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ABSTRACT

Socialmediahasbecomeoneofthemostimportantsourcesinunderstandingtheopinionsofpeople
regardingimportantandtrendingtopics.OnesuchtopicwastheSupremeCourt’sverdictonthe
almostseven-decade-oldAyodhyalanddisputecase.On9thNovember2019,theapexcourtordered
thatthedisputedlandinquestionbeusedforconstructionofRamTemple.Asitwasoneofthemost
anticipatedjudgementsinIndia’shistory,Twitterwasbuzzinglongbeforethedateofverdict.To
performsentimentanalysis,around70,000tweetspertainingtotheverdictwerecollectedfrom26th
Oct2019to23rdNov2019.Thedatasetwasthendividedintothreephases(i.e.,pre-verdict,on
dayofverdict,andpost-verdict),andNRCLexiconhasbeenusedtoanalyzetheresultsandextract
positive,negative,andneutraltweets.Sentimentanalysisofeachphaseindicatesthattheverdicthas
beenacceptedbythepublic.
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1. INTRoDUCTIoN

This study has its moorings in the actual socio-political context of the Indian sub-continent. In
India,religioussitesplayacrucialpartinmanifestingtherighttofreedomofreligionwhichisalso
afundamentalright.Theyalsorepresentdifferentreligiouscommunitiesinamulti-lingualanda
multi-religiousstatelikeIndia.Indiahappenstobetheonlycountryintheworldconsistingofalarge
numberofdiversereligionsco-existingtogether.HinduismisknowntobeIndia’smajorreligionwhich
hasexistedformorethan4,000years(Dayal&Garg,2020).TheoriginoftheAyodhyadisputedates
back500yearsagoin1528-29whenMughalemperorBaburhadtheBabriMasjidconstructedon
thesitemarkingthespotofLordRam’sbirth.(Timeline:Ayodhyaholysitecrisis,2012).Sincethen,
therehasbeenatusslebetweenthetwocommunitiesforownershipofthatpieceoflandmeasuring
1500squareyardsinthetownofAyodhya.Thisdisputeanditsassociatedverdicthasgarneredalot
ofattentionbothinprintmediaaswellassocialmedia.

Microbloggingwebsiteshaveofflatelybecomethegotorepositoryforallsortsofvarieddata.
Thisisduetotheverynatureofmicroblogswhichenabletheuserstoposttheirviews,complaints,
voicetheiropinionsandexpresstheirsentimentsonalmosteverythinginafewwordswithalotof
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ease.Infact,manyorganizationsresorttothesemicroblogstounderstandandassesstheopinion
ofgeneralpublicontheirproductsandservices.Sentimentanalysisisatechniquetoanalyzethese
opinions,emotionsandattitudesofpeoplefromtext,speech,anddatabasesourcesandclassifythem
intocategorieslike“positive”or“negative”or“neutral”(Bilaletal.,2019;Karamietal.,2020;Bonta
&Janardhan,2019).Inthepresentstudyonesuchpopularmicroblog-“Twitter”hasbeenutilizedto
analyzethepublicsentimentontheAyodhyalanddisputecaseverdictbyTheSupremeCourtofIndia.

ThemainobjectiveofthestudyistounderstandtheopinionsofthegeneralpublicontheAyodhya
verdictonthebasisoftheirtwitterposts.Toachievethisend,inthispaper,sentimentanalysishas
beenappliedtoidentify,analyzeandextractimportantandrelevantsentimentsfromtweetspostedby
userspertainingtothejudgementontheAyodhyalanddisputecase.TwitterdatarelatedtoAyodhya
verdictiscollectedoveraperiodoffourweeksandtemporalanalysisisperformedtounderstand
publicsentiment.Section2presentstheliteraturereviewpertainingtoAyodhyaverdictandsentiment
analysis.Insection3,theoverallresearchmethodologyrelatedtoobtainingdatasetandthebasisof
dividingitintothreepartshasbeenexplained.Section4entailsthecompleteanddetailedanalysis
andfindingsofdataandissub-dividedintopartspertainingtoeachphase.Section5presentsthe
discussionsectionwhilesection6addresses the limitationsandfuturescopeof thestudy, lastly,
conclusionispresentedinsection7.

2. ReVIew oF LITeRATURe

AsthepresentstudyentailsunderstandingthepublicsentimentonAyodhyaverdict,theliterature
reviewisdividedintotwosections.ThefirstsectionprovidesahistoricalbackgroundoftheAyodhya
case,andthesecondsectiondealswithliteraturesurveyonusingTwitterdataforperformingsentiment
analysis.

2.1 Ayodhya Verdict: Historical Context
TheHinducommunityclaimedthatitwasthebirthplaceofLordRam,whichwasdemolishedupon
theconquestoftheIndiansub-continentbyMughalEmperor,Babur.Muslimcommunityclaimed
thatitwastheplacewherehistoricBabriMasjidwasbuiltbytheMughalEmperor,Baburonvacant
land.Thedisputeintheseappealsariseoutoffourregularsuitswhichwerefiledatdifferentplaces
bybothcommunitiesbetween1950and1989.Thefirstsuitwasfiledintheyear1950byaHindu
worshipperinwhichhestatedthatitwashisrighttoofferprayersatthemaintemple.Intheyear
1959acasewasfiledbytheNirmohiAkharaformanagementofthetemple.In1961,UttarPradesh
SunniCentralBoardofWaqfstakedtheirclaimonthedisputedsite.In1986,after37years,Faizabad
districtjudgeorderedtoopenthegatesofBabrimosque,infavorofHindupartiesandallowedthem
toworship.ThenRajivGandhigovtallowedshilanyasatthesite.NexttotheBabriMasjid,The
VishwaHinduParishad(VHP),aHindunationalistorganizationformedin1964,laidthefoundation
ofaRamTempleontheland(Ayodhyaverdict:6thingstoknowbeforethecrucialruling,2019).

VHPorganizedvariouseventsmobilizingHindusfortheconstructionofaRamtempleatAyodhya.
In1989,thelastsuitwasfiledonbehalfofLordRaminwhichthelawrecognizedboththeidoland
birthplaceasjuridicalentities.Amidstallthis,in1990-91,SeniorBhartiyaJantaParty(BJP)leader
LKAdvanibeganhisrathyatrawithkarsevaksforRamtemple.ThenonDecember6,1992,kar
sevaksdemolishedthemosquewhichisconsideredasoneofthedeadliestreligiousriotsthecountry
hadseenleadingtothekillingofabout2,000people(Ayodhyaverdict:6thingstoknowbeforethe
crucialruling,2019).Themosque’sdemolitionandthehorrificviolenceittriggeredacrossIndia
polarizedthesocietyandpoliticsalongcommunallines(Ramachandran,2020).

ItisobservedthatovertimetheAyodhyacasehasbeengivenmoreofapoliticalflavorthana
merelanddispute(Dayal&Garg,2020).BabrimosquedestructionwasaneventthatshapedIndia
inadifferentway.BJPleader,LKAdvanifacedthechargesofcriminalconspiracyfordemolitionof
themosque.BJPhadahopethatthisactwouldfortifyHinduvotesintheirfavor,butthepartywas



International Journal of Information Communication Technologies and Human Development
Volume 14 • Issue 1

3

unsuccessfulinformingtheirgovernmentinUttarPradeshintheyear1993.However,intheyear
1999,BJPformedastablecoalitionundertheleadershipofPrimeMinisterAtalBehariVajpayee.
TheRamtempleissuehadcreatedtheirHinduvotebankenablingtheBJPtoimplementtheirparty’s
Hindutvaagendaand revive the temple issue. (HowtheBabrimosquedestructionshaped India,
2017).Fromwinningjusttwoseatsinthe1984generalelections,BJPwentontoheadthecoalition
governmentsatthecenterin1998,1999,2014and2019.

AftertheBabriMasjiddemolition,thiscasewasfiledinAllahabadHighCourt.InSeptember
2010,thecourtruledthat,the2.77acresofAyodhyalandbedividedequallyintothreeparts,with
1⁄3goingtoeachi.e.,RamLallarepresentedbytheHindus,SunniWaqfBoardandNirmohiAkhara.
AllthethreepartiesappealedagainstthedivisionofdisputedlandtotheSupremeCourt(Ayodhya
TitleDispute,2020).TheSupremeCourtofIndiafrom6thAugust2019to16thOctober2019held
finalhearingontheAyodhyalanddisputecase.OnNovember9,2019,theSupremeCourtofIndia
deliveredtheJudgmentontheAyodhyadisputematter.Inoneofthemostimportantandanticipated
judgementsinIndia’shistory,a5-judgebenchheadedbyChiefJusticeRanjanGogoiorderedthatthe
disputedlandatAyodhyabeusedfortheconstructionofaRamTemple(Ayodhyaverdict:6things
toknowbeforethecrucialruling2019).Thecourtfurtherdirectedthegovernmenttoallota5-acre
plotatanotherprominentplacetotheSunniWaqfBoardforbuildingamosque.

Theverdictwaswelcomedbythepublicandmanypoliticalparties.AlthoughBJPleadership
wasclearlyhappywiththedecision,MuslimSunniwaqfboardalongwiththeImamofJamaMasjid,
Delhihadalsoacceptedthisdecisionwithnofurtherreviewofpetition.Ontheotherhand,AllIndia
Majlis-e-IthedulMuslimeen,aprominentPartyofSouthIndiahighlycriticizedthisverdictandfelt
thatcourt’sdecisionwasunderthepressureoftheBJPgovernment(Parvaiz,2020).IndianNational
CongresspartyopposedthisdecisionasthePartyleadershipfeltthatthedecisionmightbringabout
disharmonyandangerfromtheMuslimcommunity.AllIndiaMuslimLawBoardfiledareview
petitionon17thNovember2019againstAyodhyaverdictastheywerenotsatisfiedwiththealternative
pieceoflandallocatedfortheconstructionoftheMosque(Petersen,2019).

2.2 Review on Sentiment Analysis
Lastdecadehasseenaphenomenalgrowthintheusageofmicrobloggingplatforms,suchasTwitter,
Tumblr,Wix,Reddit,WordPress,Kooetc.Amongdifferentbloggingplatforms,Twitterhasincited
particularly far-reaching client appropriation and rapid development in terms of correspondence
volume(Alsaeedi&Khan,2019;Bhattacharya,2021).AccordingtoareportbyStatistaresearch
department(2021),Indiahasthirdlargestnumberoftwitterusers(22.1million)intheworldpreceded
byJapan(55.5million)andUSA(73million).AccordingtoHariharan(2021),Twitter’spopularity
measuredasitsmonetizableDailyActiveUsage(mDAU)inIndiagrewby74%fortheyear2020.
Twitterusersvaryfromcommonmantocelebrities,toCEO’sofdifferentcompanies,topoliticians.
Therefore,itispossibletocollectopinionsofpeoplebelongingtodifferentethnic,social,economic,
geographicalbackgrounds.

Twitterdata,however,doesposefewchallengesaswell.Fewresearchershaveshownconcern
regardingaccuracyoftwitterasaforecastingtechnique(Burnapetal.,2016;SangandBos,2012).
Bollenetal.,(2011)suggestedthatalthoughpublicmoodcanbepredictedbyTwitterfeeds,butit
doesn’tofferanyinsightintothecausativemechanisms.Further,therearechallengespertainingto
thelanguageusedintweets.Whiletweetinguserscanuseanythingfrominformaltexttoslangs,
emojis,abbreviations,URLsetc.,suchdatamaypresentnewanduniquechallengesforlanguage
processing(Rosenthaletal.,2014).

However,anumberofrecentstudieshavealsoindicatedtheefficacyandmulti-facetedapplication
oftwitterindifferentareasofresearch.Fewresearchers(e.g.,Mittal&Goel,2012;Bollenetal.,
2011)haveattemptedtopredictthebehaviorofthestockmarketbymeasuringthemoodofpeopleon
Twitter.Twitterdatahasbeenusedintimeseriesandsentimentanalysis(Thelwall,2014),responses
tospecificevents,suchaspoliticalelections(Bilaletal.,2019;Budiharto&Meiliana,2018;Jaidka
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etal.,2019),understandingsentimentsaboutBrexit(Agarwal&Toshniwal,2018),naturaldisasters
(Hernandez-Suarezetal.,2019;Karamietal.,2020)andterrorismevents(Najjar&Al-augby,2021;
Alsaedietal.,2017),publicsentimentrelatedtomoviesanditspositiveimpactinpredictingbox
officerevenues(Asur&Huberman,2010;Bonta&Janardhan,2019).Agarwaletal.(2011)stated
thatastwitterdataiscollectedinastreamingfashion,itrepresentsatruesampleofactualtweetsin
termsoflanguageuseandcontentincomparisontootherdatasets.Pak&Paroubek(2010)posited
thatduetoaconstantgrowthintheaudienceofmicrobloggingplatformsandservices,datafrom
thesesourcescanbeusedinopinionminingandsentimentanalysistasks.

Sentimentanalysis is theprocessofassessingandanalyzingthesentiments,views,feelings,
reactions and thoughts of general public towards a particular topic. It is also known as opinion
mining,naturallanguageprocessing(NLP)ortextminingasitconcernstextualdataprocessingand
analysis.Medhatetal.(2014)assertedthatitsobjectiveistofindtheopinionsofpeopleandclassify
themintonegative,positiveorneutralsentiments.Therearebroadlytwoapproachesforperforming
sentimentanalysisvizmachinelearningtechniqueandlexicon-basedtechnique.Further,lexicon-based
approachcanbesub-dividedintoadictionary-basedapproachandacorpus-basedapproach.Rajput
andSolanki(2016)statedthatindictionary-basedapproach,dictionariescanbecreatedmanuallyor
automaticallybyusingseedwordstoexpandthelistofwordswhereastheCorpus-basedapproach
focusesonfindingopinionwordswithcontextspecificorientationsalongwithaseedlistofopinion
wordstofindotheropinionwordsinalargecorpus.Sentimentanalysisusingmachinelearninghas
beenperformedinvariedfieldssuchasmarketingandsegmentation(Goetal.,2009),classificationof
sentimentsofmoviereviewsusingSVM(Basarietal.,2012),identifyingtrendsandpatternstowards
2014generalelections(Almatrafietal.,2015),stockmarketmovements(Pavlouetal.,2016)and
sentimentsofpubliconGSTreforms(DasandKoyla,2017).

Researchershavetakenthelexicon-basedapproachforperformingsentimentanalysisinvaried
contexts.For example,Mohammad (2013) introduced the concept of emotionworddensity and
comparedacollectionofnovelsandfairytalesusingtheGoogleBooksCorpusandemotionlexicon.
Ortigosa et al. (2014) combined lexical-based and machine-learning techniques to model users’
sentimentpolarityaccordingtothemessagestheywriteonFacebook.AgarwalandToshniwal(2018)
usedtheLexiconbasedapproachtoestablishcorrespondencebetweenacricketplayer’sperformance
andfan’ssentiments.UnniyalandRai(2019)performedtemporalandspatialanalysisontweetsduring
post-GSTimplementationperiodusingNRCemotionLexiconandconcludethatmosttweetsrepresent
positivityandtrust.Pandeyetal.(2019)analyzedthefeelingsofpeopleaboutTripleTalaqusingtwo
well-knownAPIviz.TextBlobandSpaCyandconcludedthatSpaCyproducesmoreaccurateresults.
ChakrabortyandSharma(2019)usedfourdifferentlexicon-basedapproaches:Bing,Afinn,NRC
emotionlexicon,andCoreNLPtoanalyzethesentimentsofpeopleduringthePhase1andPhase2of
theodd-evenpolicyimplementedbytheDelhigovernmenttocurbairpollutionandshowthatNRC
emotionlexiconoutperformsalltheothers.Boseetal.(2020)usedNRCemotionlexicontostudy
customerreviewsandindicatethatsentimentanalysiscangreatlyincreaseconsumersatisfaction.In
thepresentstudyNRCemotionlexiconhasbeenusedtostudythefeelingsandemotionsofthepeople
ofIndiaregardingtheverdictofSupremeCourtofIndiaonAyodhyalanddisputecase.

3. ReSeARCH MeTHoDoLoGy

Twitterisoneofthemostpopularmicrobloggingserviceusedbypeopleallovertheworldtoexpress
theirviewsandopinionsonany topicof interest (Alsaeedi&Khan,2019;Bhattacharya,2021).
Therefore,forthecurrentstudy,twitterhasbeenusedtoextracttweetsrelatedtoAyodhyaverdict.It
wason9thNov2019,thatthemuch-awaitedverdictwasannouncedbytheapexcourtofIndia.The
tweetspertainingtotheAyodhyaverdictwerecollectedusingsomepopularandtrendinghashtags
overaperiodof29daysfrom26thOct2019to23rdNov2019.
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Thedatasetforthepresentstudyhasbeendividedintothreetimeperiodsi.e.,beforetheverdict,
onthedayoftheverdictandaftertheverdict.ForpreAyodhyaverdict,8003tweetsspanningover
2weekspriortheverdictdatehavebeentaken.Thenonthedayofverdicti.e.,9thNovember2019,
49964tweetsweretaken.Forpost-verdict,8027tweetshavebeentakenspanningoveraperiodof
2weeksafter theverdictassumingthatbythis timepeoplemighthaveformedamoreinformed
opiniononthetopic.Figure1showsthedaywisenumberoftweetscollected.Ascanbeseenfrom
thefigure,numberoftweetson26thOctoberwereonly12andthoseon23rdNovemberhadsteadily
declinedtoamere36,therefore,itwasn’tdeemednecessarytogobeyondthesedates.Forthepresent
study,lexicon-basedsentimentanalysisapproachhasbeenusedasthisapproachprovideswiderterm
coverage,iseasilyunderstandable,isdomainindependent,andalsoitcanbeeasilyextendedand
improved(Bonta&Janardhan,2019).

3.1 Data Pre-Processing
Theextracteddatawasthenpre-processedtomakeitcapableofbeinganalyzedandmined.Thisis
acriticalstepwhichenablesseparationofnoisefromdataandimpactsthevalidityandreliability
oftheresults.Eachtweetispassedthroughapythonprogramthatperformsthepreprocessingthat
includes1)removingURL’s,twitterlinks,usernamesandhashtags,2)removingspecial,recurring
andnon-Englishcharacters,3)removalofabbreviationsandacronymsofcommonterms,4)removing
numbersandsymbols,5)removingallstopwordslikeis,am,the,anetc.,6)trimmingandremoving
allblanktweets,7)removaloftheretweets.

Table 1 shows the above discussed steps by taking two original tweets and pre-processing
them.Inthenextsteptokenizationisdonetodividethecorpusintosmallerpartscalledtokensby
usingword_tokenize()methodof theNLTK (natural language tool kit)module inpython.Next
lemmatization,whichfocusesonthemorphologicalstructureofawordandconvertsawordintoits
baseformwithoutchangingitsmeaningisperformed.Asaresult,wehaveacleanerdataset,which
ismorelikelytocarryrelevantsentimentsandemotions.

3.2 Sentiment Analysis of Tweets
Afterpre-processing, thetweetsnowhavewordswhichconveysomesentimentandunnecessary
words such as stop words, numbers, special characters etc. have been removed. For extracting

Figure 1. Daily count of tweets collected
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sentimentsofpublicregardingtheAyodhyaverdict,NRCEmotionLexicon(2013)andWordlist
(2018)containingaround14,182wordsmappedwitheitherofeightemotionsviz.(anger,fear,trust,
anticipation,surprise,sadness,joy&disgust)hasbeenused.Next,toextractpositive,negative,and
neutraltweetsalexiconandrule-basedsentimentanalysistoolVADER(ValenceAwareDictionary
andSentimentReasoner)isused.VADERisavalence-based,human-curatedgoldstandardlexicon
thatdoesnotrequireanytrainingdata(Bonta&Janardhan,2019).Ithasbeenquitesuccessfulin
assessingsocialmediatexts,reviewsandgeneralsentiments.VADERnotonlyshowspositiveor
negativescoresbutalsoinformsabouttheextentofpositivityornegativityinasentiment.Itisfast
enoughtobeusedonline,canbeeasilyextendedanddoesn’tsufferbadlyfromspeed-performance
aspects(Bonta&Janardhan,2019).

Inthepresentstudywehaveperformedsentimentanalysisinthreephasesbasedontimei.e.,
pre-verdict,onthedateofverdictandpost-verdicton8003,49964and8027tweetsrespectively.
Firstly,eachwordofthepre-processedtweetisassociatedwithanemotioncorrespondingtotheNRC
emotionlexicon.Somewordswhichareobservedasbeingassociatedwithmultipleemotionsare
assignedtoeachsuchemotion.Next,totalscoreofemotionforeachtweetiscalculated.Inthenext
step,bar-graphforeachemotionisplottedforeachofthethreesetsoftweets.Wordcloudfiguring
themostprominentlyusedwordsineachsetoftweetsisalsomade.Positiveandnegativetweetsare
extractedusingVADER.Finally,bar-graphofpositiveandnegativesentimentsisplotted.

4. ReSULTS

Theresultsofanalysisoftwitterdataarepresentedinthissection.Thedatawasdividedintothree
phasesnamelytweetsbeforetheverdict,tweetsonthedayoftheverdictandtweetsaftertheverdict.
Inthissectionresultshavebeenpresentedinasimilarmannerforthepurposeofunderstandingthe
varyingemotionsofpublicatlarge.

4.1 Pre-Ayodhya Verdict
Thereare8003tweetsrelatedtoAyodhyaverdictcollectedoveraperiodof14daysfrom26thOct
2019toadaypriortotheverdicti.e.,8thNov2019.Thegraphshowninfigure2isobtainedby
addingemotionsextractedfromindividualtweets.Eachoftheeightemotionswerecloselymonitored
overtheperiodof2weeksanditcanbeobservedfromfigureIIthattheemotionsofanger(0.03),
sadness(0.02)anddisgust(0.015)arelowerincomparisontojoy(0.086)andsurprise(0.039).Level

Table 1. Pre-processing of sample tweets
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oftrust(0.133)andanticipation(0.105)isveryhighwhichshowsthatthegeneralpublichaslotof
faithinthejudicialsystem,andtheybelievethattheverdictoftheSupremeCourtofIndiawillbe
unbiasedandfair.

Figure 2. Bar graph of emotions of Pre-Ayodhya

Figure 3. Prominent words in pre-Ajodhya tweets
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Word cloud of prominent words in Pre-Ayodhya tweets such as “maintain peace”, “hope”,
“respect”,“harmony”,“accept”showninfigureIIIclearlyshowsapositivesentiment.Wordslike
“justice”,“hope”and“judgement”indicatethatgeneralpublicwantspeacewhateveristheresult.
“Big”and“judgement”arealsotwofrequentwordsusedintweetsasthiswasalong-duejudgement
whichwouldresolvethetwo-decadeoldlanddisputeforonceandall.

4.2 Results-- 9th November Analysis
ThisisthedaytheSupremeCourtgavetheverdictonAyodhyalanddispute.Onthisdaytherewere
49964tweetsrelatedtotheverdictwhichhavebeenanalyzedonanhourlybasisasshowninFigure
IV.Fromgraphitisevidentthatthelevelofanticipationwhichstartedataveryhighlevelreached
averylowlevelaround11:00amwhichwasthetimetheSupremeCourtverdictwaspronounced
afterwhichitremainedataverylowlevel.Theemotionsofanger,sadnessanddisgustalthough
didshowamildincreasebutweresignificantlylowerthanjoyandtrust.Thesurpriseemotionwas
stagnantthroughoutthedaywhichshowsthatpeoplewerenotsurprisedbytheverdictofSupreme
Courtandmajorityofthepeoplehadacceptedtheverdict.Thesamecanbeinferredfromthebar
graphofemotionsoftheentiredayasshowninfigureV.

ThewordcloudinfigureVIbelowalsosupportstheabovesentiments.Itcanbeobservedthat
wordslike“happy”,“respect”,“well”,“decision”,“peace”,“harmony”and“justice”indicatepositive
emotions.Peoplearehappywiththeverdictandareappealingtootherstomaintainpeace.People
donotwantthesamebloodbathwhichhappenedtwo-decadesago.Theywanttoliveinpeaceand
harmony.

4.3 Post- Verdict Analysis
Forpost-verdictanalysisthereare8027tweetsrelatedtoAyodhyaverdictcollectedoveraperiodof
twoweeksfrom10thNov2019–23rdNov2019asisalsovisibleininfigureI.Foranalyzingtweets
inthissection,samemethodologyhasbeenfollowed.ThebargraphshowninfigureVIIshowsthat
allnegativeemotionsshowavisibledeclineincomparisontothoseinfigureV.Theemotionsof

Figure 4. Hourly line graph of emotions on the day of verdict
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Figure 5. Bar graph of emotions

Figure 6. Word cloud of prominent words in tweets 
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“anticipation”and“surprise”showasharpdeclineasthejudgementhasbeendeclared.However,
theemotionof“trust”isstillthestrongest.

ThesamecanbeobservedinfigureVII,whichwhencomparedwithfigureIIIandfigureV
showasubstantialdeclineinall8emotions.However,thewordcloudinfigureVIIIgivesaclearer
pictureofwhatpeoplearediscussing.Figure8showsthatwordslike“reviewpetition”showsthat

Figure 7. Bar graph of emotions

Figure 8. Word cloud of prominent words in tweets
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somepeoplewerenothappywithverdictanddemandingforreview.Whereas,wordslike“accept”,
“respect”,“good”,“happy”,“well”,“peace”showsthatmajorityofpeopleacceptedtheverdict.

4.4 Comparative Analysis of the Three Phases of Verdict
Table2presentsacomparativeanalysisoftweetsduringthreephasesoftheverdict.Since,eachofthe
phasesnamelypre,onandposthadadifferentnumberoftweetsi.e.8003,49964and8027respectively,
thescoresofsentimentswouldbedifferentineachcase.So,tocomparethem,thescoreshavebeen
normalized.Thishasbeendonebydividing the total scorewith thenumberof tweetsandafter
normalizationallthescoresareinrangeof0to1.Scoresforeachemotionhavebeenobtainedafter
addingthescoresfortotaltweetsperday.Incaseoflinegraphsforpreandpostphases,normalization
isdonebydividingthescoreswiththetotalnumberoftweetsperday.For9thNovemberemotion
linegraph,normalizationisdonebydividingthescoreswithnumberoftweetsperhour.Theabove
analysiscanbesubstantiatedwiththeobservationsfromtableII.Itcanbeobservedthattheemotions
ofanticipation, joyand trustdominateall the threephases. Itmayfurtherbeobserved thatover
timethereisasignificantdeclineinthenegativeemotions.Theemotionofangerhasreducedfrom
10.06%inpre-verdictphaseto8.26%inthepost-verdictphase,fearhasalsoreducedfrom11.5%to
9.19%andtheemotionofdisgustalsoshowsareductionfrom6.14%to4.13%andtheweightageof
thesethreeemotionsistheleastinthepost-verdictphase.Itcanalsobededucedfromtable2that
theweightageofpositiveemotionofjoyshowsasignificantincreasefrom12.16%to18.95%and
trustshowsasubstantialincreasefrom24%toalmost30%inthepost-verdictphase.Theemotion
ofsurpriseshowsasteadydeclinefromthepre-verdictphase(7.14%)topost-verdictphase(5.7%).
Thesimultaneousincreaseinpositiveemotionsanddecreaseinnegativeemotionsfrompre-verdict
phasetopost-verdictphaseindicatestronglythatthepublicatlargehasacceptedtheverdictwith
alotofpositivityandhasshownalotofconfidenceintheverdictofTheSupremeCourtofIndia.

4.5 Sentiment Classification Using VADeR
Itisalexiconandrule-basedsentimentanalyzer,isusedtoextractpositiveandnegativesentiments
expressedonsocialmediaaccording to their semanticorientation.VADERnotonly talksabout
thepositivityandnegativityscorebutalsotellsusabouthowpositiveornegativeasentimentis.It
classifiespositiveandnegativesentimentusingthefollowingrule:ifcompoundscoreofasentiment
isgreaterthan0.05thenitispositive;ifitisbetween-0.05and0.05thenitisneutralandifthe
compoundscoreislessthan-0.05thenitisanegativesentiment.

A total of 65,994 tweets were collected in three phases from which positive and negative
tweetshavebeenextractedusingVADER.FigureIXdepictsthebar-graphofpositiveandnegative
sentimentsandshowsthatinallthethreephasespositivesentimentsaremuchhigherthannegative
andneutralsentimentsalsowhilepositivesentimentisalmostsamethereisasubstantialdecrease
inthenegativesentimentalsothenumberofneutraltweetshasincreased.Thiscorroborateswith

Table 2. Snapshot view of change in emotions of pre, on and post-verdict tweets
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theresultsusingtheNRCemotionlexiconwhichalsodepictedincreaseinpositivesentimentand
decreaseinnegativesentiment.

5. DISCUSSIoN

Thispaperrecognizestheuseandimpactofsocialmedia(Twitterinparticular)ingaugingpublic
perceptionsofgeneralpublicbyanalyzingtheusers’feelingsexpressedintheformoftweetsorfree
text.Thestudywasatemporalresearchundertakenwiththeobjectiveofunderstandingthesentiments
ofpeopleresidingindifferentpartsoftheworldasexpressedbythemonTwitter.Further,thedatawas
notcollectedataparticularpointintimebutwascollectedoveraperiodoffourweeksanddivided
intothreephasesi.e.,pre-verdict,onthedateofverdictandpost-verdicttocapturethechangesin
differentemotionsovertime.AstheAyodhyaverdictwasoneofthemostawaitedjudgementsin
Indianhistory,itwasconceivedthattheemotionsmightchangeasthejudgementdayapproaches
andtillthenewsofthejudgementsettles.Thiswasanimportantaspecttobeconsideredasitisquite
possiblethatinitialsentimentsregardingaparticulareventmaychangeaftergreaterunderstanding
oftheevent’simplications.

Theresultsindicatedadeclineinthenegativeemotionsofanger,fear,anddisgustovertime
withtheirpresencebeingleastsignificantinthepost-verdictphase.Positiveemotionsoftrustand
joyshowedasubstantialincreasefrompre-verdicttopost-verdictphase.Theemotionsofsurprise
andanticipationdisplayasteadydeclineaftertheannouncementoftheverdict.Overall,theanalysis
oftweetsshowsthattheverdictofTheSupremeCourtofIndiahasbeentakeninapositivestride
bythepublicatlarge.Inacontentanalysisof213newspiecesrelatedtoAyodhyaVerdictpublished
intop3IndianEnglishnewspapers,Dayal&Garg(2020)highlightedtheintertwinedrelationship
ofreligiousissuesandpolitics,andhowpoliticalpartiesusethecommonmanasweapontodivide
communitiesfortheirownbenefits.Theyfurtherassertthatwhilealmosteverybodyhaswelcomed
theSupremeCourt’sdecision,somecommunitiesarenothappywithit.Sharma(2019)concurwith
theaboveandstatethattherehasbeenanoverallsentimentofacceptanceandharmonybutalsoposit
thatthecourthasprioritizedthereligiousbeliefsofonecommunityoverlegalrightsoftheother.
However,Ramachandran(2020)inherstudyhasexploredanti-MuslimviolenceinIndiasince2014
and the implicationsofHindutvaviolence for Indiaandasserted that theverdict legitimized the
unlawfuldestructionoftheBabrimosqueandhandedamajorvictorytoHindutvagroupsinacase
wheretheirlegalclaimwasweak.Whilethisresearchstudyrevealedpositivesentimentsregarding
theAyodhyaverdictofTheSupremeCourtofIndia,itisquiteplausiblethatsuchcontroversialand
long-standingconflictsneedtobeexaminedlongitudinallytoreachtodefiniteconclusionsregarding
theattachedpublicsentiments.

Figure 9. Graph for positive and negative tweets through VADER
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Sentiment analysis has been utilized by several researchers towards decoding the public
perceptionstowardsvarioussocial,cultural,andeconomicevents.Thisisbecauseitprovidesadeeper
viewoftherelationshipbetweentheeventsasreportedinelectronicorprintmediaandsubsequently
thesentimentsgarneredonsocialmedia.Duetal.(2017)intheirresearchdemonstratedadirect
relationshipbetweenapositivenewsmediapublicationand relatedsocialmedia sentiment. It is
possiblethatpositivesocialmediasentimentsmayhavetheabilitytobringaboutapositivereal-
worldbehavior.Thishasbeencategoricallyprovenindifferentstudiesinfieldslikemoviereviews,
elections,stockmarketetc(Bonta&Janardhan,2019;Jaidkaetal.,2019;Mittal&Goel,2012).
Therefore,thisindicatesthepotentialuseofsocialmediainalmostanydomainviz.productreview,
adcampaigns,stockmarket,andpublichealthetc.Furthermore,Twitterdataisanoutcomeofdebates,
discussions,anddiverseopinions,andisnowbecomingthegotosourceofnewsforpublicatlarge
ratherthantheconventionalsourcessuchastheprintandelectronicmedia.Sentimentanalysisof
dataviamicrobloggingsitesseemstobeapromisingresearchavenueasitmayhelptopromotea
varietyofinitiativesacrossfields.Thepresentstudyreaffirmsthatpositivesentimentsarelikelyto
translateintopositivebehavior.ResultsofthetemporaldatashowthatthegeneralIndianpublicis
well-poisedtoaccepttheverdictleadingtopeaceandharmony.

Whiledataformostoftheresearchonsentimentanalysisoriginatesfromtwitter,therewasno
consistencyobservedinthetechniquesusedtoperformsentimentanalysis.Henceitcanbeunderstood
thattherewasnosingle“goldstandard”approachusedbyresearcherstoconductsentimentanalysis
aseachmethodhaditsownsetofadvantagesanddisadvantages(Alsaeedi&Khan,2019;Bonta&
Janardhan,2019;Devikaetal.,2016;Najjar&Al-augby,2021).Thisshowsthatthereisstillalotof
scopeandexplorationthatcanbedoneintheareaofsentimentanalysisinordertoestablishastandard.
ItwasalsoobservedthatLexicon-basedapproacheswerepreferredtoMachineLearningapproaches
especiallyincaseswhenreactionswereneededtobesoughtonoccurrenceofcertainevents.

6. LIMITATIoNS AND FUTURe SCoPe

Althoughthestudyfulfilledtheobjectiveofunderstandingthegeneralpublic’sopinionontheverdict
regardingtheAyodhyacase,thisstudyisnotwithoutlimitations.Thestudyisbasedontweetsofusers
whicharegenerallyinEnglishlanguageandthereforemightnotberepresentativeofthepopulation
thatdoesn’tunderstandEnglish.Therefore,presentresearchdoesn’tfactorinlocationandlanguageof
users,futureanalysiscantakeintoaccountthesefactorstoavoidgeographicalandculturalsampling
errors.FutureresearchersmayalsouseplatformslikeKoowhichofferlocallanguagestousersto
writein.Also,dataforthepresentresearchwascollectedonlyviatwitter,futureresearchersmaywant
tocollectdatafrommultiplesuchplatformstoprovidemoregeneralizationoftheresults.Further,as
weknowuserscanuseanythingfrominformaltexttoslangs,emojis,abbreviations,URLsetc.,such
datamaypresentnewanduniquechallengesforlanguageprocessing.Suchemoticonscanbehighly
subjectiveandoftencontextdependent.Anotherlimitationoflexicon-basedapproachesisthatthey
havethecapabilityofincludingafinitenumberofwordsinthelexiconsandassignfixedsentiment
orientationandscoretowords.Infutureresearchersmaybasetheirfindingsonmorethanoneapproach
toobtainbetterresults.Lastly,thedataextractedfromTwitterwasveryrawandhencewasduly
pre-processedandcleaned,butmaystillhavesomeinconsistencies,henceitissuggestedtofuture
researcherstomovewithcautionandprudenceindatacleaningasfreetextcanbenoisyanddirty.

7. CoNCLUSIoN

Inthelastdecadesocialmediahasincreasinglyinfluencedbothsocietiesandindividuals.Datafrom
websitessuchasWordPress,MouthShut.com,TumblrandTwitterhaveplayedanimportantrolein
gatheringthesentimentsandfeelingsofpeoplepertainingtospecifictopics.Inthispaperwehave
analyzedthepublicsentimentontheverdictofSupremeCourtofIndiaregardingtheAyodhyaland
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disputecase.Thesentimentanalysishasbeenconductedinthreephasestounderstandthechange
insentimentsovertime.Thethreephaseshavebeendividedonthebasisoftimeintopre-verdict,
onthedayofverdictandpost-verdictphase.SentimentanalysisoneachphaseusingNRCemotion
lexiconandVADERrevealsthattheverdicthasbeenhappilyacceptedbythegeneralpublic.Analysis
ofdifferentemotionsalsoshowsthatthepositiveemotionsofjoyandtrustsignificantlydominate
the other emotions. Prominent words such as “peace”, “hope”, “respect”, “harmony”, “accept”,
“justice”and“happy”inwordcloudsofeachphasealsoconfirmtheanalysis.Sentimentclassification
usingVADERalsoshowsthedominanceofpositivetweetsovernegativetweets.Thesekeywords
representhowthejudgementwaswelcomedwiththeappealofpeaceandharmony.Butwiththe
acceptance,thereappearstobesomeunhappinessfortheverdictaswell.Italsoappearsthatsome
Muslimmemberswanttofileareviewpetition,whileHinduswereveryhappywiththedecision.
Lookingatthesocio-politicallandscapeofIndiaitmayalsobeunderstoodthattheissueisnotonly
peoplecentricbutpoliticalaswell,thesepartiesmayuseanycommunal,religiousorsocialissue
asaweaponfortheirbenefit.Wemayseeanincreasedutilizationoftechniquessuchassentiment
analysisviaTwitterandothermicrobloggingsitesforanalysisofpolitical,social,economicevents
garneringpublicattentioninthefuture.Highinfluxofdigitalcontent
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