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ABSTRACT

Technology acceptance in private spaces has not received much attention, although users’ behaviour 
may be different due to the space in which usage takes place. To address this gap, the present study 
proposed a model exploring individuals’ values, users’ perception of technology performance and 
attitudinal beliefs in relation to use behaviour and satisfaction when using smart technologies in their 
homes. The study employed a sample of 422 participants in the USA. Structural equation modelling 
was utilised to test the proposed hypotheses. The model provided robust results explaining factors 
underpinning the use of pervasive technology in private settings. Specifically, the study showed 
that hedonic and utilitarian beliefs are critical for the perception of task fit, whereas privacy and 
financial factors were found to be not significant. The fit between tasks and technology demonstrated 
a significant role in predicting perceived usefulness, perceived ease of use, use behaviour, and 
satisfaction. Lastly, use behaviour showed a positive correlation with satisfaction.
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1. INTRodUCTIoN

Home is a private space, in which residents perform different roles while carrying out their daily 
routines (Venkatesh, 1996, Kraybill, 2005). Individuals need to feel secure and enjoy emotional and 
physical comfort when they are inside their house (Kraybill, 2005). This may explain why homes 
have remained relatively untouched by the advent of online technologies and we have only just started 
experiencing a significant wave of change, namely their transformation into smart homes. The key 
attributes of smart home technologies are the ability to acquire information from the surrounding 
environment and react accordingly (Chan et al., 2008, Balta-Ozkan et al., 2014). On one hand they 
are capable of encouraging independent living, promoting environmental sustainability and offering 
financial benefits through daily support, monitoring and consultancy services. On the other hand, they 
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raise serious privacy and trust issues that go well-beyond other technologies, due to their pervasive 
nature (Balta-Ozkan et al., 2013a, Chan et al., 2009). Therefore, technology acceptance can play 
a relatively more important role compared to others when examined in the context of other digital 
technologies, especially when it comes to examining potential risks vs the benefits a user may obtain.

Technology acceptance research has typically been considered with regards to technologies that 
are used in public/mixed settings (Venkatesh and Davis, 2000, Anandarajan et al., 2000, Stam and 
Stanton, 2010, Schmidthuber et al., 2018). It is very seldom that technology acceptance studies have 
considered technologies that are utilised solely in a private setting. The use of such technologies may 
be heavily dependent on the psychological factors of house residents, the perception of outcomes, 
motives and beliefs (Choe et al., 2011). For example, the perception of hedonic and utilitarian 
values differs across people using the technology publicly and privately. Values reflect the needs and 
judgement of technology utility that are peculiar to the context (E. Collier et al., 2014). Similarly, the 
use of technology in private spaces is connected with the potential risks of personal data leakage and 
monetary spending (Marikyan et al., 2019, Balta-Ozkan et al., 2013b, Aldrich, 2003), posing higher 
risks for users. This suggests that the acceptance and use of technology in private spaces may be based 
on values   and beliefs that are manifested differently to those in a public/mixed environment. In terms 
of services, there is a divergence in tasks and the purpose of technology utilisation in private versus 
public settings. Technology compatibility acts as a boundary condition in adopting the technology 
(Shih and Venkatesh, 2004, Brown and Venkatesh, 2005).

Only few studies have examined the technology acceptance in the private context (Brown and 
Venkatesh, 2005, Venkatesh and Brown, 2001, Balta-Ozkan et al., 2013b, Balta-Ozkan et al., 2014). 
That research provided prospective qualitative insight into the potential implementation of pervasive 
technology in houses (Balta-Ozkan et al., 2013b, Balta-Ozkan et al., 2014), without explaining the 
perception of technology by actual users. The studies adopting the users’ perspective ignored the role 
of the perceived fit of technology capabilities to user demands (Goodhue and Thompson, 1995). The 
fit is superior when it comes to the private use of technology, because it defines the degree of the 
situational applicability to the tasks that users may have, in contrast to attitudinal factors measuring 
the overall usefulness of the technology. In addition, the studies extend the implications beyond 
residential settings (Brown and Venkatesh, 2005, Venkatesh and Brown, 2001), which limits the 
understanding of technology utilisation in a purely private context.

Secondly, the role of potential risks pertinent to the use of technology in private spaces has not 
been tested (Marikyan et al., 2019, Balta-Ozkan et al., 2013b, Aldrich, 2003). The effect of beliefs 
about potential benefits and costs on use behaviour and the mediating role of technology fit may 
provide the current literature with much-needed evidence about the factors affecting technology 
acceptance in private spaces. Given the gaps in the literature, the aim of this paper is two-fold: a) 
from a technology acceptance point of view, to study smart home acceptance as a case of a pervasive 
technology used in a private setting and provide more empirical evidence from a user perspective, and 
b) from a smart home point of view, to present empirical evidence related to the balance of benefits 
vs the risk users experience.

In the following section, we will present the literature on smart homes, the theoretical framework 
adopted by the study and put forward a number of hypotheses. Then, the methodology of the study 
will be described, followed by the results and findings. The paper will conclude with the contributions, 
limitations and future research suggestions.

2. LITERATURE REVIEw ANd HyPoTHESES

2.1 Smart Homes
The smart home is defined as a “residence equipped with computing and information technology, 
which anticipates and responds to the needs of the occupants, working to promote their comfort, 



International Journal of E-Business Research
Volume 17 • Issue 2 • April-June 2021

3

convenience, security and entertainment through the management of technology within the home and 
connections to the world beyond” (Aldrich, 2003). The major focus of the research so far revolves 
around the benefits that smart homes make possible (Chan et al., 2008, Balta-Ozkan et al., 2014, 
Lee et al., 2017). Such benefits can be classified into four categories: a) health-related benefits, b) 
environmental benefits, c) financial benefits and d) psychological wellbeing and social inclusion. 
At the core of the health-related benefits that smart home technologies can deliver is the support 
to the ageing population. Smart home devices are capable of providing home care, virtual medical 
consultancy and the management of residents’ health. These services promote independent living, 
increase the quality of health care and care accessibility for the ageing population, which has been 
the dominant segment for smart home technology so far (Chan et al., 2008, Dong et al., 2017). In the 
residential context, smart home technologies can help towards the reduction and monitoring of energy 
usage (Marikyan et al., 2019, Balta-Ozkan et al., 2013a). These benefits became of interest due to 
growing environmental concerns of users with regards to emerging threats, such as global warming 
and climate change. In addition, the interest in the acceptance of smart home technologies is further 
fuelled due to national and EU policy changes and mandated climate change objectives (Balta-Ozkan 
et al., 2013b). Recent advances in smart home technologies have enabled individuals to monitor and 
use energy efficiently, which positively influences the environment (Chan et al., 2008, Marikyan et 
al., 2019). The financial benefits of smart home technology are associated with environmental and 
health-related benefits. Specifically, the effect of smart home technology acceptance on environmental 
sustainability is a long-term goal, while short-term benefits come from the savings in utility bills 
(Balta-Ozkan et al., 2013a, Marikyan et al., 2019). The last group of potential benefits that is associated 
with the use of smart home technology is psychological well-being and social inclusion. The use of 
smart home technology can make individuals overcome the feeling of isolation. This can be made 
possible given the ability of smart home technologies to support and help users, including vulnerable 
and elderly people, relate to the outside world (Chan et al., 2008, Marikyan et al., 2019). Despite 
the fact that an overwhelming number of papers have discussed the potential benefits of smart home 
technology usage, the promised benefits have not always been manifested. Smart home technologies 
might not be fully embraced or might be perceived differently by users (Geels and Smit, 2000), which 
indicates the need for further investigation.

2.2 Technology Acceptance in Private Spaces
A review of the literature makes evident that the published research mostly focuses on the technology 
usage in public and mixed settings. For example, the constructs from the technology acceptance 
model (i.e. perceived usefulness and perceived ease of use) have been used in a number of studies 
to explain the utilisation of technology in organisational contexts (Igbaria et al., 1997, Carter and 
Bélanger, 2005) and investigate the antecedents of the use of mobile technology, personal computers 
and e-commerce platforms (Agarwal and Karahanna, 2000, Venkatesh et al., 2012, Gefen et al., 
2003). To adapt TAM to workplace settings, the model has been extended with intraorganizational 
and extraorganisational factors, such as internal and external computing support, internal and external 
computing training and management support (Igbaria et al., 1997). For the examination of the usage 
of e-learning systems, TAM was extended with context-specific factors, such as network externality, 
social and system factors. Those were found to have a significant effect on the perceived ease of the 
system’s operationalisation, usefulness and use enjoyment (Cheng, 2011). The adoption of technology 
in public and mixed contexts was also examined by integrating technology acceptance models with 
personal factors, such as cognitive absorption, self-efficacy, goal orientations (Wang, 2008, Agarwal 
and Karahanna, 2000, Cheng, 2011) and subjective norms (Venkatesh and Morris, 2000, Venkatesh 
et al., 2003), which affect the perception of technology utility and use intention.

Few studies have examined the utilisation of technology in the private context. Early research on 
technology adoption in household settings focused on portable and intangible services produced by 
ICT, such as personal computers and the internet (Venkatesh and Brown, 2001, Brown and Venkatesh, 
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2005). Some papers focused on the social and personal factors contributing to the adoption, such as 
self-efficacy, trust and personality traits (Hsieh et al., 2008, Shih and Venkatesh, 2004). Others focused 
on energy consumption and the adoption of energy-efficient technology (Wunderlich et al., 2019). 
The review of these studies identified several pitfalls that inhibit the advancement in the domain of 
technology adoption in private spaces. First, research overlooks the characteristics of private spaces. 
The studies set a blurry line between private and public spaces since they mostly investigate the 
utilisation of intangible services and devices which can be used both inside and outside household 
settings (Venkatesh and Brown, 2001, Brown and Venkatesh, 2005, Hsieh et al., 2008). However, it is 
important to delineate private and public contexts by setting both physical and virtual boundaries. The 
lack of physical presence and the applicability of technologies to public settings make the interaction 
with technologies universal in different contexts, thus decreasing the validity of the analysis of 
situational behaviour (Shapiro, 1998). Second, due to the inability to recognise the permeability of 
physical and virtual boundaries of private spaces (Shapiro, 1998), the current research overlooks the 
potential adverse consequences that the utilisation of technologies implies, such as perceived risks 
(e.g. privacy). Third, although the prior literature noted that users’ roles, behavioural and attitudinal 
patterns vary in public vs private contexts (Brown et al., 2006, Venkatesh, 1996), the research did not 
examine to what degree the technology services correspond to the household requirements of users. 
The examination of the interrelationship between beliefs in the benefits, risks and technology fit would 
give a better insight into the technology adoption in private spaces. Fourth, the research focuses on 
particular devices, performing a specific service (Wunderlich et al., 2019). Hence, certain factors 
can be manifested only in the context of specific behaviour. Given the above, a model is developed 
in the next section that aims to contribute towards filling these gaps.

2.3 Hypothesis development
This study is based on the Task Technology Fit (TTF) model. The utilisation of the TTF model made 
it possible to examine whether the use behaviour of residents of private spaces is conditioned by 
the fit between their tasks and the characteristics of the technology. There are five constructs that 
represent the model: task characteristics, technology characteristics, task-technology fit, technology 
utilisation and performance impact. While task characteristics and technology characteristics reflect 
the specific dimensions of the technology and its utilisation, the general task-technology fit factor 
captures individuals’ perception of task-technology fit (Goodhue and Thompson, 1995). In this 
paper, we use the “fit” factor as it is argued that it is a crucial construct that is implicit in a lot of 
research (Goodhue and Thompson, 1995). The rationale for focusing on the TTF construct is that 
the present research aims to develop an insight into users’ perception of fit, rather than identifying 
task requirements and specific services that facilitate the technology utilisation. A similar approach 
has been adopted by a number of studies that examined the users’ perspective on the adoption of 
technology (Wu and Chen, 2017, Larsen et al., 2009, Fuller and Dennis, 2009).

TTF is integrated with the constructs that pertain to the users’ perception of technology 
performance, such as perceived usefulness and perceived ease of use from the Technology Acceptance 
Model (TAM) (Davis, 1989). TTF and TAM factors have been used in a number of studies aiming 
to explain the acceptance of technology from two different perspectives (Zhou et al., 2010, Goodhue 
and Thompson, 1995, Goodhue, 1995, Razmak and Bélanger, 2018, Naicker and Van Der Merwe, 
2018). While TTF stresses the importance of the “fit” factor when it comes to task-related behaviour, 
perceived usefulness and perceived ease of use explain the attitudinal underpinnings of the behaviour. 
The model proposed in this paper reconciles these two approaches. The main justification for 
combining attitudinal factors with TTF derives from research findings that users can positively 
perceive the technology, but not adopt it due to a lack of fit (Junglas et al., 2008, Lee et al., 2007). 
Given that smart home technologies are still not widely utilised, the TTF can shed new light on 
whether low acceptance of smart home technology is due to the lack of fit and associated beliefs 
about performance. Additionally, this study analyses whether utilitarian, hedonic values, privacy 
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and financial risks influence the users’ perception of task-fit. These are the four main groups of 
behavioural beliefs whose significance has been tested in the combination of various frameworks in 
the technology acceptance context (Turel et al., 2010, Van der Heijden, 2004, Xu et al., 2012). An 
overview of the model is presented in Figure 1. The following section will discuss the theoretical 
foundation of each relationship proposed in the research model.

2.4 Beliefs About Behavioural Benefits and Costs
TTF is defined as “the degree to which technology assists an individual in performing his or her 
portfolio of tasks” (Goodhue and Thompson, 1995). Following the underlying theory of task-
technology fit, individuals’ determination of the technology fit is based on their hedonic or utilitarian 
needs (Goodhue and Thompson, 1995, Van der Heijden, 2004). Perceived hedonic and utilitarian 
values matching individuals’ needs can affect the perception of the technology (Van der Heijden, 2004, 
Babin et al., 1994). The achievement of self-fulfilment is the core of the hedonic value. Specifically, 
hedonic value in the information systems context can be defined as an individual’s perception of the 
enjoyment and fun related to the product (Van der Heijden, 2004, Brown and Venkatesh, 2005). On 
the other hand, consumers who are concerned with utilitarian value expect to gain instrumental utility, 
like improved task performance (Van der Heijden, 2004). Therefore, we propose that behavioural 
beliefs are linked to the individuals’ perception of task-technology fit. The first hypothesis is drawn 
from the findings of the literature on smart homes. Smart home technology can generate utilitarian 
values for users, such as financial savings on utility bills (Balta-Ozkan et al., 2013b, Marikyan et 
al., 2019), and hedonic values, such as enjoyment, comfort and fun (Marikyan et al., 2019). Based 
on the above, we propose that:

Hypothesis 1: a) Hedonic and b) utilitarian values have a positive effect on individuals’ perceptions 
of task technology fit.

The literature has paid significant attention to perceived risks (Featherman and Pavlou, 2003, 
Pavlou, 2003, Bélanger and Crossler, 2011, Li and Huang, 2009, Im et al., 2008, Ozturk et al., 2017, 
Bourlakis et al., 2008). Privacy and financial risks are considered to be the main categories of perceived 
risks (Featherman and Pavlou, 2003, Pavlou, 2003). The perception of high risk is associated with 
the consumer’s uncertainty about the outcome of behaviour (Bauer, 1960). A number of studies have 
highlighted the importance of perceived risk in explaining consumer behaviour in the context of 
innovative technology usage (Im et al., 2008, Featherman and Pavlou, 2003, Pavlou, 2003, Schaupp 
and Carter, 2010). Financial and privacy risks can negatively influence individuals’ perception of 
technology, its acceptance and future use (Taneja et al., 2014, Martins et al., 2014). Several scholars 
have integrated perceived risk constructs with technology acceptance models (Kesharwani and Singh 
Bisht, 2012, Im et al., 2008). Driven by the definition that the technology is perceived to fit the 
task if it is consistent with the individual’s needs and requirements and it is capable of assisting in 
a particular task (Goodhue, 1995, Van der Heijden, 2004), high perceived risk can be an inhibiting 
factor in perceived task-technology fit. Similarly, users have raised concerns about privacy intrusion 
and expressed distrust about promised savings on utility bills (Marikyan et al., 2019, Aldrich, 2003). 
Therefore, we hypothesise that:

Figure 1. The overview of the model
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Hypothesis 2: a) Privacy risk and b) financial risk have a negative effect on individuals’ perceptions 
of task technology fit.

2.5 Technology Fit and Performance
A number of studies combined various technology acceptance models with TTF to explain individuals’ 
attitudes towards adoption, perceived performance and continuance intention to use (Dishaw and 
Strong, 1999, Wu and Chen, 2017, Lu and Yang, 2014, Abbas et al., 2018, Oliveira et al., 2014, Tam 
and Oliveira, 2016, Tarhini et al., 2016). Perceived fit between technology and task is the precondition 
for the adoption of innovative services offered by online platforms (Dishaw and Strong, 1999, Wu 
and Chen, 2017). The TTF model has been applied to different contexts, such as mobile banking, 
online learning systems and mobile insurance (Junglas et al., 2008, Tam and Oliveira, 2016, Lee et 
al., 2007, Wu and Chen, 2017). Users of online learning courses found TTF to be an important factor 
preceding perceived usefulness and perceived ease of use (Wu and Chen, 2017). However, not all 
dimensions of TTF (i.e. data quality, localability, authorisation, timeliness, compatibility, training, 
system reliability and relationship with users) were shown to be equally significant. Lee et al. (2007) 
concluded that data quality was the only indicator of fit and the predictor of service adoption in the 
context of insurance services. Another study found conflicting results about the effect of TTF on 
the performance impacts of mobile banking across younger and older respondents. The effect of the 
performance of banking services was insignificant for younger users, but not the older ones (Tam and 
Oliveira, 2016). The purpose of the use of online systems and the level of skilfulness of users may be 
two possible explanations for the inconsistency among previous findings. The fit of online systems 
for learning purposes can be more imperative, as users do not have an alternative way to fulfil the 
task. In contrast, mobile banking is an optional choice that is aimed at increasing the effectiveness 
of traditional banking services. Secondly, younger people might be more self-efficient and less 
dependent on the characteristics of the systems used. The literature has also discussed the effect of 
TTF on the outcomes of use behaviour, such as satisfaction. There is evidence that satisfaction is 
influenced by TTF both directly and indirectly (Lin and Wang, 2012, Chen et al., 2016, Lin, 2012, 
Isaac et al., 2017). For example, a study confirmed the effect of perceived fit on the satisfaction 
mediated by the use of online systems (Lin and Wang, 2012). It explains the situation whereby the 
performance of services that match pre-use expectation of technology fit is perceived as fair and a 
rewarding investment of users’ resources (Chen et al., 2016). The examination of the direct effect of 
perceived fit on satisfaction demonstrated that satisfaction is strongly correlated with TTF and acts 
as a good predictor of the long-term adoption of online learning systems (Lin, 2012, Isaac et al., 
2017). Based on the above, we hypothesise that:

Hypothesis 3: The perceived task technology fit has a positive effect on a) use behaviour, and b) 
satisfaction.

TTF has a strong influence on PEOU (Dishaw and Strong, 1999, Chang, 2008). In addition, 
when comparing the original model and the model integrated with TAM, the effect of TTF as a 
standalone model predicting use behaviour is not strong enough (Dishaw and Strong, 1999, Shih and 
Chen, 2013). The same conclusion was reached by a recent study that postulated that the integration 
of TTF with TAM gives a better explanation for the utilisation of innovative technologies (Wu and 
Chen, 2017). Also, the strong explanatory power of TTF constructs was examined in other research 
studies that integrated the TTF framework with performance expectancy and effort expectancy from 
UTAUT (Abbas et al., 2018, Oliveira et al., 2014, Zhou et al., 2010). Performance expectancy pertains 
to perceived usefulness, whereas effort expectancy implies the perceived degree of ease directed at 
the utilisation of information systems (Venkatesh et al., 2003, Davis et al., 1992). The findings of 
the research suggested that combined behavioural belief constructs and TTF had a strong predictive 
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power in relation to information system adoption. The study confirmed a strong relationship between 
performance expectancy and effort expectancy, TTF and technology characteristics constructs. The 
latter construct had an effect on effort expectancy, while TTF had a direct strong effect on perceived 
usefulness (Zhou et al., 2010). Applying the findings of the research to the smart home literature, 
there could be a strong relationship between TTF, performance expectancy and effort expectancy. The 
embedded artificial intelligence in smart homes makes individuals’ tasks easier and more effective. 
Smart home technologies can increase users’ productivity and comfort in day to day tasks (Marikyan 
et al., 2019, Aldrich, 2003). User-friendly smart devices can be perceived as having the potential of 
high task productivity due to lower effort expectancy.

Hypothesis 4: The perceived task technology fit has a positive effect on a) perceived usefulness and 
b) perceived ease of use.

Perceived usefulness can be defined “as the degree to which an individual believes that using 
the system will help him or her attain gains in job performance” (Venkatesh et al., 2003, Davis et al., 
1989). Perceived usefulness and performance expectancy owe their wide implication to TAM and 
UTAUT theories. The two constructs share a high degree of similarity (Davis, 1989, Thompson et al., 
1991). A number of studies stress that perceived usefulness is a significant predictor of an intention 
and use of technology (Agarwal and Prasad, 1998, Davis et al., 1992, Venkatesh et al., 2012, Al-
Gahtani et al., 2007). Moreover, the higher the perception of the usefulness of IT systems the higher 
the likelihood that the performance will be perceived positively by users. That means that perceived 
usefulness encourages actual use behaviour and also defines the perceived outcome of performance 
(Shih, 2004). The construct has been applied and tested in different geographical and cultural settings. 
The results were consistent with the original findings, confirming the invariant effect of perceived 
usefulness on intention and use behaviour (Al-Gahtani et al., 2007, Wang and Shih, 2009, Venkatesh 
and Zhang, 2010). Based on the past literature our next hypothesis is:

Hypothesis 5: Perceived usefulness has a positive effect on use behaviour.

Perceived ease of use can be defined “as the degree of ease associated with the use of the system” 
(Venkatesh et al., 2003, Davis et al., 1989). Similar to perceived usefulness, perceived ease of use 
is a fundamental psychological belief facilitating technology acceptance (Davis et al., 1989, Davis, 
1989, Venkatesh and Davis, 2000). A vast number of studies have confirmed the significant effect 
of the construct on behavioural intention, both in voluntary and mandatory settings (Davis, 1989, 
Thompson et al., 1991). In addition, perceived ease of use has both a direct and indirect effect on the 
use behaviour. One stream of research found robust evidence of the predictive power of perceived 
ease of use on actual use behaviour (Venkatesh et al., 2012, Al-Gahtani et al., 2007, Venkatesh and 
Zhang, 2010, Martins et al., 2014, Kumar et al., 2016). However, the major thread in the literature 
shows evidence that the influence of the factor on actual use is mediated by perceived usefulness 
(Park et al., 2016, Calisir and Calisir, 2004, Miranda et al., 2014). For example, a correlation of 
perceived ease of use and perceived usefulness was found when examining motivational predictors of 
the expected relevance of IT systems and subsequent satisfaction (Calisir and Calisir, 2004). Drawing 
upon the aforementioned findings, this study hypothesises the following:

Hypothesis 6: Perceived ease of use has a positive effect on perceived usefulness.

2.6 The outcome of Use Behaviour
Over the years, research has been carried out to study the relation between satisfaction and technology 
use (Román et al., 2018, Vlahos and Ferratt, 1995, Calisir and Calisir, 2004). In particular, the influence 
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of the technology use on employees’ satisfaction in the workplace has been tested (Vlahos and Ferratt, 
1995, Isaac et al., 2017). It was found that the use of technology in a work-related environment has a 
positive influence on decision-making efficiency and operations in organisations, and it increases the 
employees’ satisfaction (Vlahos and Ferratt, 1995, Román et al., 2018). The effect of actual use on 
user satisfaction was also tested in the context of private use of information systems (Chiu et al., 2007, 
Deng et al., 2010). It was found that the successful adoption of web-based platforms by consumers 
is the result of the direct effect of actual use on satisfaction (Chiu et al., 2007). Another study used 
a multidimensional construct to test the effect of different aspects of user experience on satisfaction 
with mobile internet services. Experience was measured as the degree to which users meet functional, 
hedonic and overall performance expectations. The strongest correlation was between confirmed 
expectations and satisfaction, which in turn affected intention to use mobile internet services again 
(Deng et al., 2010). Several studies developed conceptual models to explain the individual’s satisfaction 
and antecedents (Calisir and Calisir, 2004, Mawhinney and Lederer, 1990). Recent literature has 
provided inconsistent findings when investigating the relationship between technology use, satisfaction 
and stress (Román et al., 2018, Yueh et al., 2016). The findings revealed that technology use had a 
significant effect on satisfaction, but the effect of the frequency of use was insignificant (Vlahos and 
Ferratt, 1995). In addition, the satisfaction level among respondents was not consistent. Also, it has 
been argued that instead of satisfaction the use of technology positively influenced the level of stress 
(Ahearne et al., 2005, Sundaram et al., 2007, Tarafdar et al., 2014). For instance, the acceptance of 
technology in higher education can lead to anxiety and it further negatively influenced satisfaction 
(Lepp et al., 2014). In contrast, another stream in the literature pointed out that the use of technology 
had a positive effect on satisfaction levels (Wright et al., 2014, Apostolou et al., 2017, Román et al., 
2018). Drawing on the literature in the smart home domain, it is more likely that the enjoyment of 
health-related, financial and environmental benefits of the use of smart home technology (Marikyan 
et al., 2019) will result in a positive outcome. Therefore, we hypothesise the following:

Hypothesis 7: Smart home technology use has a positive effect on satisfaction.

3. METHodoLoGy

3.1 data Collection and Sampling
This study adopted a quantitative approach. A pilot study was conducted before starting the distribution 
of questionnaires with the aim of testing the feasibility of the survey design and approach. The 
questionnaire incorporated screening questions to filter out individuals who did not use smart home 
technology at the time of data collection and had never used it in the past. The second part of the 
questionnaire consisted of general questions with the purpose of having a socio-demographic picture 
of the respondents. The third part included model-specific questions. The data collection for this study 
took place online via a consumer panel located in the United States. Due to the developed technological 
infrastructure of the country, a sample located in the United States was deemed representative for the 
purpose of the study. Given the objectives of the study, we used a non-probability sampling method 
and focused only on current and former users of smart homes. 510 participants (current and former 
smart home technology users) passed the screening questions and were included in the final sample. 
After deleting responses that did not have satisfactory variance, this study ended up with 422 usable 
responses. In line with the guidelines provided by Hair et al. (2014), the sample was appropriate 
to conduct structural path analysis. The demographics of the final sample can be found in Table 1. 
Demographics were reasonably balanced, in terms of the participants’ gender. When it came to age, 
it was interesting that 60-69 represented a relatively bigger group, which may be an indication of the 
interest in the benefits that smart homes can provide to such users (Marikyan et al., 2019).
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Table 1. Demographic characteristics

Attribute Type Frequency (n=422) Percentages (%)

Gender
Male 195 46.20%

Female 227 53.80%

Age

20-29 29 6.90%

30-39 50 11.80%

40-49 67 15.90%

50-59 96 22.70%

60-69 170 40.30%

70-79 10 2.40%

Employment

Full time employed 183 43.40%

Part time employed 46 10.90%

Out of Work (but looking for) 12 2.80%

Out of Work (but not looking for) 3 0.70%

Homemaker 39 9.20%

Student 7 1.70%

Retired 111 26.30%

Unable to Work 21 5%

Ethnicity

Non-Hispanic White or Euro-American 352 83.40%

Black, Afro-Caribbean, or African American 32 7.60%

Latino or Hispanic American 19 4.50%

East Asian or Asian American 8 1.90%

South Asian or Indian American 4 0.90%

Native American or Alaskan Native 2 0.50%

Mixed 3 0.70%

Other 2 0.50%

Education

Some high school or less 3 0.70%

High school graduate or equivalent 75 17.80%

Vocational/technical school (two-year 
program) 49 11.60%

Some college, but no degree 100 23.70%

College graduate (four-year program) 113 26.80%

Some graduate school, but not degree 9 2.10%

Graduate degree (MSc, MBA, PhD, etc.) 67 15.90%

Professional degree (M.D., J.D., etc.) 6 1.40%

Geographical location

Urbanized Area (50,000 or more people) 175 41.50%

Urban Cluster (at least 2,500 and less than 
50,000) 128 30.30%

Rural (all other areas) 119 28.20%

continued on following page
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3.2 Measurement Items and data Analysis
Our research model contained nine constructs measured by multiple items. Table 2 presents all items 
representing our latent variables, which were adapted from prior literature to ensure content validity. 
Seven-point Likert scales were utilised to measure the items (strongly agree to strongly disagree). 
The aforementioned approach offered an effective way to measure the accuracy and precision of the 
latent variables (Churchill, 2002). To analyse the data for this study we followed the strategy proposed 
by Hair Jr and Lukas (2014) as well as Gaskin (2016). To examine the developed hypotheses, we 
employed SPSS v.24 and SPSS AMOS v.24. As a first step, we ran a confirmatory factor analysis to 
ensure the construct validity and reliability. The main hypotheses were tested by running structural 
equation modelling.

4. RESULTS

4.1 Reliability and Validity Tests
The CFA analysis of this model showed a satisfactory model fit (Table 2). The results of the reliability 
test for each examined variable, including the factor loading (>0.8), construct reliability (C.R. >0.8), 
average variance expected (AVE > 0.7) and Cronbach’s α (>0.8), were satisfactory (Hair et al. 2014). 
A convergent validity test demonstrated no validity concerns (Table 3).

4.2 Path Analysis
The proposed model examined the behaviour of smart home technology users and subsequent 
outcomes of use. The results showed that the tested model satisfied all model fit criteria and 
explained sufficient variance, represented by the coefficients of the R2 (Table 4). All the hypotheses, 
apart from 2a and 2b, were supported (Figure 2). Specifically, all the perceived task-technology fit 
effects were statistically verified and supported (H3a,b,c and H4a,b). Perceived task-technology 
fit demonstrated a significant positive effect on smart home use behaviour (H3a), satisfaction 
(H3b), perceived usefulness (H4a) and perceived ease of use (H4b). Two out of four hypothesised 
antecedents of task-technology fit were not significant, whereas all outcomes had positive and 
statistically significant effects. Particularly, the effect of privacy risk (H2a) and financial risk 
(H2b) on task-technology fit were not statistically significant. The influences of both hedonic (H1a) 
and utilitarian values (H1b) on task-technology fit were positive and statistically significant. The 
utilitarian value had a stronger effect on task-technology fit than hedonic ones. Task-technology fit 

Attribute Type Frequency (n=422) Percentages (%)

Household Income

$0-$24,999 58 13.70%

$25,000-$49,999 115 27.30%

$50,000-$74,999 110 26.10%

$75,000-$99,999 68 16.10%

More than $100,000 71 16.80%

Marital Status

Single (never married) 101 23.90%

Married 252 59.70%

Separated 2 0.50%

Widowed 15 3.60%

Divorced 52 12.30%

Table 1. Continued
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Table 2. Measurement items and data analysis

Measurement Item Loading C.R. AVE Cronbach’s α

Privacy Risk (Featherman and Pavlou, 2003) 0.925 0.863 0.923

What are the chances that using smart home technologies will cause you to lose control 
over the privacy of your payment information? .881

My signing up for and using smart home technologies would lead to a loss of privacy for 
me because my personal information would be used without my knowledge. .973

Financial Risk (Featherman and Pavlou, 2003) 0.869 0.769 0.866

What are the chances that you stand to lose money if you use smart home technologies? .820

Using smart home technology services subjects your checking account to financial risk. .931

Hedonic Value (Babin et al., 1994) 0.969 0.886 0.969

Using smart home technologies truly felt like an escape .938

I enjoyed being immersed in exciting new products. .943

I enjoyed the use of smart home technologies for its own sake, not just for the items I 
may have purchased. .944

During the use of smart home technologies, I felt the excitement. .941

Utilitarian Value (Babin et al., 1994) 0.950 0.863 0.949

I accomplished just what I wanted to during the use of smart home technologies. .948

I could not use smart home services in regard to what I really needed. .951

While using smart home technologies, I found just the service(s) I was looking for. .886

Task Technology Fit (Goodhue and Thompson, 1995, Wu and Chen, 2017, 
Jarupathirun, 2007) 0.972 0.919 0.923

Smart home technologies fit my requirements in daily life. .969

Using smart home technologies fits my daily routine tasks. .969

Smart home technologies are suitable to complete my daily routine tasks. .930

Perceived Usefulness (Venkatesh and Morris, 2000) 0.966 0.876 0.965

I would find smart home technologies useful in my daily life. .904

Using smart home technologies enables me to accomplish tasks more quickly. .948

Using smart home technologies increases my productivity in the house. .958

If I use smart home technologies, I increase my chances of achieving things that are 
important to me. .931

Perceived Ease of Use (Venkatesh and Morris, 2000) 0.963 0.867 0.962

My interaction with smart home technologies is clear and understandable. .887

It is easy for me to become skilful at using smart home technologies. .933

I find smart home technologies easy to use. .951

Learning to operate smart home technologies is easy for me. .952

Use Behaviour (Ajzen and Fishbein, 1980, Taylor and Todd, 1995a, Taylor and 
Todd, 1995b, Riemenschneider and McKinney, 2002, Huang and Chuang, 2007) 0.885 0.794 0.881

I believe I could communicate to others the consequence of using smart home 
technologies. .824

The results of using smart home technologies are apparent to me. .958

Satisfaction (Spreng and Mackoy, 1996) 0.950 0.863 0.949

How satisfied are you with your overall experience with smart home technologies? .909

How pleased are you with your overall experience with smart home technologies? .957

How delighted are you with your overall experience with smart home technologies? .921

Note: 7-point Likert scale was employed to measure the items. CFA: Model fit: X (288) =605.198 CMIN/DF= 2.101, CFI = .980, RMSEA = .0.51
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had a strong and statistically significant effect on both perceived usefulness (H4a) and perceived ease 
of use (H4b). Perceived ease of use (H6) had a strong and significant effect on perceived usefulness, 
but perceived usefulness (H5) had a weaker effect on use behaviour. Finally, use behaviour had a 
statistically significant effect on use satisfaction (H7).

Table 3. Discriminant Validity

1 2 3 4 5 6 7 8 9

1 Use Behaviour 0.891

2 Privacy Risk -0.095 0.928

3 Financial Risk -0.086 0.821 0.877

4 Hedonic Value 0.764 -0.208 -0.173 0.942

5 Utilitarian Value 0.792 -0.179 -0.162 0.903 0.929

6
Task Technology 
Fit 0.770 -0.244 -0.224 0.852 0.874 0.959

7 Ease of Use 0.787 -0.147 -0.171 0.797 0.787 0.745 0.932

8
Perceived 
Usefulness 0.736 -0.213 -0.178 0.864 0.845 0.869 0.815 0.936

9 Satisfaction 0.724 -0.264 -0.241 0.79 0.808 0.834 0.714 0.747 0.930

Note: Figure in the diagonal represents the square root of the average variance extracted (AVE); those below the diagonal represent the correlations 
between the constructs.

Table 4. The results of hypothesis testing

Hypotheses R2 Standardised Path 
Coefficient t-values

H1a: Hedonic value → 
Task technology fit

0.821 0.347 5.402(***)

H1b: Utilitarian value → 
Task technology fit 0.562 8.525(***)

H2a: Privacy risk → Task 
technology fit -0.038 -0.794(ns)

H2b: Financial risk → 
Task technology fit -0.042 -0.866(ns)

H3a: Task technology fit 
→ Use behaviour

0.615 0.569 7.134(***)

H3b: Task technology fit 
→ Satisfaction

0.723 0.732 13.752(***)

H4a: Task technology fit 
→ Perceived usefulness

0.824 0.618 15.267(***)

H4b: Task technology fit 
→ Perceived ease of use

0.590 0.768 20.397(***)

H5: Perceived usefulness 
→ Use behaviour 0.235 2.968 (**)

H6: Perceived ease of use 
→ Perceived usefulness 0.343 8.759(***)

H7: Use behaviour → 
Satisfaction 0.146 2.827 (**)

Note: SEM (H1-7): Model Fit X2 (307) = 850.025 CMIN/DF = 2.769, CFI = 0.966, RMSEA = 0.065
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5. dISCUSSIoN

5.1 Findings Elaboration
5.1.1. Beliefs About Behavioural Benefits and Costs
We examined the effect of hedonic and utilitarian values as antecedents of task-technology fit, with 
perceived risks (privacy risk and financial risk) as inhibiting factors. The path analysis of the first 
hypothesis suggests that values have a moderate and significant effect on task-technology fit. In 
particular, it suggests that prior beliefs about perceived outcomes have a direct effect on the perceived 
degree of fit between the task and technology and an indirect effect on use behaviour. However, 
the effect of the utilitarian value is stronger. This can be explained by the fact that the utilisation of 
smart home technology is mostly related to the satisfaction of needs, such as the reduction of costs 
on energy, operational convenience and the reduction of waste (Baudier et al., 2018). Only few 
studies have showed that some users’ attitude was underpinned by the hedonic value, such as fun 
and enjoyment (Van der Heijden, 2004, Babin et al., 1994, Turel et al., 2010). Another explanation 
of the difference in the effect sizes of hedonic and utilitarian values is suggested by the demographic 
profile of the sample. Evidence exists that young people are more motivated by hedonic outcomes 
(Kim and Hwang, 2012). Therefore, the preferences of individuals could be skewed towards the 
utilitarian outcomes, because the majority of respondents represented the elder cluster between 50 
and 69 years old (63%), while young respondents between 20 and 29 years old comprised only 6.9% 
of the sample. This finding adds to the current literature by presenting the indirect effect of hedonic 
and utilitarian values on use behaviour through the task-technology fit. Previous research on the 
task-technology fit domain did not examine hedonic and utilitarian values as antecedents of task-
technology fit (Wu and Chen, 2017, Zhou et al., 2010) or focused only on their direct effect on use 
behaviour (Van der Heijden, 2004, Babin et al., 1994, Turel et al., 2010). This finding gives insight 
into a more complex relationship between variables, indicating the perceived utility of the technology. 
The interpretation of the findings can be from the perspective of cognitive theories. The findings 
suggest that the cognitive consistency between the initial perception of values and performance is 

Figure 2. SEM results
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the key to determining the success of the technology utilisation in household settings. Therefore, the 
perceived fit between technology and tasks could be insignificant if utilitarian and hedonic values 
are not perceived positively.

The second hypothesis about the effect of perceived risks (financial and privacy) was not supported. 
This means that smart home users do not feel uncertain that the investment in the technology will be 
returned and the technology represents a good fit to the household tasks in hand. Similarly, the smart 
home technology users are not concerned with the potential privacy issues, either, but seem to believe 
that the personal data will not be misused. There are two possible interpretations of the inconsistent 
findings. First, the technology that house inhabitants used could have been designed to overcome 
financial losses. Against the backdrop of the significant effect of utilitarian and hedonic values, the 
findings indicate that the pervasive technology in household settings is associated with the certainty 
in the technology utility, thus negating the perception of potential risks. The second interpretation is 
rooted in the profile of the respondents. Considering that almost half of the respondents were full-
time employed (43.4%), with an average income level and above (53.4%), they might be less worried 
about potential financial losses that might incur. These findings provide two contributions. First, the 
findings add to the literature on the adoption of pervasive technology in the private context, which 
theorised about the privacy and financial barriers of technology adoption based on the interviews 
with experts and potential users (Balta-Ozkan et al., 2013b, Balta-Ozkan et al., 2014). In contrast 
to the prospective view that previous studies provided (Balta-Ozkan et al., 2013b, Balta-Ozkan et 
al., 2014), the quantitative approach adopted by this study made it possible to measure the actual 
role of those factors in adoption by users. Second, the study contributes to the existing literature on 
technology adoption in public and mixed contexts, which has provided evidence of the significant 
negative effect of perceived risks (Taneja et al., 2014, Martins et al., 2014).

5.1.2. Technology Fit and Performance
This study provided evidence of a strong relationship between task-technology fit, use behaviour, 
perceived usefulness and satisfaction. By accepting hypotheses 3 and 4, this paper confirmed a strong 
effect of task-technology fit on use behaviour, which is consistent with the previous literature (Dishaw 
and Strong, 1999, Zhou et al., 2010). This means that the users of smart home technology expect the 
technology to satisfy their specific needs/requirements. Similarly, task-technology fit has a strong 
effect on perceived usefulness. This result is logical considering that previous research found a high 
correlation between these constructs (Abbas et al., 2018, Oliver, 2014, Zhou et al., 2010). The path 
analysis of task-technology fit on PEOU was also significant, which corresponds with the finding 
of the study by Dishaw and Strong (1999). However, the effect of task-technology fit on PEOU is 
stronger than on perceived usefulness. The interpretation could be that the needs of smart home 
users are underlined by the desire to increase the quality of living and productivity by simplifying 
their daily routine (Marikyan et al., 2019, Aldrich, 2003). In addition, considering that the majority 
of respondents were elderly people, who are considered to have lower technological self-efficacy 
(Reed et al., 2005), the ease of use factor may play a more important role. Lastly, the path analysis 
demonstrates that satisfaction is predicted by the perceived technology fit. This is in line with the 
study by Lin (2012) and in contrast with the paper by Lu and Yang (2014).

This study supported the effect of perceived usefulness on use behaviour and PEOU on perceived 
usefulness in line with the findings of previous literature (Al-Gahtani et al., 2007, Wang and Shih, 
2009, Venkatesh and Zhang, 2010, Martins et al., 2014). The coefficients of the path analysis suggest 
a moderate effect of PEOU, while the predictive power of perceived usefulness is lower. A higher 
effect of PEOU can be explained by the context of the study. Given that the essence of the smart 
homes is to operationalise technology performance and make it more efficient (Marikyan et al., 2019, 
Aldrich, 2003), the perceived usefulness of users should be strongly associated with the low degree 
of perceived effort that needs to be employed to perform a task.
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5.1.3. The Outcome of Use Behaviour
The literature has extensively discussed the potential outcomes of use behaviour, providing 
contradictory results (Vlahos and Ferratt, 1995, Isaac et al., 2017, Sundaram et al., 2007, Tarafdar et 
al., 2014). Based on the path analysis results, this study adopts the stance in the research confirming 
a positive outcome of use behaviour. In contrast to the stream of research that found the effect of 
technology use on dissatisfaction and stress (Sundaram et al., 2007, Tarafdar et al., 2014), this 
paper provides evidence that the effect of use behaviour on satisfaction in the smart home context is 
significant. One possible interpretation could be the difference in the context and the preconditions 
of the technology use. For example, it was proved that the use of advanced technologies caused 
stress in organisational settings (Duxbury et al., 2014, Román et al., 2018). That means that the use 
of technology was mandatory and not underpinned by an individual’s needs or beliefs. Given that 
smart homes imply the voluntary use and purchase of technology, driven by needs be they hedonic 
or utilitarian ones, satisfaction of use is a more likely outcome.

5.2 Theoretical Contributions and Practical Implications
The paper has examined the acceptance of pervasive technology in private spaces by exploring the 
effect of behavioural belief factors and task-technology fit on use behaviour and satisfaction. The 
paper addressed the gap in the literature in the domain of private spaces. The relationship of factors 
that are imperative in examining the acceptance of technology in private spaces was theorised and 
validated. The factors relate to individual attitudinal and behavioural beliefs, and the compatibility 
of technology with users’ tasks (Shih and Venkatesh, 2004, Brown and Venkatesh, 2005, Choe et 
al., 2011). The model provided robust results confirming the correlation between the proposed 
constructs. The findings of the study give insight into the acceptance of technology in private spaces 
and contribute to the current literature by focusing on the pervasive technology that is used only in 
a private context. This approach is different to the current research, which has examined stand-alone 
devices delivering a specific service or technologies applicable for both private and public settings.

The second contribution of the paper is rooted in scarce evidence in the literature about the user 
perspective on the acceptance of pervasive technology embedded in private residential areas. With 
few papers on that front (Anderson and Agarwal, 2010, Brown et al., 2006, Brown and Venkatesh, 
2005, Venkatesh and Brown, 2001), there has been no research exploring the technology-based 
and behavioural determinants of acceptance. This paper combined and examined the effect of task-
technology fit, perceived usefulness and perceived ease of use. The individual psychological beliefs 
have also been examined by testing the correlation of the hedonic value, utilitarian value, privacy and 
financial risks with TTF. The results confirmed that use behaviour a) is associated with the perceived 
fit between task requirements and technology capabilities, b) is affected by the belief that technology 
performance brings utilitarian and hedonic values and c) is indirectly influenced by the perceived 
degree of effort required to use the technology. In addition, the paper provides an empirical validation 
of the effect of the potential benefits and barriers that have been discussed in the literature (Marikyan 
et al., 2019, Chan et al., 2008, Balta-Ozkan et al., 2013b, Balta-Ozkan et al., 2014, Aldrich, 2003). 
The examination of relationships between perceived values, risks and technology performance beliefs 
has provided a new insight into the technology adoption in private spaces. The findings enriched the 
literature by suggesting that users of smart home technology are likely to be motivated by utilitarian 
outcomes, such as monitoring and reducing energy consumption, support in the daily routine and 
health care to name but a few. People are less interested in hedonic benefits, such as the enjoyment 
and fun of using the technology. A new perspective on the attitudinal beliefs underlining adoption 
is provided by the findings that people are not concerned with the risk that the investment will not 
be justified, and the use of technology might entail data misuse and privacy intrusion. Also, it was 
found that the utilisation of technology is most likely to result in the satisfaction with technology, 
which has long been disputed in the literature.
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The findings of this paper have a number of useful practical implications too. Providers and 
marketers should focus on the potential benefits that smart home technologies can bring. Given that 
the results showed the significance of hedonic and utilitarian values, it is important for providers 
to highlight those benefits, which can potentially trigger more interest and increase smart home 
acceptance. In addition, since task-technology fit was proved to be a significant factor in use and 
satisfaction, providers should clearly emphasise the characteristics and services when promoting 
smart home technologies in the market. This will help individuals evaluate the smart home technology 
relevance and applicability in their daily routines. Finally, providers should develop comprehensive 
guidelines on the use of smart home technology to increase the perception of products’ usefulness.

6. CoNCLUSIoN ANd FUTURE RESEARCH

The study aimed to test the proposed model on the use of pervasive technology in private spaces. 
The relationship of integrated task-technology fit and attitudinal factors with use behaviour and 
satisfaction, as well as the effect of the antecedents of task-technology fit, were tested. The analysis 
resulted in the majority of the hypotheses being accepted. The strength of relationships in the model 
in general confirmed that is has a good power in explaining users’ factors underpinning the use of 
technology in private settings, such as smart homes.

Given the research design choices made in this paper, there are a number of limitations that 
future research can address. Due to the cross-sectional design of the study, the causality between the 
constructs remains uncertain. Future research could pursue a longitudinal approach to examine the 
causal effect of perceived values, risks, technology fit and performance on use behaviour and resulting 
satisfaction. Another potential avenue for future research is to use a comparative design to examine 
the acceptance from the perspective of different user segments. The segments can be profiled based 
on the types of services and benefits (e.g. financial, health-related, environmental, psychological) 
that the utilised technologies provide. Such an examination may help identify the heterogeneity 
across individuals with regards to the relative strength of behavioural beliefs. Also, future research 
could look at the moderating effects of psychological traits that have not been tested in the current 
study. The data for this study were collected in the USA. The geographical context is characterised 
by high innovativeness and pervasive technological embeddedness, an ageing population and high 
economic development. The abovementioned factors define the values and risks that might underpin 
consumer behaviour. Particularly, users with high economic status and early adopters of innovative 
technologies tend to mitigate the significance of financial and privacy risks (Wilson et al., 2017), 
while the ageing of the population increases health-related value and operational dependence on 
smart home technology (Chung, 2017). To ensure the generalisability of the findings, the model 
could be tested in other contexts, different by demographic, economic and technological profiles. 
Finally, the effect of antecedents could be tested in relation to behavioural intention, using a sample 
of prospective users of smart home technology.

Conflicts of Interest 
We wish to confirm that there are no known conflicts of interest associated with this publication and 
there has been no significant financial support for this work that could have influenced its outcome.

Funding Statement 
No funding was received for this work. 

Process dates:
Received: December 7, 2019, Revision: February 1, 2020, Accepted: December 1, 2020 



International Journal of E-Business Research
Volume 17 • Issue 2 • April-June 2021

17

Corresponding Author: 
Correspondence should be addressed to Savvas Papagiannidis; Savvas.Papagiannidis@ncl.ac.uk



International Journal of E-Business Research
Volume 17 • Issue 2 • April-June 2021

18

REFERENCES

Abbas, S. K., Hassan, H. A., Asif, J., Ahmed, B., Hassan, F., & Haider, S. S. (2018). Integration of TTF, UTAUT, 
and ITM for mobile Banking Adoption. International Journal of Advanced Engineering Management Science, 4.

Agarwal, R., & Karahanna, E. (2000). Time flies when you’re having fun: Cognitive absorption and beliefs about 
information technology usage. Management Information Systems Quarterly, 24(4), 665–694. doi:10.2307/3250951

Agarwal, R., & Prasad, J. (1998). A conceptual and operational definition of personal innovativeness in the 
domain of information technology. Information Systems Research, 9(2), 204–215. doi:10.1287/isre.9.2.204

Ahearne, M., Jelinek, R., & Rapp, A. (2005). Moving beyond the direct effect of SFA adoption on salesperson 
performance: Training and support as key moderating factors. Industrial Marketing Management, 34(4), 379–388. 
doi:10.1016/j.indmarman.2004.09.020

Ajzen, I. & Fishbein, M. (1980). Understanding Attitudes and Predicting Social Behavior. Academic Press.

Al-Gahtani, S. S., Hubona, G. S., & Wang, J. (2007). Information technology (IT) in Saudi Arabia: Culture 
and the acceptance and use of IT. Information & Management, 44(8), 681–691. doi:10.1016/j.im.2007.09.002

Aldrich, F. K. (2003). Smart homes: Past, present and future. Inside the Smart Home, 17-39.

Anandarajan, M., Igbaria, M., & Anakwe, U. P. (2000). Technology acceptance in the banking industry: 
A perspective from a less developed country. Information Technology & People, 13(4), 298–312. 
doi:10.1108/09593840010359491

Anderson, C. L., & Agarwal, R. (2010). Practicing safe computing: A multimedia empirical examination of 
home computer user security behavioral intentions. Management Information Systems Quarterly, 34(3), 613–643. 
doi:10.2307/25750694

Apostolou, B., Belanger, F., & Schaupp, L. C. (2017). Online communities: Satisfaction and continued use 
intention. Information Research, 22.

Babin, B. J., Darden, W. R., & Griffin, M. (1994). Work and/or fun: Measuring hedonic and utilitarian shopping 
value. The Journal of Consumer Research, 20(4), 644–656. doi:10.1086/209376

Balta-Ozkan, N., Amerighi, O., & Boteler, B. (2014). A comparison of consumer perceptions towards smart 
homes in the UK, Germany and Italy: Reflections for policy and future research. Technology Analysis and 
Strategic Management, 26(10), 1176–1195. doi:10.1080/09537325.2014.975788

Balta-Ozkan, N., Davidson, R., Bicket, M., & Whitmarsh, L. (2013a). The development of smart homes market 
in the UK. Energy, 60, 361–372. doi:10.1016/j.energy.2013.08.004

Balta-Ozkan, N., Davidson, R., Bicket, M., & Whitmarsh, L. (2013b). Social barriers to the adoption of smart 
homes. Energy Policy, 63, 363–374. doi:10.1016/j.enpol.2013.08.043

Baudier, P., Ammi, C., & Deboeuf-Rouchon, M. (2018). Smart home: Highly-educated students’ acceptance. 
Technological Forecasting and Social Change.

Bauer, R. A. (1960). Consumer behavior as risk taking. In Proceedings of the 43rd National Conference of the 
American Marketing Assocation. American Marketing Association.

Bélanger, F., & Crossler, R. E. (2011). Privacy in the digital age: A review of information privacy research in 
information systems. Management Information Systems Quarterly, 35(4), 1017–1042. doi:10.2307/41409971

Bourlakis, M., Papagiannidis, S., & Fox, H. (2008). E-consumer behaviour: Past, present and future trajectories 
of an evolving retail revolution. International Journal of E-Business Research, 4(3), 64–76. doi:10.4018/
jebr.2008070104

Brown, S. A., & Venkatesh, V. (2005). Model of adoption of technology in households: A baseline model test 
and extension incorporating household life cycle. Management Information Systems Quarterly, 29(3), 399–426. 
doi:10.2307/25148690

http://dx.doi.org/10.2307/3250951
http://dx.doi.org/10.1287/isre.9.2.204
http://dx.doi.org/10.1016/j.indmarman.2004.09.020
http://dx.doi.org/10.1016/j.im.2007.09.002
http://dx.doi.org/10.1108/09593840010359491
http://dx.doi.org/10.2307/25750694
http://dx.doi.org/10.1086/209376
http://dx.doi.org/10.1080/09537325.2014.975788
http://dx.doi.org/10.1016/j.energy.2013.08.004
http://dx.doi.org/10.1016/j.enpol.2013.08.043
http://dx.doi.org/10.2307/41409971
http://dx.doi.org/10.4018/jebr.2008070104
http://dx.doi.org/10.4018/jebr.2008070104
http://dx.doi.org/10.2307/25148690


International Journal of E-Business Research
Volume 17 • Issue 2 • April-June 2021

19

Brown, S. A., Venkatesh, V., & Bala, H. (2006). Household technology use: Integrating household life 
cycle and the model of adoption of technology in households. The Information Society, 22(4), 205–218. 
doi:10.1080/01972240600791333

Calisir, F., & Calisir, F. (2004). The relation of interface usability characteristics, perceived usefulness, and 
perceived ease of use to end-user satisfaction with enterprise resource planning (ERP) systems. Computers in 
Human Behavior, 20(4), 505–515. doi:10.1016/j.chb.2003.10.004

Carter, L., & Bélanger, F. (2005). The utilization of e‐government services: Citizen trust, innovation and 
acceptance factors. Information Systems Journal, 15(1), 5–25. doi:10.1111/j.1365-2575.2005.00183.x

Chan, M., Campo, E., Estève, D., & Fourniols, J.-Y. (2009). Smart homes— Current features and future 
perspectives. Maturitas, 64(2), 90–97. doi:10.1016/j.maturitas.2009.07.014 PMID:19729255

Chan, M., Estève, D., Escriba, C., & Campo, E. (2008). A review of smart homes—Present state and future 
challenges. Computer Methods and Programs in Biomedicine, 91(1), 55–81. doi:10.1016/j.cmpb.2008.02.001 
PMID:18367286

Chang, H. H. (2008). Intelligent agent’s technology characteristics applied to online auctions’ task: A combined 
model of TTF and TAM. Technovation, 28(9), 564–577. doi:10.1016/j.technovation.2008.03.006

Chen, Z.-J., Vogel, D., & Wang, Z.-H. (2016). How to satisfy citizens? Using mobile government to reengineer 
fair government processes. Decision Support Systems, 82, 47–57. doi:10.1016/j.dss.2015.11.005

Cheng, Y. M. (2011). Antecedents and consequences of e‐learning acceptance. Information Systems Journal, 
21(3), 269–299. doi:10.1111/j.1365-2575.2010.00356.x

Chiu, C. M., Chiu, C. S., & Chang, H. C. (2007). Examining the integrated influence of fairness and quality 
on learners’ satisfaction and Web‐based learning continuance intention. Information Systems Journal, 17(3), 
271–287. doi:10.1111/j.1365-2575.2007.00238.x

Choe, E. K., Consolvo, S., Jung, J., Harrison, B., & Kientz, J. A. (2011). Living in a glass house: a survey of 
private moments in the home. Proceedings of the 13th international conference on Ubiquitous computing, 41-
44. doi:10.1145/2030112.2030118

Chung, J. (2017). The Role of Culture in Adopting Smart Home Technologies. Handbook of Smart Homes, 
Health Care and Well-Being, 529-542.

Churchill, G. A., & Iacobucci, D. (2002). Marketing Research-Methodological Foundations. Academic Press.

Collier, , J., Sherrell, D., Babakus, E., & Blakeney Horky, A. (2014). Understanding the differences of public 
and private self-service technology. Journal of Services Marketing, 28, 60–70. doi:10.1108/JSM-04-2012-0071

Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance of information technology. 
MIS Quarterly: Management Information Systems, 13(3), 319–339. doi:10.2307/249008

Davis, F. D., Bagozzi, R. P., & Warshaw, P. R. (1989). User Acceptance of Computer Technology: A Comparison 
of Two Theoretical Models. Management Science, 35(8), 982–1003. doi:10.1287/mnsc.35.8.982

Davis, F. D., Bagozzi, R. P., & Warshaw, P. R. (1992). Extrinsic and intrinsic motivation to use computers in the 
workplace. Journal of Applied Social Psychology, 22(14), 1111–1132. doi:10.1111/j.1559-1816.1992.tb00945.x

Deng, L., Turner, D. E., Gehling, R., & Prince, B. (2010). User experience, satisfaction, and continual usage 
intention of IT. European Journal of Information Systems, 19(1), 60–75. doi:10.1057/ejis.2009.50

Dishaw, M. T., & Strong, D. M. (1999). Extending the technology acceptance model with task–technology fit 
constructs. Information & Management, 36(1), 9–21. doi:10.1016/S0378-7206(98)00101-3

Dong, X., Chang, Y., Wang, Y., & Yan, J. (2017). Understanding usage of Internet of Things (IOT) systems 
in China: Cognitive experience and affect experience as moderator. Information Technology & People, 30(1), 
117–138. doi:10.1108/ITP-11-2015-0272

Duxbury, L., Higgins, C., Smart, R., & Stevenson, M. (2014). Mobile technology and boundary permeability. 
British Journal of Management, 25(3), 570–588. doi:10.1111/1467-8551.12027

http://dx.doi.org/10.1080/01972240600791333
http://dx.doi.org/10.1016/j.chb.2003.10.004
http://dx.doi.org/10.1111/j.1365-2575.2005.00183.x
http://dx.doi.org/10.1016/j.maturitas.2009.07.014
http://www.ncbi.nlm.nih.gov/pubmed/19729255
http://dx.doi.org/10.1016/j.cmpb.2008.02.001
http://www.ncbi.nlm.nih.gov/pubmed/18367286
http://dx.doi.org/10.1016/j.technovation.2008.03.006
http://dx.doi.org/10.1016/j.dss.2015.11.005
http://dx.doi.org/10.1111/j.1365-2575.2010.00356.x
http://dx.doi.org/10.1111/j.1365-2575.2007.00238.x
http://dx.doi.org/10.1145/2030112.2030118
http://dx.doi.org/10.1108/JSM-04-2012-0071
http://dx.doi.org/10.2307/249008
http://dx.doi.org/10.1287/mnsc.35.8.982
http://dx.doi.org/10.1111/j.1559-1816.1992.tb00945.x
http://dx.doi.org/10.1057/ejis.2009.50
http://dx.doi.org/10.1016/S0378-7206(98)00101-3
http://dx.doi.org/10.1108/ITP-11-2015-0272
http://dx.doi.org/10.1111/1467-8551.12027


International Journal of E-Business Research
Volume 17 • Issue 2 • April-June 2021

20

Featherman, M. S., & Pavlou, P. A. (2003). Predicting e-services adoption: A perceived risk facets perspective. 
International Journal of Human-Computer Studies, 59(4), 451–474. doi:10.1016/S1071-5819(03)00111-3

Fuller, R. M., & Dennis, A. R. (2009). Does fit matter? The impact of task-technology fit and appropriation on 
team performance in repeated tasks. Information Systems Research, 20(1), 2–17. doi:10.1287/isre.1070.0167

Gaskin, J. (2016). Stats tools package. Excel StatTools.

Geels, F. W., & Smit, W. A. (2000). Failed technology futures: Pitfalls and lessons from a historical survey. 
Futures, 32(9-10), 867–885. doi:10.1016/S0016-3287(00)00036-7

Gefen, D., Karahanna, E., & Straub, D. W. (2003). Trust and TAM in online shopping: An integrated model. 
Management Information Systems Quarterly, 27(1), 51–90. doi:10.2307/30036519

Goodhue, D. L. (1995). Understanding user evaluations of information systems. Management Science, 41(12), 
1827–1844. doi:10.1287/mnsc.41.12.1827

Goodhue, D. L., & Thompson, R. L. (1995). Task-technology fit and individual performance. Management 
Information Systems Quarterly, 19(2), 213–236. doi:10.2307/249689

Hair, J. F., Black, W. C., Babin, B. J., & Anderson, R. E. (2014). Multivariate data analysis: Pearson new 
international edition. Pearson Education Limited.

Hair, J. F. Jr, & Lukas, B. (2014). Marketing research. McGraw-Hill Education Australia.

Hsieh, J. P.-A., Rai, A., & Keil, M. (2008). Understanding digital inequality: Comparing continued use behavioral 
models of the socio-economically advantaged and disadvantaged. Management Information Systems Quarterly, 
32(1), 97–126. doi:10.2307/25148830

Huang, E., & Chuang, M. H. (2007). Extending the theory of planned behaviour as a model to explain post-merger 
employee behaviour of IS use. Computers in Human Behavior, 23(1), 240–257. doi:10.1016/j.chb.2004.10.010

Igbaria, M., Zinatelli, N., Cragg, P., & Cavaye, A. L. (1997). Personal computing acceptance factors in small 
firms: A structural equation model. Management Information Systems Quarterly, 21(3), 21. doi:10.2307/249498

Im, I., Kim, Y., & Han, H.-J. (2008). The effects of perceived risk and technology type on users’ acceptance of 
technologies. Information & Management, 45(1), 1–9. doi:10.1016/j.im.2007.03.005

Isaac, O., Abdullah, Z., Ramayah, T., & Mutahar, A. M. (2017). Internet usage, user satisfaction, task-technology 
fit, and performance impact among public sector employees in Yemen. The International Journal of Information 
and Learning Technology, 34(3), 210–241. doi:10.1108/IJILT-11-2016-0051

Jarupathirun, S., & Zahedi, F. M. (2007). Exploring the influence of perceptual factors in the success of web-
based spatial DSS. Decision Support Systems, 43(3), 933–951. doi:10.1016/j.dss.2005.05.024

Junglas, I., Abraham, C., & Watson, R. T. (2008). Task-technology fit for mobile locatable information systems. 
Decision Support Systems, 45(4), 1046–1057. doi:10.1016/j.dss.2008.02.007

Kesharwani, A., & Singh Bisht, S. (2012). The impact of trust and perceived risk on internet banking adoption in 
India: An extension of technology acceptance model. International Journal of Bank Marketing, 30(4), 303–322. 
doi:10.1108/02652321211236923

Kim, D. J., & Hwang, Y. (2012). A study of mobile internet user’s service quality perceptions from a user’s 
utilitarian and hedonic value tendency perspectives. Information Systems Frontiers, 14(2), 409–421. doi:10.1007/
s10796-010-9267-8

Kraybill, K. (2005). Outreach to people experiencing homelessness: A curriculum for training health care for 
the homeless outreach workers. National Health Care for the Homeless Council.

Kumar, A., Sikdar, P., & Alam, M. M. (2016). E-retail adoption in emerging markets: Applicability of an 
integrated trust and technology acceptance model. International Journal of E-Business Research, 12(3), 44–67. 
doi:10.4018/IJEBR.2016070104

Larsen, T. J., Sørebø, A. M., & Sørebø, Ø. (2009). The role of task-technology fit as users’ motivation to continue 
information system use. Computers in Human Behavior, 25(3), 778–784. doi:10.1016/j.chb.2009.02.006

http://dx.doi.org/10.1016/S1071-5819(03)00111-3
http://dx.doi.org/10.1287/isre.1070.0167
http://dx.doi.org/10.1016/S0016-3287(00)00036-7
http://dx.doi.org/10.2307/30036519
http://dx.doi.org/10.1287/mnsc.41.12.1827
http://dx.doi.org/10.2307/249689
http://dx.doi.org/10.2307/25148830
http://dx.doi.org/10.1016/j.chb.2004.10.010
http://dx.doi.org/10.2307/249498
http://dx.doi.org/10.1016/j.im.2007.03.005
http://dx.doi.org/10.1108/IJILT-11-2016-0051
http://dx.doi.org/10.1016/j.dss.2005.05.024
http://dx.doi.org/10.1016/j.dss.2008.02.007
http://dx.doi.org/10.1108/02652321211236923
http://dx.doi.org/10.1007/s10796-010-9267-8
http://dx.doi.org/10.1007/s10796-010-9267-8
http://dx.doi.org/10.4018/IJEBR.2016070104
http://dx.doi.org/10.1016/j.chb.2009.02.006


International Journal of E-Business Research
Volume 17 • Issue 2 • April-June 2021

21

Lee, B., Kwon, O., Lee, I., & Kim, J. (2017). Companionship with smart home devices: The impact of social 
connectedness and interaction types on perceived social support and companionship in smart homes. Computers 
in Human Behavior, 75, 922–934. doi:10.1016/j.chb.2017.06.031

Lee, C.-C., Cheng, H. K., & Cheng, H.-H. (2007). An empirical study of mobile commerce in insurance industry: 
Task–technology fit and individual differences. Decision Support Systems, 43(1), 95–110. doi:10.1016/j.
dss.2005.05.008

Lepp, A., Barkley, J. E., & Karpinski, A. C. (2014). The relationship between cell phone use, academic 
performance, anxiety, and satisfaction with life in college students. Computers in Human Behavior, 31, 343–350. 
doi:10.1016/j.chb.2013.10.049

Li, Y.-H., & Huang, J.-W. (2009). Applying theory of perceived risk and technology acceptance model in the 
online shopping channel. World Academy of Science, Engineering and Technology, 53, 919–925.

Lin, W.-S. (2012). Perceived fit and satisfaction on web learning performance: IS continuance intention and task-
technology fit perspectives. International Journal of Human-Computer Studies, 70(7), 498–507. doi:10.1016/j.
ijhcs.2012.01.006

Lin, W.-S., & Wang, C.-H. (2012). Antecedences to continued intentions of adopting e-learning system in 
blended learning instruction: A contingency framework based on models of information system success and 
task-technology fit. Computers & Education, 58(1), 88–99. doi:10.1016/j.compedu.2011.07.008

Lu, H.-P., & Yang, Y.-W. (2014). Toward an understanding of the behavioral intention to use a social networking 
site: An extension of task-technology fit to social-technology fit. Computers in Human Behavior, 34, 323–332. 
doi:10.1016/j.chb.2013.10.020

Marikyan, D., Papagiannidis, S., & Alamanos, E. (2019). A systematic review of the smart home literature: A user 
perspective. Technological Forecasting and Social Change, 138, 139–154. doi:10.1016/j.techfore.2018.08.015

Martins, C., Oliveira, T., & Popovič, A. (2014). Understanding the Internet banking adoption: A unified theory 
of acceptance and use of technology and perceived risk application. International Journal of Information 
Management, 34(1), 1–13. doi:10.1016/j.ijinfomgt.2013.06.002

Mawhinney, C. H., & Lederer, A. L. (1990). A study of personal computer utilization by managers. Information 
& Management, 18(5), 243–253. doi:10.1016/0378-7206(90)90026-E

Miranda, F. J., Rubio, S., Chamorro, A., & Loureiro, S. M. (2014). Using social networks sites in the purchasing 
decision process. International Journal of E-Business Research, 10(3), 18–35. doi:10.4018/ijebr.2014070102

Naicker, V., & Van Der Merwe, D. B. (2018). Managers’ perception of mobile technology adoption in the Life 
Insurance industry. Information Technology & People, 31(2), 507–526. doi:10.1108/ITP-09-2016-0212

Oliveira, T., Faria, M., Thomas, M. A., & Popovič, A. (2014). Extending the understanding of mobile banking 
adoption: When UTAUT meets TTF and ITM. International Journal of Information Management, 34(5), 689–703. 
doi:10.1016/j.ijinfomgt.2014.06.004

Oliver, R. L. (2014). Satisfaction: A behavioral perspective on the consumer. Routledge. doi:10.4324/9781315700892

Ozturk, A. B., Nusair, K., Okumus, F., & Singh, D. (2017). Understanding mobile hotel booking loyalty: An 
integration of privacy calculus theory and trust-risk framework. Information Systems Frontiers, 19(4), 753–767. 
doi:10.1007/s10796-017-9736-4

Park, E., Kim, K. J., & Kwon, S. J. (2016). Understanding the emergence of wearable devices as next-generation 
tools for health communication. Information Technology & People, 29(4), 717–732. doi:10.1108/ITP-04-2015-
0096

Pavlou, P. A. (2003). Consumer acceptance of electronic commerce: Integrating trust and risk with the technology 
acceptance model. International Journal of Electronic Commerce, 7(3), 101–134. doi:10.1080/10864415.200
3.11044275

Razmak, J., & Bélanger, C. (2018). Using the technology acceptance model to predict patient attitude toward 
personal health records in regional communities. Information Technology & People, 31(2), 306–326. doi:10.1108/
ITP-07-2016-0160

http://dx.doi.org/10.1016/j.chb.2017.06.031
http://dx.doi.org/10.1016/j.dss.2005.05.008
http://dx.doi.org/10.1016/j.dss.2005.05.008
http://dx.doi.org/10.1016/j.chb.2013.10.049
http://dx.doi.org/10.1016/j.ijhcs.2012.01.006
http://dx.doi.org/10.1016/j.ijhcs.2012.01.006
http://dx.doi.org/10.1016/j.compedu.2011.07.008
http://dx.doi.org/10.1016/j.chb.2013.10.020
http://dx.doi.org/10.1016/j.techfore.2018.08.015
http://dx.doi.org/10.1016/j.ijinfomgt.2013.06.002
http://dx.doi.org/10.1016/0378-7206(90)90026-E
http://dx.doi.org/10.4018/ijebr.2014070102
http://dx.doi.org/10.1108/ITP-09-2016-0212
http://dx.doi.org/10.1016/j.ijinfomgt.2014.06.004
http://dx.doi.org/10.4324/9781315700892
http://dx.doi.org/10.1007/s10796-017-9736-4
http://dx.doi.org/10.1108/ITP-04-2015-0096
http://dx.doi.org/10.1108/ITP-04-2015-0096
http://dx.doi.org/10.1080/10864415.2003.11044275
http://dx.doi.org/10.1080/10864415.2003.11044275
http://dx.doi.org/10.1108/ITP-07-2016-0160
http://dx.doi.org/10.1108/ITP-07-2016-0160


International Journal of E-Business Research
Volume 17 • Issue 2 • April-June 2021

22

Reed, K., Doty, D. H., & May, D. R. (2005). The impact of aging on self-efficacy and computer skill acquisition. 
Journal of Managerial Issues, 212–228.

Riemenschneider, C. K., & Mckinney, V. R. (2002). Assessing belief differences in small business adopters and 
non-adopters of web-based e-commerce. Journal of Computer Information Systems, 42, 101–107.

Román, S., Rodríguez, R., & Jaramillo, J. F. (2018). Are mobile devices a blessing or a curse? Effects of mobile 
technology use on salesperson role stress and job satisfaction. Journal of Business and Industrial Marketing, 
33(5), 651–664. doi:10.1108/JBIM-05-2017-0123

Schaupp, L. C., & Carter, L. (2010). The impact of trust, risk and optimism bias on E-file adoption. Information 
Systems Frontiers, 12(3), 299–309. doi:10.1007/s10796-008-9138-8

Schmidthuber, L., Maresch, D., & Ginner, M. (2018). Disruptive technologies and abundance in the service 
sector-toward a refined technology acceptance model. Technological Forecasting and Social Change. Advance 
online publication. doi:10.1016/j.techfore.2018.06.017

Shapiro, S. (1998). Places and spaces: The historical interaction of technology, home, and privacy. The Information 
Society, 14(4), 275–284. doi:10.1080/019722498128728

Shih, C.-F., & Venkatesh, A. (2004). Beyond adoption: Development and application of a use-diffusion model. 
Journal of Marketing, 68(1), 59–72. doi:10.1509/jmkg.68.1.59.24029

Shih, H.-P. (2004). Extended technology acceptance model of Internet utilization behavior. Information & 
Management, 41(6), 719–729. doi:10.1016/j.im.2003.08.009

Shih, Y.-Y., & Chen, C.-Y. (2013). The study of behavioral intention for mobile commerce: Via integrated model 
of TAM and TTF. Quality & Quantity, 47(2), 1009–1020. doi:10.1007/s11135-011-9579-x

Spreng, R. A., & Mackoy, R. D. (1996). An empirical examination of a model of perceived service quality and 
satisfaction. Journal of Retailing, 72(2), 201–214. doi:10.1016/S0022-4359(96)90014-7

Stam, K. R., & Stanton, J. M. (2010). Events, emotions, and technology: Examining acceptance of workplace 
technology changes. Information Technology & People, 23(1), 23–53. doi:10.1108/09593841011022537

Sundaram, S., Schwarz, A., Jones, E., & Chin, W. W. (2007). Technology use on the front line: How information 
technology enhances individual performance. Journal of the Academy of Marketing Science, 35(1), 101–112. 
doi:10.1007/s11747-006-0010-4

Tam, C., & Oliveira, T. (2016). Performance impact of mobile banking: Using the task-technology fit (TTF) 
approach. International Journal of Bank Marketing, 34(4), 434–457. doi:10.1108/IJBM-11-2014-0169

Taneja, A., Vitrano, J., & Gengo, N. J. (2014). Rationality-based beliefs affecting individual’s attitude and 
intention to use privacy controls on Facebook: An empirical investigation. Computers in Human Behavior, 38, 
159–173. doi:10.1016/j.chb.2014.05.027

Tarafdar, M., Bolman Pullins, E., & Ragu-Nathan, T. (2014). Examining impacts of technostress on the 
professional salesperson’s behavioural performance. Journal of Personal Selling & Sales Management, 34(1), 
51–69. doi:10.1080/08853134.2013.870184

Tarhini, A., El-Masri, M., Ali, M., & Serrano, A. (2016). Extending the UTAUT model to understand the 
customers’ acceptance and use of internet banking in Lebanon: A structural equation modeling approach. 
Information Technology & People, 29(4), 830–849. doi:10.1108/ITP-02-2014-0034

Taylor, S., & Todd, P. (1995a). Assessing IT usage: The role of prior experience. Management Information 
Systems Quarterly, 19(4), 561–570. doi:10.2307/249633

Taylor, S., & Todd, P. A. (1995b). Understanding information technology usage: A test of competing models. 
Information Systems Research, 6(2), 144–176. doi:10.1287/isre.6.2.144

Thompson, R. L., Higgins, C. A., & Howell, J. M. (1991). Personal computing: Toward a conceptual model of 
utilization. Management Information Systems Quarterly, 15(1), 125–143. doi:10.2307/249443

Turel, O., Serenko, A., & Bontis, N. (2010). User acceptance of hedonic digital artifacts: A theory of consumption 
values perspective. Information & Management, 47(1), 53–59. doi:10.1016/j.im.2009.10.002

http://dx.doi.org/10.1108/JBIM-05-2017-0123
http://dx.doi.org/10.1007/s10796-008-9138-8
http://dx.doi.org/10.1016/j.techfore.2018.06.017
http://dx.doi.org/10.1080/019722498128728
http://dx.doi.org/10.1509/jmkg.68.1.59.24029
http://dx.doi.org/10.1016/j.im.2003.08.009
http://dx.doi.org/10.1007/s11135-011-9579-x
http://dx.doi.org/10.1016/S0022-4359(96)90014-7
http://dx.doi.org/10.1108/09593841011022537
http://dx.doi.org/10.1007/s11747-006-0010-4
http://dx.doi.org/10.1108/IJBM-11-2014-0169
http://dx.doi.org/10.1016/j.chb.2014.05.027
http://dx.doi.org/10.1080/08853134.2013.870184
http://dx.doi.org/10.1108/ITP-02-2014-0034
http://dx.doi.org/10.2307/249633
http://dx.doi.org/10.1287/isre.6.2.144
http://dx.doi.org/10.2307/249443
http://dx.doi.org/10.1016/j.im.2009.10.002


International Journal of E-Business Research
Volume 17 • Issue 2 • April-June 2021

23

Van Der Heijden, H. (2004). User acceptance of hedonic information systems. Management Information Systems 
Quarterly, 28(4), 695–704. doi:10.2307/25148660

Venkatesh, A. (1996). Computers and other interactive technologies for the home. Communications of the ACM, 
39(12), 47–54. doi:10.1145/240483.240491

Venkatesh, V., & Brown, S. A. (2001). A longitudinal investigation of personal computers in homes: 
Adoption determinants and emerging challenges. Management Information Systems Quarterly, 25(1), 71–102. 
doi:10.2307/3250959

Venkatesh, V., & Davis, F. D. (2000). A theoretical extension of the technology acceptance model: Four 
longitudinal field studies. Management Science, 46(2), 186–204. doi:10.1287/mnsc.46.2.186.11926

Venkatesh, V., & Morris, M. G. (2000). Why don’t men ever stop to ask for directions? Gender, social influence, 
and their role in technology acceptance and usage behavior. Management Information Systems Quarterly, 24(1), 
115–139. doi:10.2307/3250981

Venkatesh, V., Morris, M. G., Davis, G. B., & Davis, F. D. (2003). User acceptance of information technology: 
Toward a unified view. MIS Quarterly: Management Information Systems, 27(3), 425–478. doi:10.2307/30036540

Venkatesh, V., Thong, J. Y., & Xu, X. (2012). Consumer acceptance and use of information technology: Extending 
the unified theory of acceptance and use of technology. Management Information Systems Quarterly, 36(1), 
157–178. doi:10.2307/41410412

Venkatesh, V., & Zhang, X. (2010). Unified theory of acceptance and use of technology: US vs. China. Journal 
of Global Information Technology Management, 13(1), 5–27. doi:10.1080/1097198X.2010.10856507

Vlahos, G. E., & Ferratt, T. W. (1995). Information technology use by managers in Greece to support 
decision making: Amount, perceived value, and satisfaction. Information & Management, 29(6), 305–315. 
doi:10.1016/0378-7206(95)00037-1

Wang, Y. S. (2008). Assessing e‐commerce systems success: A respecification and validation of the DeLone 
and McLean model of IS success. Information Systems Journal, 18(5), 529–557. doi:10.1111/j.1365-
2575.2007.00268.x

Wang, Y.-S., & Shih, Y.-W. (2009). Why do people use information kiosks? A validation of the Unified Theory 
of Acceptance and Use of Technology. Government Information Quarterly, 26(1), 158–165. doi:10.1016/j.
giq.2008.07.001

Wilson, C., Hargreaves, T., & Hauxwell-Baldwin, R. (2017). Benefits and risks of smart home technologies. 
Energy Policy, 103, 72–83. doi:10.1016/j.enpol.2016.12.047

Wright, K. B., Abendschein, B., Wombacher, K., O’Connor, M., Hoffman, M., Dempsey, M., Krull, C., 
Dewes, A., & Shelton, A. (2014). Work-related communication technology use outside of regular work 
hours and work life conflict: The influence of communication technologies on perceived work life conflict, 
burnout, job satisfaction, and turnover intentions. Management Communication Quarterly, 28(4), 507–530. 
doi:10.1177/0893318914533332

Wu, B., & Chen, X. (2017). Continuance intention to use MOOCs: Integrating the technology acceptance model 
(TAM) and task technology fit (TTF) model. Computers in Human Behavior, 67, 221–232. doi:10.1016/j.
chb.2016.10.028

Wunderlich, P., Veit, D. J., & Sarker, S. (2019). Adoption of Sustainable Technologies: A Mixed-Methods 
Study of German Households. Management Information Systems Quarterly, 43(2), 673–691. doi:10.25300/
MISQ/2019/12112

Xu, C., Ryan, S., Prybutok, V., & Wen, C. (2012). It is not for fun: An examination of social network site usage. 
Information & Management, 49(5), 210–217. doi:10.1016/j.im.2012.05.001

Yueh, H.-P., Lu, M.-H., & Lin, W. (2016). Employees’ acceptance of mobile technology in a workplace: An 
empirical study using SEM and fsQCA. Journal of Business Research, 69(6), 2318–2324. doi:10.1016/j.
jbusres.2015.12.048

Zhou, T., Lu, Y., & Wang, B. (2010). Integrating TTF and UTAUT to explain mobile banking user adoption. 
Computers in Human Behavior, 26(4), 760–767. doi:10.1016/j.chb.2010.01.013

http://dx.doi.org/10.2307/25148660
http://dx.doi.org/10.1145/240483.240491
http://dx.doi.org/10.2307/3250959
http://dx.doi.org/10.1287/mnsc.46.2.186.11926
http://dx.doi.org/10.2307/3250981
http://dx.doi.org/10.2307/30036540
http://dx.doi.org/10.2307/41410412
http://dx.doi.org/10.1080/1097198X.2010.10856507
http://dx.doi.org/10.1016/0378-7206(95)00037-1
http://dx.doi.org/10.1111/j.1365-2575.2007.00268.x
http://dx.doi.org/10.1111/j.1365-2575.2007.00268.x
http://dx.doi.org/10.1016/j.giq.2008.07.001
http://dx.doi.org/10.1016/j.giq.2008.07.001
http://dx.doi.org/10.1016/j.enpol.2016.12.047
http://dx.doi.org/10.1177/0893318914533332
http://dx.doi.org/10.1016/j.chb.2016.10.028
http://dx.doi.org/10.1016/j.chb.2016.10.028
http://dx.doi.org/10.25300/MISQ/2019/12112
http://dx.doi.org/10.25300/MISQ/2019/12112
http://dx.doi.org/10.1016/j.im.2012.05.001
http://dx.doi.org/10.1016/j.jbusres.2015.12.048
http://dx.doi.org/10.1016/j.jbusres.2015.12.048
http://dx.doi.org/10.1016/j.chb.2010.01.013


International Journal of E-Business Research
Volume 17 • Issue 2 • April-June 2021

24

Davit Marikyan is a doctoral student at Newcastle University Business School. He completed his undergraduate 
degree at Westminster University reading for a BA Hons in business Management and Marketing. He has also 
been awarded a MSc in Marketing Strategy by the Business School of the University of Warwick.

Savvas Papagiannidis (PhD) is the David Goldman Professor of Innovation & Enterprise at Newcastle University 
Business School. His research interests revolve around electronic business and its various sub-domains and how 
digital technologies can transform organisations and societies alike. More specifically, his research aims to inform 
our understanding of how e-business technologies affect the social and business environment, organisational 
strategies and business models, and how these are implemented in terms of functional innovations (especially in 
emarketing and ecommerce). His work puts strong emphasis on innovation, new value creation and exploitation 
of entrepreneurial opportunities, within the context of different industries. Apart from the impact that the Internet 
and related technologies can have on businesses, he is also very much interested in the impact such technologies 
can have on individual users.

Eleftherios Alamanos (PhD) holds a PhD in Consumer Behaviour from Newcastle University. His work focuses on 
interventions in consumer behaviour. He has previously completed consultancy work on residents and workers’ 
perceptions of town centres and he has also successfully co-supervised a KTP examining older citizens’ perceptions 
of local transportation networks. His previous research has also examined consumers’ perceptions of food to 
promote the adoption of a healthy food related lifestyle as well as digital signage installations in department stores 
and their effect on consumer purchasing behaviour. Dr Alamanos has also worked on projects related to location 
branding and marketing, including tourists’ perceptions of holiday destinations and the influence of holidays on 
tourists’ future purchasing behaviour. Eleftherios is currently working on projects examining the role of technology 
on citizens’ everyday activities.


