Chen, L., Jia, J., & Wu, C. (2023). Factors influencing the behavioral intention to use contactless financial 
services in the banking industry: An application and extension of UTAUT model. Frontiers in Psychology, 14, 
1096709. doi:10.3389/fpsyg.2023.1096709 PMID:36968721

Cheng, C., Zhong, H., & Cao, L. (2020). Facilitating speed of internationalization: The roles of business intelligence 
and organizational agility. Journal of Business Research, 110, 95–103. doi:10.1016/j.jbusres.2020.01.003

Chylinski, M., Heller, J., Hilken, T., Keeling, D. I., Mahr, D., & de Ruyter, K. (2020). Augmented reality 
marketing: A technology-enabled approach to situated customer experience. Australasian Marketing Journal, 
28(4), 374–384. doi:10.1016/j.ausmj.2020.04.004

Ciampi, F., Faraoni, M., Ballerini, J., & Meli, F. (2022). The co-evolutionary relationship between digitalization 
and organizational agility: Ongoing debates, theoretical developments and future research perspectives. 
Technological Forecasting and Social Change, 176, 121383. doi:10.1016/j.techfore.2021.121383

Congo, S., & Choi, S. O. (2022). Evaluating Public Sector Employees’ Adoption of E-Governance and Its Impact 
on Organizational Performance in Angola. Sustainability (Basel), 14(23), 15605. doi:10.3390/su142315605

Darvishmotevali, M., Altinay, L., & Köseoglu, M. A. (2020). The link between environmental uncertainty, 
organizational agility, and organizational creativity in the hotel industry. International Journal of Hospitality 
Management, 87, 102499. doi:10.1016/j.ijhm.2020.102499

Davis, F. D. (1986). A technology acceptance model for empirically testing new end-user information systems.

Do Nam Hung, J. T., Azam, S. F., & Khatibi, A. A. (2019). An empirical analysis of perceived transaction 
convenience, performance expectancy, effort expectancy and behavior intention to mobile payment of Cambodian 
users. International Journal of Marketing Studies, 11(4), 77–90. doi:10.5539/ijms.v11n4p77

Duarte, P., & Pinho, J. C. (2019). A mixed methods UTAUT2-based approach to assess mobile health adoption. 
Journal of Business Research, 102, 140–150. doi:10.1016/j.jbusres.2019.05.022

Financial Times (2023). The real future of the metaverse is not for consumers. Financial Times. https://www.
ft.com/content/af0c9de8-d36e-485b-9db5-5ee1e57716cb

Fishbein, M. (1979). A theory of reasoned action: some applications and implications.

Flavián, C., Ibáñez-Sánchez, S., & Orús, C. (2019). The impact of virtual, augmented and mixed reality 
technologies on the customer experience. Journal of Business Research, 100, 547–560. doi:10.1016/j.
jbusres.2018.10.050

Fornell, C., & Larcker, D. F. (1981). Structural equation models with unobservable variables and measurement 
error: Algebra and statistics.

Garone, A., Pynoo, B., Tondeur, J., Cocquyt, C., Vanslambrouck, S., Bruggeman, B., & Struyven, K. (2019). 
Clustering university teaching staff through UTAUT: Implications for the acceptance of a new learning 
management system. British Journal of Educational Technology, 50(5), 2466–2483. doi:10.1111/bjet.12867

Geng, R., Sun, R., Li, J., Guo, F., Wang, W., & Sun, G. (2022). The impact of firm innovativeness on consumer 
trust in the sharing economy: A moderated mediation model. Asia Pacific Journal of Marketing and Logistics, 
34(5), 1078–1098. doi:10.1108/APJML-10-2020-0748

http://dx.doi.org/10.5958/2455-3298.2018.00008.9
http://dx.doi.org/10.3389/fpsyg.2023.1096709
http://www.ncbi.nlm.nih.gov/pubmed/36968721
http://dx.doi.org/10.1016/j.jbusres.2020.01.003
http://dx.doi.org/10.1016/j.ausmj.2020.04.004
http://dx.doi.org/10.1016/j.techfore.2021.121383
http://dx.doi.org/10.3390/su142315605
http://dx.doi.org/10.1016/j.ijhm.2020.102499
http://dx.doi.org/10.5539/ijms.v11n4p77
http://dx.doi.org/10.1016/j.jbusres.2019.05.022
https://www.ft.com/content/af0c9de8-d36e-485b-9db5-5ee1e57716cb
https://www.ft.com/content/af0c9de8-d36e-485b-9db5-5ee1e57716cb
http://dx.doi.org/10.1016/j.jbusres.2018.10.050
http://dx.doi.org/10.1016/j.jbusres.2018.10.050
http://dx.doi.org/10.1111/bjet.12867
http://dx.doi.org/10.1108/APJML-10-2020-0748


Journal of Global Information Management
Volume 31 • Issue 8

16

Gupta, K., & Arora, N. (2020). Investigating consumer intention to accept mobile payment systems through 
unified theory of acceptance model: An Indian perspective. South Asian Journal of Business Studies, 9(1), 
88–114. doi:10.1108/SAJBS-03-2019-0037

Gursoy, D., Chi, O. H., Lu, L., & Nunkoo, R. (2019). Consumers acceptance of artificially intelligent (AI) 
device use in service delivery. International Journal of Information Management, 49, 157–169. doi:10.1016/j.
ijinfomgt.2019.03.008

Hair, J. F., Ortinau, D. J., & Harrison, D. E. (2010). Essentials of marketing research (Vol. 2). McGraw-Hill/Irwin.

Hasani, T., Rezania, D., Levallet, N., O’Reilly, N., & Mohammadi, M. (2023). Privacy enhancing technology 
adoption and its impact on SMEs’ performance. International Journal of Engineering Business Management, 
15, 18479790231172874. doi:10.1177/18479790231172874

Hayes, A. F. (2013). Introduction to Mediation, Moderation, and Conditional Process Analysis: A Regression-
Based Approach. Guilford Publications.

Holmlund, M., Van Vaerenbergh, Y., Ciuchita, R., Ravald, A., Sarantopoulos, P., Ordenes, F. V., & Zaki, M. 
(2020). Customer experience management in the age of big data analytics: A strategic framework. Journal of 
Business Research, 116, 356–365. doi:10.1016/j.jbusres.2020.01.022

Hoque, M. A., Rasiah, R., Furuoka, F., & Kumar, S. (2023). Critical determinants and firm performance of 
sustainable technology adoption in the apparel industry: The stakeholder approach. Journal of Fashion Marketing 
and Management, 27(1), 182–200. doi:10.1108/JFMM-06-2021-0147

Huang, Y. C. (2023). Integrated concepts of the UTAUT and TPB in virtual reality behavioral intention. Journal 
of Retailing and Consumer Services, 70, 103127. doi:10.1016/j.jretconser.2022.103127

Hwang, G. J., & Chien, S. Y. (2022). Definition, roles, and potential research issues of the metaverse in education: 
An artificial intelligence perspective. Computers and Education: Artificial Intelligence, 3, 100082. doi:10.1016/j.
caeai.2022.100082

Jadil, Y., Rana, N. P., & Dwivedi, Y. K. (2021). A meta-analysis of the UTAUT model in the mobile banking 
literature: The moderating role of sample size and culture. Journal of Business Research, 132, 354–372. 
doi:10.1016/j.jbusres.2021.04.052

Jain, N. K., Bhaskar, K., & Jain, S. (2022). What drives adoption intention of electric vehicles in India? An 
integrated UTAUT model with environmental concerns, perceived risk and government support. Research in 
Transportation Business & Management, 42, 100730. doi:10.1016/j.rtbm.2021.100730

Joa, C. Y., & Magsamen-Conrad, K. (2022). Social influence and UTAUT in predicting digital immigrants’ 
technology use. Behaviour & Information Technology, 41(8), 1620–1638. doi:10.1080/0144929X.2021.1892192

Kozinets, R. V. (2022). Immersive netnography: A novel method for service experience research in virtual 
reality, augmented reality and metaverse contexts. Journal of Service Management, 34(1), 100–125. doi:10.1108/
JOSM-12-2021-0481

Kshetri, N. (2023). The Economics of the Industrial Metaverse. IT Professional, 25(1), 84–88. doi:10.1109/
MITP.2023.3236494

Kumar, A., & Shankar, A. (2023). Disengagement toward brand-based online communities: The role of culture. 
Journal of Global Marketing, 36(4), 1–16. doi:10.1080/08911762.2023.2175757

Kumari, P., & Kumar, A. (2023). Investigating the dark side of mobile bookkeeping applications: A moderated-
mediation approach. VINE Journal of Information and Knowledge Management Systems, 53(5), 985–1004. 
doi:10.1108/VJIKMS-09-2022-0298

Kwateng, K. O., Atiemo, K. A. O., & Appiah, C. (2018). Acceptance and use of mobile banking: An application 
of UTAUT2. Journal of Enterprise Information Management, 32(1), 118–151. doi:10.1108/JEIM-03-2018-0055

Lashitew, A. A. (2023). When businesses go digital: The role of CEO attributes in technology adoption and 
utilization during the COVID-19 pandemic. Technological Forecasting and Social Change, 189, 122324. 
doi:10.1016/j.techfore.2023.122324 PMID:36718420

http://dx.doi.org/10.1108/SAJBS-03-2019-0037
http://dx.doi.org/10.1016/j.ijinfomgt.2019.03.008
http://dx.doi.org/10.1016/j.ijinfomgt.2019.03.008
http://dx.doi.org/10.1177/18479790231172874
http://dx.doi.org/10.1016/j.jbusres.2020.01.022
http://dx.doi.org/10.1108/JFMM-06-2021-0147
http://dx.doi.org/10.1016/j.jretconser.2022.103127
http://dx.doi.org/10.1016/j.caeai.2022.100082
http://dx.doi.org/10.1016/j.caeai.2022.100082
http://dx.doi.org/10.1016/j.jbusres.2021.04.052
http://dx.doi.org/10.1016/j.rtbm.2021.100730
http://dx.doi.org/10.1080/0144929X.2021.1892192
http://dx.doi.org/10.1108/JOSM-12-2021-0481
http://dx.doi.org/10.1108/JOSM-12-2021-0481
http://dx.doi.org/10.1109/MITP.2023.3236494
http://dx.doi.org/10.1109/MITP.2023.3236494
http://dx.doi.org/10.1080/08911762.2023.2175757
http://dx.doi.org/10.1108/VJIKMS-09-2022-0298
http://dx.doi.org/10.1108/JEIM-03-2018-0055
http://dx.doi.org/10.1016/j.techfore.2023.122324
http://www.ncbi.nlm.nih.gov/pubmed/36718420


Journal of Global Information Management
Volume 31 • Issue 8

17

Lin, W. L., Yip, N., Ho, J. A., & Sambasivan, M. (2020). The adoption of technological innovations in a B2B 
context and its impact on firm performance: An ethical leadership perspective. Industrial Marketing Management, 
89, 61–71. doi:10.1016/j.indmarman.2019.12.009

Lindell, M. K., & Whitney, D. J. (2001). Accounting for common method variance in cross sectional research 
designs. The Journal of Applied Psychology, 86(1), 114–121. doi:10.1037/0021-9010.86.1.114 PMID:11302223

Malik, M. (2020). A Review of empirical research on Internet & Mobile banking in developing countries using 
UTAUT Model during the period 2015 to April 2020. Journal of Internet Banking and Commerce, 25(2), 1–22.

McKinsey & Company. (2022a). Digital twins: The foundation of the enterprise metaverse. McKinsey. https://
www.mckinsey.com/capabilities/mckinsey-digital/our-insights/digital-twins-the-foundation-of-the-enterprise-
metaverse

McKinsey & Company. (2022b). Value creation in the metaverse. McKinsey. https://www.mckinsey.com/~/
media/mckinsey/business%20functions/marketing%20and%20sales/our%20insights/value%20creation%20in%20
the%20metaverse/Value-creation-in-the-metaverse.pdf

McWilliams, A., & Siegel, D. (2000). Corporate social responsibility and financial performance: 
Correlation or misspecification? Strategic Management Journal, 21(5), 603–609. doi:10.1002/(SICI)1097-
0266(200005)21:5<603::AID-SMJ101>3.0.CO;2-3

Menguc, B., & Auh, S. (2006). Creating a firm-level dynamic capability through capitalizing on market orientation 
and innovativeness. Journal of the Academy of Marketing Science, 34(1), 63–73. doi:10.1177/0092070305281090

MIT Technology Review. (2023). The emergent industrial metaverse. MIT Tech Review. https://www.
technologyreview.com/2023/03/29/1070355/the-emergent-industrial-metaverse/ (accessed 13 July 2023)

Nugroho, A., Prijadi, R., & Kusumastuti, R. D. (2022). Strategic orientations and firm performance: The role of 
information technology adoption capability. Journal of Strategy and Management, 15(4), 691–717. doi:10.1108/
JSMA-06-2021-0133

Popovič, A., Puklavec, B., & Oliveira, T. (2019). Justifying business intelligence systems adoption in SMEs: 
Impact of systems use on firm performance. Industrial Management & Data Systems, 119(1), 210–228. 
doi:10.1108/IMDS-02-2018-0085

Quan, J. (2008). Evaluating e-business leadership and its link to firm performance. [JGIM]. Journal of Global 
Information Management, 16(2), 81–90. doi:10.4018/jgim.2008040105

Rahi, S., Mansour, M. M. O., Alghizzawi, M., & Alnaser, F. M. (2019). Integration of UTAUT model in internet 
banking adoption context: The mediating role of performance expectancy and effort expectancy. Journal of 
Research in Interactive Marketing, 13(3), 411–435. doi:10.1108/JRIM-02-2018-0032

Rahman, M., Aziz, S., & Hughes, M. (2020). The product‐market performance benefits of environmental 
policy: Why customer awareness and firm innovativeness matter. Business Strategy and the Environment, 29(5), 
2001–2018. doi:10.1002/bse.2484

Ranjan, P., & Nayak, J. K. (2023). Performance Effects of Internal Market Orientation and Pricing Capability: 
The Moderating Role of Firm Innovativeness. Australasian Marketing Journal, 14413582231155644. 
doi:10.1177/14413582231155644

Ricci, M., Scarcelli, A., & Fiorentino, M. (2023). Designing for the metaverse: A multidisciplinary laboratory 
in the industrial design program. Future Internet, 15(2), 69. doi:10.3390/fi15020069

Sakrabani, P., & Teoh, A. P. (2021). Retail 4.0 adoption and firm performance among Malaysian retailers: The 
role of enterprise risk management as moderator. International Journal of Retail & Distribution Management, 
49(3), 359–376. doi:10.1108/IJRDM-09-2020-0344

SdxCentral. (2022). Microsoft Touts Industrial Metaverse as Innovation, Sustainability Tool. Sdx Central. 
https://www.sdxcentral.com/articles/news/microsoft-touts-industrial-metaverse-as-innovation-sustainability-
tool/2022/10/ (accessed 13 July 2023)

Shankar, A., Kumar, A., Yadav, R., Misra, P., & Pani, S. K. (2023). Should I adopt an integrated virtual clinic? 
A dual‐factor theory perspective. Journal of Consumer Behaviour, cb.2202. doi:10.1002/cb.2202

http://dx.doi.org/10.1016/j.indmarman.2019.12.009
http://dx.doi.org/10.1037/0021-9010.86.1.114
http://www.ncbi.nlm.nih.gov/pubmed/11302223
https://www.mckinsey.com/capabilities/mckinsey-digital/our-insights/digital-twins-the-foundation-of-the-enterprise-metaverse
https://www.mckinsey.com/capabilities/mckinsey-digital/our-insights/digital-twins-the-foundation-of-the-enterprise-metaverse
https://www.mckinsey.com/capabilities/mckinsey-digital/our-insights/digital-twins-the-foundation-of-the-enterprise-metaverse
https://www.mckinsey.com/~/media/mckinsey/business%20functions/marketing%20and%20sales/our%20insights/value%20creation%20in%20the%20metaverse/Value-creation-in-the-metaverse.pdf
https://www.mckinsey.com/~/media/mckinsey/business%20functions/marketing%20and%20sales/our%20insights/value%20creation%20in%20the%20metaverse/Value-creation-in-the-metaverse.pdf
https://www.mckinsey.com/~/media/mckinsey/business%20functions/marketing%20and%20sales/our%20insights/value%20creation%20in%20the%20metaverse/Value-creation-in-the-metaverse.pdf
http://dx.doi.org/10.1002/(SICI)1097-0266(200005)21:5<603::AID-SMJ101>3.0.CO;2-3
http://dx.doi.org/10.1002/(SICI)1097-0266(200005)21:5<603::AID-SMJ101>3.0.CO;2-3
http://dx.doi.org/10.1177/0092070305281090
https://www.technologyreview.com/2023/03/29/1070355/the-emergent-industrial-metaverse/
https://www.technologyreview.com/2023/03/29/1070355/the-emergent-industrial-metaverse/
http://dx.doi.org/10.1108/JSMA-06-2021-0133
http://dx.doi.org/10.1108/JSMA-06-2021-0133
http://dx.doi.org/10.1108/IMDS-02-2018-0085
http://dx.doi.org/10.4018/jgim.2008040105
http://dx.doi.org/10.1108/JRIM-02-2018-0032
http://dx.doi.org/10.1002/bse.2484
http://dx.doi.org/10.1177/14413582231155644
http://dx.doi.org/10.3390/fi15020069
http://dx.doi.org/10.1108/IJRDM-09-2020-0344
https://www.sdxcentral.com/articles/news/microsoft-touts-industrial-metaverse-as-innovation-sustainability-tool/2022/10/
https://www.sdxcentral.com/articles/news/microsoft-touts-industrial-metaverse-as-innovation-sustainability-tool/2022/10/
http://dx.doi.org/10.1002/cb.2202


Journal of Global Information Management
Volume 31 • Issue 8

18

Sheel, A., & Nath, V. (2019). Effect of blockchain technology adoption on supply chain adaptability, agility, 
alignment and performance. Management Research Review, 42(12), 1353–1374. doi:10.1108/MRR-12-2018-0490

Sjakir, M., Azima, A. M., Hussain, M. Y., & Zaimah, R. (2015). Learning and technology adoption impacts on 
farmer’s productivity. Mediterranean Journal of Social Sciences, 6(4), 126. doi:10.5901/mjss.2015.v6n4s3p126

Srivastava, A., Mukherjee, S., Datta, B., & Shankar, A. (2023). Impact of perceived value on the online purchase 
intention of base of the pyramid consumers. International Journal of Consumer Studies, 47(4), 1291–1314. 
doi:10.1111/ijcs.12907

Tamilmani, K., Rana, N. P., & Dwivedi, Y. K. (2021). Consumer acceptance and use of information technology: 
A meta-analytic evaluation of UTAUT2. Information Systems Frontiers, 23(4), 987–1005. doi:10.1007/s10796-
020-10007-6

Telecom. (2023). Companies benefitting from deployment of industrial metaverse use cases: Nokia-EY 
report. Economic Times. https://telecom.economictimes.indiatimes.com/news/telecom-equipment/companies-
benefitting-from-deployment-of-industrial-metaverse-use-cases-nokia-ey-report/100934321 

Tom Dieck, M. C., & Han, D. I. D. (2022). The role of immersive technology in Customer Experience 
Management. Journal of Marketing Theory and Practice, 30(1), 108–119. doi:10.1080/10696679.2021.1891939

Tsai, K. H., & Yang, S. Y. (2013). Firm innovativeness and business performance: The joint moderating effects 
of market turbulence and competition. Industrial Marketing Management, 42(8), 1279–1294. doi:10.1016/j.
indmarman.2013.06.001

Vairetti, C., González-Ramírez, R. G., Maldonado, S., Álvarez, C., & Voß, S. (2019). Facilitating conditions 
for successful adoption of inter-organizational information systems in seaports. Transportation Research Part 
A, Policy and Practice, 130, 333–350. doi:10.1016/j.tra.2019.09.017

Venkatesh, V., Morris, M. G., Davis, G. B., & Davis, F. D. (2003). User acceptance of information technology: 
Toward a unified view. Management Information Systems Quarterly, 27(3), 425–478. doi:10.2307/30036540

Venkatesh, V., Thong, J. Y., & Xu, X. (2012). Consumer acceptance and use of information technology: Extending 
the unified theory of acceptance and use of technology. Management Information Systems Quarterly, 36(1), 
157–178. doi:10.2307/41410412

VentureBeat. (2022). Why the industrial metaverse will eclipse the consumer one. Venture Beat. https://
venturebeat.com/virtual/why-the-industrial-metaverse-will-eclipse-the-consumer-one/

Wamba, S. F. (2022). Impact of artificial intelligence assimilation on firm performance: The mediating effects 
of organizational agility and customer agility. International Journal of Information Management, 67, 102544. 
doi:10.1016/j.ijinfomgt.2022.102544

Wang, H., Tao, D., Yu, N., & Qu, X. (2020). Understanding consumer acceptance of healthcare wearable 
devices: An integrated model of UTAUT and TTF. International Journal of Medical Informatics, 139, 104156. 
doi:10.1016/j.ijmedinf.2020.104156 PMID:32387819

Wang, Y., & Zhao, J. (2022). A survey of mobile edge computing for the metaverse: Architectures, applications, 
and challenges. In 2022 IEEE 8th International Conference on Collaboration and Internet Computing (CIC) 
(pp. 1-9). IEEE.

Xie, C., Xu, X., Gong, Y., & Xiong, J. (2022). Big data analytics capability and business alignment for 
organizational agility: A fit perspective. [JGIM]. Journal of Global Information Management, 30(1), 1–27. 
doi:10.4018/JGIM.302915

Yousaf, S., Anser, M. K., Tariq, M., Sahibzada Jawad, S. U. R., Naushad, S., & Yousaf, Z. (2020). Does 
technology orientation predict firm performance through firm innovativeness? World Journal of Entrepreneurship, 
Management and Sustainable Development, 17(1), 140–151. doi:10.1108/WJEMSD-11-2019-0091

http://dx.doi.org/10.1108/MRR-12-2018-0490
http://dx.doi.org/10.5901/mjss.2015.v6n4s3p126
http://dx.doi.org/10.1111/ijcs.12907
http://dx.doi.org/10.1007/s10796-020-10007-6
http://dx.doi.org/10.1007/s10796-020-10007-6
http://dx.doi.org/10.1080/10696679.2021.1891939
http://dx.doi.org/10.1016/j.indmarman.2013.06.001
http://dx.doi.org/10.1016/j.indmarman.2013.06.001
http://dx.doi.org/10.1016/j.tra.2019.09.017
http://dx.doi.org/10.2307/30036540
http://dx.doi.org/10.2307/41410412
https://venturebeat.com/virtual/why-the-industrial-metaverse-will-eclipse-the-consumer-one/
https://venturebeat.com/virtual/why-the-industrial-metaverse-will-eclipse-the-consumer-one/
http://dx.doi.org/10.1016/j.ijinfomgt.2022.102544
http://dx.doi.org/10.1016/j.ijmedinf.2020.104156
http://www.ncbi.nlm.nih.gov/pubmed/32387819
http://dx.doi.org/10.4018/JGIM.302915
http://dx.doi.org/10.1108/WJEMSD-11-2019-0091


Journal of Global Information Management
Volume 31 • Issue 8

19

APPENdIX 1

Construct items with literature sources

Variables and items (Literature sources)
Performance expectancy (Venkatesh et al., 2012)
PE1: I find industrial metaverse useful in my daily
PE2: Using industrial metaverse increases my chances of achieving things that are important to me
PE3: Using industrial metaverse helps me accomplish things more quickly
PE4: Using industrial metaverse increases my productivity
Effort expectancy (Venkatesh et al., 2012)
EE1: Learning how to use industrial metaverse is easy for me
EE2: My interaction with industrial metaverse is clear and understandable
EE3: I find industrial metaverse easy to use
EE4: It is easy for me to become skilful at using industrial metaverse
Social influence (Venkatesh et al., 2012)
SI1: People who are important to me think that I should use industrial metaverse
SI2: People who influence my behaviour think that I should use industrial metaverse
SI3: People whose opinions that I value prefer that I use industrial metaverse
Facilitating conditions (Venkatesh et al., 2012)
FC1: I have the resources necessary to use industrial metaverse
FC2: I have the knowledge necessary to use industrial metaverse
FC3: Industrial metaverse is compatible with other technology
FC4: I can get help from others when I have difficulties using industrial metaverse
Intention to use industrial metaverse (Venkatesh et al., 2012)
INT1: I intend to continue using industrial metaverse in the future
INT2: I will always try to use industrial metaverse in my life
INT3: I plan to continue to use industrial metaverse frequently
Organizational agility (Wamba, 2022)
OA1: My firm easily and quickly respond to changes in aggregate consumer demand
OA2: My firm easily and quicky customizes a product or service to suit an individual customer
OA3: My firm easily and quickly reacts to new product or service launches by competitors
OA4: My firm can easily and quickly introduces new pricing schedules in response to changes in competitors’ prices
OA5: My firm easily and quickly expands into new regional or international markets
OA6: My firm easily and quickly changes (i.e., expand or reduce) the variety of products/services available for sale
Firm performance (Wamba, 2022; Sheel & Nath, 2019)
FP1: We are more profitable than our competitors by using industrial metaverse
FP2: Level of service provided to customers will be improved by using industrial metaverse
FP3: Transaction cost of operations will be reduced by using industrial metaverse
FP4: Speed of operations will be improved by using industrial metaverse
FP5: Overall, our performance is better than our competitors by using industrial metaverse
FP6: Value creation in the organization will be improved by using industrial metaverse
Firm innovativeness (Tsai & Yang, 2013)
FI1: Innovation is readily accepted in management
FI2: Our company encourages and supports innovative activities
FI3: New ideas are quickly accepted in our company



Journal of Global Information Management
Volume 31 • Issue 8

20

Aman Kumar is a Doctoral candidate in the Department of Marketing at the Indian Institute of Management 
Visakhapatnam, India. His research interests include metaverse, technology in marketing, innovation resistance and 
online communities. Aman’s research has been published in the International Journal of Hospitality Management, 
Technological Forecasting & Social Change, Journal of Consumer Behaviour, Journal of Global Marketing, 
Information Systems and e-Business Management and VINE Journal of Information and Knowledge Management 
Systems.

Amit Shankar is an Assistant Professor in Marketing at the Indian Institute of Management Visakhapatnam, India. 
His research interests are in the areas of retaining, services marketing, and mobile banking. Amit’s research has 
been published in the International Journal of Hospitality Management, Journal of Business Research, Journal of 
Marketing Management, Journal of Retailing and Consumer Service, Technovation, Journal of Bank Marketing, 
Journal of Strategic Marketing, Australasian Marketing Journal, International Journal of Consumer Studies, 
Journal of Consumer Marketing, Australasian Journal of Information Systems, Journal of Enterprise Information 
Management, Journal of Global Information Management, and Marketing Intelligence & Planning, among others.

Abhishek Behl is a researcher in the area of information technology and analytics. He has earned his second Ph.D. 
from the Indian Institute of Technology, Bombay where his research is in the area of crowdfunding and gamification. 
He has authored or co-authored journals in the Harvard Business Review, Journal of Business Research, Annals 
of Operations Research, Journal of Cleaner Production, Journal of Strategic Marketing, Technological Forecasting 
and Social Change, Journal of Consumer Marketing, Australasian Journal of Information Systems, Journal of 
Enterprise Information Management, Journal of Global Information Management, and IEEE TRANSACTIONS ON 
ENGINEERING MANAGEMENT, among others.

Prof. Brij B. Gupta is working as Director of International Center for AI and Cyber Security Research and Innovations, 
and Distinguished Professor with the Department of Computer Science and Information Engineering (CSIE), Asia 
University, Taiwan. In more than 17 years of his professional experience, he published over 500 papers in journals/
conferences including 35 books and 11 Patents with over 24,000 citations. He has received numerous national 
and international awards including Canadian Commonwealth Scholarship (2009), Faculty Research Fellowship 
Award (2017), MeitY, GoI, IEEE GCCE outstanding and WIE paper awards and Best Faculty Award (2018 & 2019), 
NIT KKR, respectively. Prof. Gupta was selected for 2022 Clarivate Web of Science Highly Cited Researchers in 
Computer Science. He was also selected in the 2022, 2021 and 2020 Stanford University’s ranking of the world’s 
top 2% scientists. He is also a visiting/adjunct professor with several universities worldwide. He is also an IEEE 
Senior Member (2017) and also selected as 2021 Distinguished Lecturer in IEEE CTSoc. Dr Gupta is also serving 
as Member-in-Large, Board of Governors, IEEE Consumer Technology Society (2022-2024). Prof Gupta is also 
leading IJSWIS, IJSSCI, STE and IJCAC as Editor-in-Chief. Moreover, he is also serving as lead-editor of a Book 
Series with CRC and IET press. He also served as TPC members in more than 150 international conferences also 
serving as Associate/Guest Editor of various journals and transactions. His research interests include information 
security, Cyber physical systems, cloud computing, blockchain technologies, intrusion detection, AI, social media 
and networking.

Sudha Mavuri is an Associate Professor in the Department of Economics, and the current Dean of Arts, Management 
and Social Sciences (SAMSS), Skyline University, Nigeria. She has a Ph.D in Economics, M.A in Economics and 
BA in History, Economics and Political Science with Economics Major from Osmania University, Hyderabad, India. 
In addition, she also has an MBA in Marketing from Andhra University, India. She is having 29 years of teaching 
experience which includes 18 years of academic leadership. She has published many research papers and her 
major areas of research are environmental economics, banking, sustainable development economics, sustainable 
development goals, social entrepreneurship, and entrepreneurship education.


